
© FEB 2025 | IRE Journals | Volume 8 Issue 8 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV8I8-1707186 

IRE 1707186          ICONIC RESEARCH AND ENGINEERING JOURNALS 1035 

The Impact of Generative Artificial Intelligence on 

Human Resource Decision-Making, Talent Acquisition, 

and Workforce Planning in Knowledge-Based 

Organizations 
 

DR. HEGDE LATA NARAYAN 

Associate Professor, Department of Commerce, Government First Grade College, Haleyangadi, DK 

District 

Affiliated to Mangalore University 
 

 
Abstract- This conceptual study synthesizes insights from 

strategic human resource management, organizational 

theory, and emergent AI governance literature to examine 

the design and governance of generative AI (GAI) systems 

such adaptive content-generating, reasoning-simulating 

AI systems capable of multi-turn, contextual interaction in 

reshaping the core HR function of human resource 

decision making, talent acquisition, and workforce 

planning in knowledge-based organizations beyond merely 

automation and predictive analytics; adopting an 

integrative conceptual approach based on an extensive 

synthesis of peer-reviewed HRM research, digital 

transformation studies, and ethical AI frameworks. This 

paper argues that generative AI reconstitutes HR work by 

redistributing decision power among human actors and 

algorithmic outputs, reshuffling responsibility for HR 

outcomes in candidate evaluation, skills assessment, 

workforce development, and talent planning; the paper 

specifically argues that generative AI improves the speed, 

consistency, and scenario modeling capacity of decisions 

in knowledge-intensive contexts while inadvertently 

increasing risks connected with opacity, bias amplification, 

over-reliance on algorithmic returns, and loss of 

professional judgment; resulting in a transformation of 

HR decision-making from an entirely human-driven 

process to a hybrid human–AI collaboration; on the basis 

of these arguments, the study introduces an extensive 

conceptual framework that connects generative AI 

capabilities with HR results through intermediary drivers 

such as decision augmentation, data-driven sense making, 

and dynamic skills intelligence; alongside the moderating 

role of AI literacy, responsible governance, and 

organizational culture; in addition, a theory-based set of 

research propositions is developed to shape future 

empirical studies on the contextual factors that influence 

the performance of generative AI in relation to talent 

acquisition efficiency, workforce planning, and strategic 

HR value creation; the paper advances our understanding 

of the HRM and digital management literatures by 

extending existing strategic HR decision-making models, 

re-conceptualizing HR professionals as 'sensemakers' 

when it comes to generative AI rather than passive system 

users, and establishing a structured foundation for 

conceptualizing generative AI as a strategic but ethically 

burdensome organizational resource; ultimately, this study 

provides significant managerial implications as it 

highlights the necessity for responsible adoption of 

generative AI, sound governance mechanisms, continuous 

upskilling of HR professionals, and transparency of 

accountability mechanisms so that HR practices based on 

generative AI can contribute to long term sustainable, 

equitable, and people-centric HR in knowledge-based 

organizations. 
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I. INTRODUCTION 

 

The rapid evolution of artificial intelligence within 

human resource management from early rule-based 

automation and administrative digitalization to 

advanced predictive analytics and, more recently, the 

emergence of generative AI that produces human-like 

text, reasoning patterns, and scenario simulations has 

fundamentally transformed how organizations 

conceptualize and execute HR decision-making, talent 

acquisition, and workforce planning, particularly in 

knowledge-based organizations where human capital, 

cognitive skills, and innovation capabilities represent 

the primary sources of competitive advantage; over the 

past decade, AI adoption in HR has shifted from 

efficiency-driven automation of transactional tasks 

such as payroll processing and resume parsing toward 
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strategic applications involving algorithmic decision 

