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Abstract- The burden of substance abuse continues 

to strain global public health systems, with 

underserved populations facing disproportionate 

challenges due to social, economic, and 

infrastructural disparities. Despite advances in 

health information technologies, these groups often 

remain marginalized in substance abuse 

surveillance, intervention, and treatment programs. 

This paper proposes a comprehensive framework for 

leveraging health information systems (HIS) to 

address substance abuse among underserved 

populations. The framework is grounded in a 

literature-based synthesis of existing HIS 

capabilities, barriers to adoption, and contextual 

needs of underserved groups. Integrating electronic 

health records (EHRs), telemedicine, mobile health 

(mHealth), and predictive analytics, the model offers 

a unified platform for real-time monitoring, targeted 

intervention, and equitable resource distribution. 

Drawing upon over 100 peer-reviewed publications 

and health policy reports from 2000–2020, the 

framework emphasizes interoperability, community-

based data inputs, culturally adaptive interfaces, and 

privacy-centric design. The study highlights policy, 

infrastructural, and technical recommendations for 

governments, health IT developers, and care 

providers seeking to deploy HIS for combating 

substance abuse. This research contributes to the 

discourse on digital health equity by establishing a 

roadmap for inclusive, data-driven intervention 

models in marginalized communities. 
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I. INTRODUCTION 

 

Substance abuse remains a pervasive global health 

concern, contributing to premature mortality, 

comorbid conditions, economic burdens, and 

significant social disruption. According to the World 

Health Organization (WHO), over 35 million 

individuals worldwide suffered from drug use 

disorders as of 2019, with the majority residing in low-

income and underserved communities [1]. The 

consequences of substance abuse are especially severe 

for underserved populations marginalized by 

geography, race, ethnicity, socioeconomic status, or 

healthcare access where systemic barriers hinder 

prevention, early intervention, and sustained treatment 

[2], [3]. 

Traditional substance abuse interventions have often 

focused on behavioral and pharmacological therapies 

delivered through in-person, clinic-based approaches. 

However, these approaches are frequently inaccessible 

or insufficient for underserved populations due to 

geographic isolation, stigma, financial hardship, and 

lack of culturally competent care [4], [5]. This has led 

researchers and practitioners to explore the potential 

of digital health tools and Health Information Systems 

(HIS) to fill gaps in access, monitoring, and care 

coordination [6]. 

HIS refers to the integrated use of technologies and 

processes that manage health data for clinical, 

administrative, and policy purposes [7]. These systems 

include electronic health records (EHRs), 

telemedicine platforms, mobile health applications 

(mHealth), patient portals, decision support tools, and 

disease surveillance networks [8]. When properly 

designed and deployed, HIS can facilitate data-driven, 
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patient-centered care while improving public health 

surveillance, resource allocation, and clinical 

outcomes [9]. 

Nevertheless, HIS development and deployment have 

historically prioritized institutional efficiency and 

compliance over equity and inclusiveness. As a result, 

vulnerable populations are often underrepresented in 

HIS datasets, face usability barriers, and lack trust in 

digital health systems due to concerns about privacy 

and stigmatization [10], [11]. This misalignment 

between technological capabilities and user needs has 

undermined efforts to address complex issues like 

substance abuse among marginalized communities 

[12]. 

The COVID-19 pandemic, which exposed the fragility 

of health systems and intensified the digital divide, has 

also catalyzed global interest in expanding telehealth 

and digital infrastructure to reach underserved 

populations [13]. There is now a pressing need for 

strategic frameworks that leverage HIS not only for 

efficiency, but also as tools for addressing public 

health equity particularly in relation to substance 

abuse prevention, intervention, and management [14], 

[15]. 

This paper seeks to fill that gap by proposing a unified 

framework for deploying HIS to support substance 

abuse interventions in underserved populations. The 

research objectives are threefold: 

1. To synthesize existing literature on HIS 

applications in substance abuse management. 

2. To identify barriers and enablers to HIS adoption 

in underserved contexts. 

3. To propose a data-centric, equity-oriented 

framework for deploying HIS in-substance abuse 

response programs. 

The framework proposed herein draws from 

interdisciplinary sources in digital health, substance 

use research, implementation science, and health 

equity studies. It incorporates best practices for 

integrating clinical data with community-generated 

insights while maintaining ethical standards for data 

protection and cultural sensitivity. 

The rationale for focusing on underserved populations 

is grounded in public health justice and efficiency. 

Studies show that targeted interventions in these 

communities yield disproportionate benefits in overall 

health outcomes and cost savings [16], [17]. 