support, skills intelligence, and predictive workforce 

analytics, yet the advent of generative AI represents a 

qualitative discontinuity rather than a linear extension 

of prior technologies, since these systems do not 

merely analyze historical data; they create insights, 

recommendations, and narratives that increasingly 

shape managerial judgment, organizational 

sensemaking, and strategic choices; simultaneously, 

knowledge-based organizations—operating in sectors 

including information technology, professional 

services, higher education, research and development, 

and digital platforms—have become ever more 

dependent on data-driven HR decisions to manage 

talent scarcity, rapid skill obsolescence, hybrid work 

arrangements, and long-term workforce sustainability, 

thereby positioning HR functions at the center of 

digital transformation initiatives; however, unlike 

earlier forms of HR analytics, generative AI poses 

fundamentally different opportunities and challenges 

as it blurs the division between human expertise and 

machine-generated cognition which has raised critical 

questions about decision authority, accountability, 

transparency, and ethical responsibility in areas such 

as candidate screening, job design, skills forecasting, 

and strategic workforce planning; indeed, many 

organizations are deploying generative AI tools for 

recruitment messaging, competency mapping, and 

workforce scenario modeling, but the academic 

literature remains fragmented as existing studies are 

predominantly focused on technical performance, 

efficiency gains, or isolated ethical risks rather than 

offering consolidated conceptual models that explain 

how generative AI reshapes HR roles, power 

dynamics, and governance structures across 

interconnected HR functions a conceptual gap that is 

particularly salient given the growing organizational 

and societal concerns regarding algorithmic bias, data 

privacy, explainability, and the potential erosion of 

professional judgment for which regulators, 

professional bodies, and scholars alike have expressed 

increasing demands for human-centered, transparent, 

and accountable AI systems in employment-related 

decision-making; motivated by these unresolved 

theoretical and practical tensions and the aim of 

shifting focus from empirical hypothesis-testing to 

theory-building, this study seeks to articulate a 

conceptual framework capable of capturing the 

multidimensional impact of generative AI on HRM by 

following an integrated literature review approach that 

synthesizes insights from strategic human resource 

management, organizational theory, and AI 

governance research resulting in the theoretical 

propositions about how generative AI reconfigures 

HR decision-making processes, transforms talent 

acquisition practices, and reshapes workforce 

planning in knowledge-based organizations, while 

clarifying the mechanisms through which human–AI 

collaboration emerges and the conditions under which 

generative AI can function as a strategic yet ethically 

constrained organizational resource, which the paper 

thus emphasizes by deriving a scope that is explicitly 

conceptual rather than advocating for the collection of 

data to support claims, focusing on theory 

development, framework construction, and 

proposition drawing instead of data collection, while 

designating HR decision-making, talent acquisition, 

and workforce planning as interdependent domains 

that collectively determine organizational capability 

development in the generative AI era. 

 

II. CONCEPTUAL FOUNDATIONS 

RELATED TO THE STUDY 

 

Despite its potential, however, generative artificial 

intelligence (GAI) which refers to a class of advanced 

AI systems, such as large language models and 

multimodal architectures, that are designed not only to 

classify, predict, or optimize based on predefined 

outcomes but also to generate novel text, 

representations, scenarios, and recommendations by 

learning probabilistic patterns from vast and 

heterogeneous datasets extends the scope of artificial 

intelligence from traditional, task-specific automation 

to context-sensitive reasoning and creative problem-

solving, and unlike traditional rule-based systems or 

conventional predictive analytics widely used in 

earlier HR technologies such as resume keyword 

matching, attrition prediction, or performance scoring 

which all weigh data primarily based on historical 

correlations and static models, generative AI exhibits 

three characteristics that are conceptually important 

for human resource management generativity, 

adaptability, and contextual reasoning where systems 

can dynamically synthesize information across 

domains, generate alternative decision pathways, and 

adjust outputs based on evolving organizational 

contexts such as skill demand, labor market, or 
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strategic priorities productive and meaningful 

activities in HR decision-making this generative 

capacity enables like automated competency 

framework creation, scenario-based workforce 

planning, personalized recruitment communication, 

and real-time skills inference, and highlights how 

generative AI operates not simply as a decision-

support tool but as an active participant in 

organizational sensemaking, such generative AI 

capabilities are particularly salient in knowledge-

based organizations, where value creation increasingly 

depends on intangible assets such as expertise, 

creativity, and learning capacity rather than 

standardized labor inputs, where HR management 

plays a strategic role in aligning talent decisions and 

innovation goals, organizational agility and long-term 

capability development, where HR professionals are 

increasingly called upon to make high-stakes 

decisions under conditions of uncertainty, skill 

volatility, and rapid technological change, making 

decision quality, speed, and foresight critical 

dimensions of effectiveness particularly in talent 

acquisition processes that must evaluate potential 

rather than observable productivity to create value and 

in workforce planning activities that demand forward-

looking skill forecasting over retrospective headcount 

analysis, and consequently, generative AI engenders a 

new logic of human–AI collaboration in 

organizational decision-making that detaches from the 

automation paradigm of replacing human judgment in 

routine tasks under an augmentation-oriented model of 

human–AI collaboration, not only do AI systems and 

human actors share cognitive labor, but they also share 

interpretive authority and responsibility; within this 

augmentation framework, HR professionals retain 

strategic oversight and ethical accountability while 

relying on generative AI to expand their analytical 

bandwidth, simulate alternative futures, and highlight 

latent patterns in complex talent data to create a form 

of shared agency in which neither human nor machine 

acts independently of the other but instead produced 

through iterative interaction, but this shared agency 

also complicates established assumptions about 

responsibility and control as generative AI outputs 

have the potential to influence human decision at 

critical junctures, such as hiring, promotion, or other 

aspects of workforce restructuring even when final 

authority rests formally with human managers raising 

conceptual challenges in transparency, trust 

calibration, and instrumented oversight in the context 

of HR systems, which makes it imperative to view 

generative AIs not as neutral tool but socio-technical 

actors in the making by combining characteristics of 

GAI, the nature of knowledge-based human capital, 

and the dynamics of human–AI collaboration position 

generative AI as an agent that fundamentally reshapes 

organizational understandings of expertise and 

informs ways through which organizations distribute 

control and enact strategic human resource 

management in the present-day digital environment. 

 

 
 

Above diagram showing Conceptual Framework: 

Generative AI in Strategic HRM Perspective (Authors 

own) 

 

III. REVIEW OF RELEVANT LITERATURE 

 

Over the last decade, a growing number of studies on 

artificial intelligence (AI) in human resource 

management have examined its strategic implications 

for AI-enabled decisions, with early research on 

decision support systems (Nelson & Klein, 2013) 

emphasizing cognitive offloading where analytical 

tasks such as data processing, pattern recognition, and 

forecasting are assigned to algorithmic systems to 

achieve listener efficiency and reduce information 

overload (Kahneman, 2011) yet scholars emphasize 

that the increasing use of advanced AI in HR decision 

making raises still further recurring issues of trust, 

explainability, and accountability when algorithmic 

recommendations are introduced in high-stakes 

decisions ranging from hiring through promotion to 
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workforce restructuring (Jarrahi, 2018; Raisch & 

Krakowski, 2021); whereas traditional AI-fueled HR 

analytics tools were largely designed to support human 

judgment with descriptive and predictive insights, 

(Burrell, 2016; Davenport & Kirby, 2016) more recent 

studies show that increasingly autonomous and 

opaque AI systems raise challenges for established 

governance structures by obscuring how decisions are 

derived, complicating attribution of responsibility and 

undermining HR professionals' confidence in 

algorithmic outputs (Burrell, 2016; Davenport & 

Kirby, 2016); within the domain of talent acquisition, 

a substantial literature exists describing algorithmic 

recruitment and candidate screening systems, 

throwing new light on how machine learning models 

are harnessed in automating resume screening, ranking 

of candidates, generation of job ads, and asynchronous 

interviews; while proponents argue these systems 

improve efficiency, scale, and consistency for 

applicant evaluation especially in the case of large-

scale hiring contexts (Tambe et al., 2019), a parallel 

and rapidly growing literature documents the risk of 

biased amplification and unfair outcomes owe such 

systems, demonstrating that AI systems trained on 

historical employment data can replicate or even 

strengthen existing gender, racial, age, or educational 

inequities in outputs, increasing scrutiny on fairness, 

transparency and equal employment principles (Bogen 

& Rieke, 2018; Raghavan et al., 2020); Beyond 

recruitment, scholars monitoring AI-driven workforce 

planning are pronouncing the increasing importance of 

skills taxonomy generation, dynamic capability 

mapping, and predictive workforce forecasting 

especially in knowledge-intensive organizations 

undergoing rapid skill obsolescence and 

technological disruption, where differential systems 

are being increasingly employed to infer emerging 

skill needs, simulate future labor supply-demand 

scenarios, and support strategic reskilling initiatives 

(Marler & Boudreau, 2017; Minbaeva, 2021); scenario 

modeling techniques, including analytics or 

simulation-based tools, identify as especially rich with 

potential for enabling HR leaders to predict multiple 

plausible futures under uncertainty on the face of risk 

of automation adoption, demographic changes, or 

changes in working methods that can strengthen the 

organizational agility and long-term human capital 

planning (Brynjolfsson & McAfee, 2017); Yet, for all 

advances documented in AI for HRM in particular 

domains, the literature remains characterized by some 

major limitations, as studies examine HR decision 

making, talent acquisition, and workforce planning 

independently instead of recognizing them as 

interrelated components of an integrated HRM system, 

resulting in fragmented learnings that do not capture 

how decisions informed by AI technologies in one HR 

domain affect performance in others; furthermore, as 

generative AI technology is fast-moving into the 

mainstream of debate (Zhao et al., 2023), most 

existing studies are focused on traditional machine 

learning and predictive analytics, and well so little 

theoretical synthesis bringing generative AI's unique 

capabilities—like content generation, contextual 

reasoning, and developing scenarios—into strategic 

HRM theory, emphasizing a conceptual need for 

integrated frameworks explaining how generative AI 

transforms HR roles, power dynamics, and 

governance mechanisms across the full spectrum of 

HR functional domains. 

 

IV. THEORETICAL PERSPECTIVES 

INFORMING THE MODEL 

 

The conceptual model that guides this study integrates 

the Resource-Based View (RBV), the Technology 

Acceptance Model (TAM), Sociotechnical Systems 

Theory, and Ethical Decision-Making Theory, as each 

offers a complementary yet distinctive lens through 

which to view the simultaneous ways that generative 

artificial intelligence reshapes human resource 

decision-making, talent acquisition, and workforce 

planning in knowledge-based organizations; 

specifically, from an RBV perspective, this research 

conceptualizes generative AI as a strategically 

valuable, rare and, increasingly, inimitable 

organizational capability when embedded within HR 

systems, as its ability to generate contextualized 

insights, simulate future workforce scenarios and 

dynamically map skills enhances an organization’s 

capacity to develop, deploy, and renew human capital 

in ways that become increasingly difficult to replicate 

by competitors, particularly when the generative AI 

capabilities are tightly coupled and integrated with 

specific aspects of firm-specific data, organizational 

routines, and HR expertise rather than treated as 

generic technological tools (Barney, 1991; Minbaeva, 

2021) however, the RBV also implies that generative 

AI per se does not create sustained competitive 
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advantage unless the strategic resources being used are 

effectively integrated into the system processes and 

are being utilized by skilled professionals which 

accentuates the relevance of the Technology 

Acceptance Model when explaining HR professionals' 

adoption behavior, as TAM posits that perceived 

usefulness and perceived ease of use play a significant 

role in influencing individuals' willingness to adopt 

and rely on new technologies and thus suggest that HR 

managers would likely engage with generative AI 

systems for decision-making, recruitment, and 

workforce planning when they believe decision 

quality, uncertainty reduction and professional 

autonomy are assured, and work systems are not 

threatened (Davis, 1989;Venkatesh & Davis, 2000) 

extending beyond individual-level adoption, 

Sociotechnical Systems Theory provides a critical 

organizational-level perspective as it stresses that 

effective AI implementation necessitates the 

alignment of technical subsystems (e.g., generative AI 

tools and algorithms), social subsystems (e.g., HR 

professionals' skills, roles, and decision norms), and 

the organization's structure (e.g., governance 

mechanisms, policies, and culture) and thus highlights 

that misalignment (e.g., deploying advanced 

generative AI in organizations that lack both the 

human resources skilled in these advanced tools and 

formal mechanisms to ensure ethical compliance in 

decision-making) can result in suboptimal outcomes, 

resistance, or unintended consequences in HR 

decision-making and talent management (Trist & 

Bamforth, 1951; Pasmore et al., 2019); for example, 

while generative AI may actually enable sophisticated 

workforce scenario modeling, its strategic value 

ultimately hinges on whether HR teams are given the 

authority, knowledge, and processes to validate, 

challenge, and contextualize AI-generated insights 

within the larger context of organizational goals; and 

finally, Ethical Decision-Making Theory provides a 

normative underpinning with respect to the moral 

implications of AI as they pertain to critical HR 

decisions, especially as generative AI becomes more 

integrated into systems that make employment-related 

decisions that have significant career implications for 

individuals and critical implications in aggregate for 

organizational justice, as this theory recognizes that 

ethical judgment must encompass not only outcomes 

but also processes, accountability, and (understanding 

of the) stakeholder considerations, and thus reinforces 

the call for transparency and explainability of AI-

assisted decisions regarding hiring, promotion, and 

workforce restructuring (e.g., Rest, 1986; Martin, 

2019) collectively these theoretical perspectives 

together inform a holistic conceptualization regarding 

generative AI in HRM through the frame of generative 

AI being simultaneously a strategic resource, an 

adopted technology, a sociotechnical system 

component, and an ethically consequential decision-

making agent oriented toward the moral responsibility 

of humans, and in the last sense, provide a firm 

foundation on which to answer questions about how 

generative AI is transforming HR decision-making, 

talent acquisition and workforce planning in 

knowledge-based organizations, while highlighting 

the contingent conditions (e.g., in measurement or 

environment) under which such transformations create 

sustainable value for organizations instead of 

unintended harm. 

 

V. KEY CONSTRUCTS RELATED TO THE 

STUDY 

 

In this study, generative AI capabilities are 

conceptualized as a bundle of advanced socio-

technical functionalities especially generativity (the 

capacity to produce novel yet context-relevant outputs 

e.g., text, classifications, summaries, scenarios), 

adaptability (the ability to adjust outputs to changing 

prompts, policies, and organizational contexts), and 

contextual reasoning (the capacity to synthesize 

signals across job requirements, skills data, and 

organizational constraints) that together allow HR 

systems to extend from traditional automation and 

prediction towards interactive decision augmentation 

(e.g., generating competency frameworks for 

emerging/novel roles, drafting structured interview 

guides per job families, or producing alternative 

workforce scenarios under different growth 

assumptions), while the quality of HR decisions is 

defined as the extent to which HR judgments and 

choices (e.g., hiring recommendations, internal 

mobility decisions, or workforce allocation) are 

accurate, consistent, timely, and aligned with strategy, 

noting that AI-enhanced “cognitive offloading” may 

promote speed and information processing, yet leads 

to risks of over-reliance and decreased transparency 

affecting perceived trustworthiness and accountability 

(Jarrahi, 2018; Raisch & Krakowski, 2021); talent 



© FEB 2025 | IRE Journals | Volume 8 Issue 8 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV8I8-1707186 

IRE 1707186          ICONIC RESEARCH AND ENGINEERING JOURNALS 1040 

acquisition effectiveness is treated as a 

multidimensional construct encompassing both 

efficiency and equity outcomes including time-to-fill, 

quality-of-hire proxies, candidate experience, and 

selection validity while explicitly acknowledging that 

algorithm-based recruitment and screening can 

dramatically scale evaluation and standardize 

processes, but also invariably amplify historical biases 

contained within training data or proxy variables, 

unless appropriately governed (Bogen & Rieke, 2018; 

Raghavan, et al., 2020; Tambe, et al., 2019); 

workforce planning accuracy is conceptualized as the 

extent to which workforce forecasts, skills gap 

assessments, and scenario plans accurately predict 

future labor demand and supply in knowledge-based 

firms (where rapid skills obsolescence and changing 

task structures render dynamic skills intelligence (e.g., 

AI-supported skills taxonomies, internal labor market 

mapping, and scenario modeling of reskilling 

investment) far more valuable than static headcount 

plans (Marler & Boudreau, 2017; Minbaeva, 2021)); 

finally, the model incorporates moderators ethics, 

governance, and AI literacy as boundary conditions on 

whether generative AI will exert beneficial or harmful 

effects on HR outcomes, with ethics referring to moral 

principles and norms that govern fairness, non-

discrimination, privacy, and human dignity in 

employment decisions, governance referring to the 

structures of formal accountability (e.g., policies, audit 

mechanisms, documentation, and human oversight) 

that constrain and legitimize the use of AI in HR, and 

AI literacy reflecting HR professionals' competence to 

understand, question, and use AI outputs in a 

principled manner (including the awareness of limits, 

paths of bias, and explainability needs), all 

determining trust calibration and responsible adoption 

along HR decision-making, talent acquisition, and 

workforce planning processes (Burrell, 2016; Davis, 

1989; Martin, 2019). 

 

VI. RESEARCH PROPOSITIONS 

 

Drawing on the proposed conceptual framework, the 

paper proposes four research propositions that 

delineate how generative artificial intelligence (GAI) 

is predicted to impact HR decision-making, talent 

acquisition, and workforce planning in knowledge-

based organizations, while specifying key boundary 

conditions that relate to governance and human 

capability:P1 asserts that GAI has a positive impact on 

the quality of HR decision-making to the extent that 

human judgment complements the decision process, as 

GAI can heighten cognitive capacity through decision 

augmentation (e.g., synthesizing multi-source 

employee data, generating structured options, and 

simulating decision consequences) but high-quality 

HR decisions still demand contextual interpretation, 

ethical discernment, and strategic alignment that 

remain fundamentally human responsibilities, which 

implies that the greatest gains exist under "humans-in-

the-loop" designs that calibrate trust and maintain 

accountability instead of replacing professional 

judgment (Jarrahi, 2018; Raisch & Krakowski, 2021); 

P2 proposes that the effectiveness of AI-driven talent 

acquisition is moderated by ethical governance 

mechanisms, as algorithmic screening and AI-assisted 

assessment can enhance the speed, consistency, and 

scalability of applicant evaluation, yet these benefits 

depend upon strong governance practices such as bias 

audits, documentation, transparency requirements, 

and clear accountability arrangements to avoid 

discriminatory outcomes and mitigate bias 

amplification that can emerge when models are trained 

using historically unequal labor market data (Bogen & 

Rieke, 2018; Raghavan et al., 2020; Tambe et al., 

2019); P3 argues that generative AI increases 

workforce planning accuracy in knowledge-based 

organizations through dynamic skills forecasting, 

because the competitive environment for knowledge 

work is shaped by rapid skill shifts and task 

reconfiguration and GAI-enabled systems can support 

more adaptive planning by generating evolving skills 

taxonomies, interpreting signals from the external 

labor market, and producing scenario narratives that 

assist HR leaders in anticipating alternative futures 

(e.g., "build vs buy vs borrow" talent strategies under 

differing technology adoption rates), thereby 

enhancing the timeliness and relevance of workforce 

forecasts compared to static headcount planning 

models (Marler & Boudreau, 2017; Minbaeva, 2021); 

and P4 contends that the AI literacy of HR 

professionals reinforces human AI collaboration 

outcomes, as AI literacy defined as the ability to 

critically evaluate AI outputs, detect limitations (e.g., 

hallucination risk, proxy bias, and opacity), and apply 

adequate oversight improves perceived usefulness and 

sound reliance, reduces automation bias, and boosts 

the likelihood that GAI will be employed as a strategic 
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partner for sensemaking rather than an unquestioned 

authority, in line with established technology adoption 

and sociotechnical insights that highlight the joint 

optimization of human capabilities, technological 

design, and organizational controls (Burrell, 2016; 

Davis, 1989; Venkatesh & Davis, 2000). 

 

VII. DISCUSSION 

 

The implications that the discussion emerging from 

this conceptual analysis implies a meaningful 

extension of strategic HRM and digital HR theorizing 

about generative artificial intelligence (GAI) is 

because GAI does not merely automate tasks or 

predict outcomes but generates narratives, options, 

and simulated futures that can shape how HR 

professionals interpret evidence, justify decisions, and 

exercise discretion reframing classic strategic HRM 

assumptions about unique human judgment, decision 

rationality, and the locus of capability creation 

(Minbaeva, 2021; Raisch & Krakowski, 2021; Tambe 

et al., 2019); theoretically, this means that HR decision 

authority in AI-enabled contexts should 

conceptualized as distributed and negotiated—where 

agency is shared between HR actors and generative 

systems—rather than as a stable managerial 

prerogative, since GAI outputs can become "decision 

anchors" that influence hiring shortlists, competency 

definitions, or workforce scenarios even when a 

human signs off, raising new governance questions 

about who is accountable for the logic, fairness, and 

consequences of recommendations generated through 

opaque computational process (Burrell, 2016; Jarrahi, 

2018); for practice, the model indicates that 

responsible adoption means prioritizing design and 

operating principles to preserve human oversight and 

strategic alignment (e.g., requiring HR teams to 

document when and why AI-generated candidate 

rankings are accepted or overridden, using structured 

human review for high-stakes decisions, and limiting 

generative AI to augmentation roles such as drafting 

interview question banks or producing alternative 

workforce scenarios rather than final selection 

decisions), and at the same time invest in upskilling so 

that HR professionals can critically evaluate AI 

outputs, detect likely failure modes (e.g., 

overconfident but erroneous "hallucinated" rationales, 

proxy-driven bias, or inconsistent recommendations 

across prompts), and calibrate trust instead of 

deferring to automation (Davis, 1989; Venkatesh & 

Davis, 2000); furthermore, the discussion highlights 

governance, transparency, and auditable workflows as 

central managerial levers, as in without these controls, 

efficiency gains in TA and workforce planning may be 

offset by reputational risk, litigation exposure, and 

internal legitimacy loss when employees perceive 

decisions as unexplainable or unfair (Bogen & Rieke, 

2018; Raghavan et al., 2020); finally, the policy and 

ethics considerations stress that AI accountability in 

HR decisions is not just a technical concern but a 

compliance and organizational justice issue, because 

the economic stakes are high in the employment 

setting and companies must meet legitimate 

expectations of due process, non-discrimination, 

privacy, and explainability, also means that 

organizations should treat GAI-supported HR 

decisions as governance-sensitive activities, requiring 

explicit accountability assignment, impact assessment, 

and alignment with emerging regulatory and 

professional guidance on trustworthy AI (Bender et 

al., 2021; Martin, 2019), and culminatively, these 

implications suggest that organizational aspirational 

hopes for the strategic promise of generative AI in 

knowledge-based organizations faster and potentially 

more consistent HR decisions, more adaptive skills 

forecasting, and improved scenario planning will be 

more meaningfully grasped when firms re-design HR 

authority structures, invest in AI literacy, and 

institutionally embed ethical governance mechanisms 

with human-centered accountability firmly in view. 

 

VIII. LIMITATIONS OF THE STUDY 

 

There are several significant limitations of the present 

study that must be kept in mind when the contributions 

and implications of this work are interpreted, most 

notably the lack of empirical validation, as this paper 

is deliberately conceptual and has not tested the 

proposed relationships, constructs, or propositions 

using primary or secondary data, meaning that the 

claims of a positive impact of generative artificial 

intelligence on HR decision-making quality, talent 

acquisition effectiveness and workforce planning 

accuracy remain more or less purely theoretical with 

extensive potential for contextual sensitivity, 

implementation variations, and significant unintended 

consequences that only systematic empirical 

investigation longitudinal studies, field experiments, 
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and mixed-method research can pick up (Marler & 

Boudreau, 2017; Minbaeva, 2021); a second limitation 

stems from the fast pace technological developments 

of generative AI, as the conceptual arguments 

developed above are necessarily based on the state of 

generative AI capabilities, organizational adoption 

trajectories, and governance debates observable up 

until February 2025, whereas generative AI systems 

have been evolving at an unprecedented pace, 

including in terms of model architectures, multimodal 

integration, cost structures, and enterprise deployment 

practices, that have quickly rendered some specific 

assumptions about capabilities, risks, or use cases 

incomplete or obsolete, especially as newer systems 

provide better performance on the trade-off between 

automation and augmentation or offer better 

explainability, bias mitigation, or regulatory 

cooperation features (Bender et al., 2021; Raisch & 

Krakowski, 2021); relatedly, the regulatory 

environment around AI especially in employment 

contexts has been rapidly evolving, meaning that the 

ethical and governance considerations discussed here 

may be reframed in the future as new legislation, 

enforcement practices, or professional standards 

materialize, potentially affecting the timelessness and 

generalizability of the proposed framework (Martin, 

2019); a third limitation comes from the contextual 

limitation of the analysis to knowledge-based 

organizations, as the resulting conceptual model is 

explicitly located in settings where value creation is 

heavily dependent on intangible asset bundles, 

intellectual capital, and professional judgement, such 

as technology firms, research-intensive organizations, 

and professional services, and may therefore not be 

fully applicable in labor-intensive, highly 

standardized, or low-skill environments with different 

HR decision making logics, data availability and AI 

use cases suggesting that the relevance and impact of 

generative AI to HR practices may differ significantly 

across sectors, organizational space, and institutional 

contexts and by implication not be as limited by 

structural constraints such as minimal digital 

infrastructure, low AI literacy, or stronger union and 

regulatory oversight as a result of the focus on 

knowledge-based organizations; finally, agreeing with 

similar conceptual works in the area, that integrating 

multiple theoretical lenses affords breadth and depth, 

but potentially oversimplifies complex organizational 

realities by abstracting from micro-level power 

dynamics, employee perceptions and informal 

practices that guide how generative AI is actually 

operated in HR decision making, highlighting the need 

for future empirical and comparative research to 

refine, reject, and contextualize the theoretical insights 

presented here. 

 

IX. DIRECTIONS FOR FUTURE RESEARCH 

 

Finally, future research should investigate the effects 

of generative artificial intelligence (GAI) on human 

resource decision-making, talent acquisition, and 

workforce planning, which is emphasized in HRM 

literature (e.g., the claim that dealings in ambiguity 

linked with emerging technology may differ based on 

the governance mode in use (Tams & H२२स्त, 2018)), 

these implications warrant empirical testing to validate 

the relationship between GAI capabilities, human–AI 

collaboration patterns, and HR outcomes (e.g., it 

remains to be seen if HR decision quality, selection 

efficiency, or workforce planning accuracy actually 

increase in knowledge-based organizations that use 

GAI, under different settings of governance, AI 

literacy, and human oversight (Marler & Boudreau, 

2017; Raisch & Krakowski, 2021; so that systematic 

quantitative, qualitative, and mixed-method 

investigations are needed to identify potential non-

linear effects or unintended consequences such as 

automation bias, deskilling, or overconfidence in AI-

generated recommendations (Minbaeva, 2021; Jarrahi, 

2018); moreover, longitudinal studies on AI task scope 

and decision-making functions may represent a 

particularly appropriate avenue for future inquiry, as 

the adoption of generative AI in strategic workforce 

planning and decision support (summarizing candidate 

profiles and drafting job descriptions, among others) 

is likely not static, but unfolds in stages; this implies 

the need for time-sensitive research designs to track 

how HR functions, decision authority, trust 

calibration, and governance practices evolve as 

organizations and HR professionals gain more 

experience with generative AI-based systems and as 

technologies become more capability, explainable, 

and regulated (Minbaeva, 2021; Malgwi et al., 2016), 

since thus longitudinal approaches would allow 

scholars also to investigate learning effects, path 

dependencies, and other conditions under which initial 

AI adoption advantages are either preserved or lost in 



© FEB 2025 | IRE Journals | Volume 8 Issue 8 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV8I8-1707186 

IRE 1707186          ICONIC RESEARCH AND ENGINEERING JOURNALS 1043 

the long run; in addition, cross-cultural and sectoral 

comparisons are needed to advance a more nuanced 

and generalizable understanding of generative AI in 

HRM (Sinha, 2018); indeed, it is likely that a range of 

factors shape not only the adoption of AI-assisted HR 

practices but determine the implications for what 

appears to be urgent compliance with the responsible 

adoption of digital technologies across the globe, as 

institutional environments differ in terms of labor 

market regulations, cultural beliefs regarding 

algorithmic-driven decision-taking, and sector-

specific skill structures (Martin, 2019; Raghavan et al., 

2020); therefore sectoral and cross-country 

comparison were constituted to uncover 

commonalities and differences in determinants that are 

fundamental to trace the significance of generative AI 

for effective HR decision-making, which go beyond 

context-bound practices, for differentiating between 

industry sectors, organizational forms, and 

institutional settings; collectively these future research 

directions emphasize the importance to move beyond 

conceptual clarity in order to establish accumulated 

empirical evidence that captures precisely the 

dynamic, context-sensitive, and ethical 

consequentiality of generative AI to the future of 

strategic human resource management. 

 

CONCLUSION 

 

This conceptual paper concludes that generative 

artificial intelligence (GAI) is a significant change and 

in many ways, a radical upcoming change in the 

evolution of human resource management, and it has 

argued throughout this paper that GAI is qualitatively 

different from prior generations of HR automation and 

HR predictive analytics in altering decision-making 

processes, talent acquisition methods, and workforce 

planning functions in knowledge-based organizations 

where competitive value creation is strongly 

dependent on human capital, higher-level skills, and 

managerial judgment by introducing generative, 

adaptive, and contextual features into decision-making 

that actively affect HR decision-making rather than 

just supporting them; this paper also synthesizes key 

arguments to show that GAI has the potential to 

enhance decision quality through decision 

augmentation and scenario generation for HR 

decision-making, enhance talent attraction through 

scaling and personalization of candidate evaluation 

while producing a shift in fairness risks, and enhance 

workforce planning through dynamic skills 

forecasting and scenario generation but none of these 

benefits are automatic, or a result of technological 

determinism and depend critically on how human 

judgment, organizational governance, and ethical 

oversight are organized together with AI systems 

(Marler & Boudreau, 2017; Raisch & Krakowski, 

2021; Tambe et al., 2019); in a reaffirmation of the 

transformative potential of generative AI for HRM, 

this study further asserts that the strategic value of 

generative AI lies in changing the roles of HR-value 

from replace HR professionals to repositioning to 

higher-level sensemaking, interpretation, and 

stewardship of AI-informed decisions, extending both 

strategic HRM and digital HR theories to include 

shared agency and distributed decision authority in 

human–AI-collaboration environments (Jarrahi, 2018; 

Minbaeva, 2021); at the same time, this paper points 

out that generative AI brings vital ethical, governance, 

and accountability challenges, and that the greatest 

impact typically occurs in employment-related 

decisions, because these such decisions directly 

impact careers, livelihoods, and perceptions of 

organizational justice, and that organizations should 

therefore not blindly adopt GAI technology based on 

vague narratives of operational efficiency and cost 

reduction but rather roll out GAI as a core decision 

system in transparent, auditable, and human-centered 

decision architectures to achieve responsibility, 

explainability, and fairness (Burrell, 2016; Martin, 

2019); accordingly, this study ends with a call for the 

balancing presence of generative AI in HRM, 

balancing its impressive analytical and generative 

powers with undiminished human oversight, ethical 

governance, and functional responsibility—arguing 

that the first balance is vital for generative AI to act as 

a regeneratable strategic asset and not the source of 

reputational, legal, or moral risk for knowledge-based 

organizations; and finally, these conceptual 

contributions provide a coherent basis for future 

empirical investigations and managerial 

experimentation in the domain of generative said and 

emphasize that not only is the skillset needed for GAI 

legitimate and effective in HRM not a question of 

technological sophistication, but also how the outcome 

turns in knowledge-based organizations ultimately lies 

in the costs of human civilization and deliberative 

organizational choice where human values, 
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accountability, and strategic intent are integrates to the 

center of AI-enabled HRM practices. 
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