Moreover, integrating HIS into such interventions 

enables real-time tracking of behavioral trends, risk 

factors, and treatment outcomes facilitating rapid, 

evidence-based response to emerging challenges [18]. 

The structure of this paper is as follows: Section 2 

reviews relevant literature on HIS, substance abuse, 

and digital health equity. Section 3 outlines the 

methodology, detailing how sources were identified, 

reviewed, and analyzed. Section 4 presents the 

proposed HIS framework, including its components, 

implementation pathways, and operational principles. 

Section 5 discusses the implications, limitations, and 

policy relevance of the model. Section 6 concludes 

with recommendations for future research and 

implementation strategies. 

By emphasizing inclusive design, interoperability, and 

evidence-based practices, this paper contributes to the 

development of practical solutions for using HIS to 

mitigate substance abuse in populations that have 

historically been underserved by traditional healthcare 

systems. 

II. LITERATURE REVIEW 

The literature on leveraging Health Information 

Systems (HIS) to address substance abuse in 

underserved populations is expansive, 

multidisciplinary, and increasingly nuanced. This 

section systematically reviews key thematic areas, 

focusing on health informatics infrastructure, public 

health informatics, disparities in healthcare access, 

HIS applications in substance abuse interventions, and 

case studies highlighting successful integration 

models. These insights provide a foundation for 

developing a comprehensive framework that links HIS 

capabilities with substance abuse intervention 

strategies. 

2.1 Health Information Systems in Public Health 

Health Information Systems (HIS) serve as the 

technological backbone of modern healthcare 

delivery, enabling data collection, storage, retrieval, 
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and analysis across diverse care environments [1], [2]. 

HIS encompasses electronic health records (EHRs), 

health management information systems (HMIS), 

disease surveillance systems, and telehealth platforms. 

In public health contexts, HIS facilitates disease 

tracking, resource allocation, program evaluation, and 

community outreach [3], [4]. These systems are 

particularly crucial for underserved populations, who 

are disproportionately affected by health disparities 

and often require tailored interventions [5]. 

In the United States, the Health Information 

Technology for Economic and Clinical Health 

(HITECH) Act of 2009 significantly accelerated the 

adoption of EHRs and other HIS tools across clinical 

settings [6]. However, literature highlights that 

implementation in underserved areas remains uneven, 

with rural and low-income regions frequently lacking 

the necessary infrastructure [7], [8]. Similarly, in low- 

and middle-income countries (LMICs), HIS adoption 

is hindered by limited financial and technical 

resources, fragmented data governance, and workforce 

shortages [9], [10]. 

2.2 Substance Abuse in Underserved Populations 

Substance abuse is a pervasive public health issue, 

characterized by the misuse of legal or illicit 

substances that lead to physical, psychological, and 

social harm [11]. Underserved populations including 

racial and ethnic minorities, rural communities, the 

homeless, and uninsured individuals face heightened 

vulnerability to substance use disorders (SUDs) due to 

socioeconomic barriers, discrimination, and limited 

access to treatment services [12], [13]. 

Research shows that African American and Hispanic 

communities often encounter systemic biases in 

healthcare delivery, resulting in lower rates of 

diagnosis and treatment for SUDs [14]. Native 

American populations, particularly in rural settings, 

exhibit some of the highest prevalence rates of alcohol 

and drug misuse [15]. Furthermore, individuals living 

in economically disadvantaged neighborhoods face 

increased exposure to environmental risk factors, such 

as community violence, unemployment, and 

inadequate housing [16]. 

 

2.3 Role of HIS in Addressing Substance Abuse 

HIS offers transformative potential in combating 

substance abuse by enhancing data-driven decision-

making, streamlining clinical workflows, and 

supporting real-time surveillance [19], [20]. EHRs can 

be configured to include screening tools like the 

Alcohol Use Disorders Identification Test (AUDIT) 

and Drug Abuse Screening Test (DAST), enabling 

early detection and intervention [21]. Clinical decision 

support systems (CDSS) integrated into EHRs further 

assist healthcare providers by flagging high-risk 

patients, suggesting evidence-based treatment plans, 

and monitoring patient adherence [22], [23]. 

Public health informatics systems, such as the 

National Syndromic Surveillance Program (NSSP), 

utilize real-time data from emergency departments to 

track opioid overdoses and identify emerging trends 

[24]. Moreover, health information exchanges (HIEs) 

facilitate the sharing of patient data across providers, 

ensuring continuity of care and reducing redundancies 

in treatment [25], [26]. 

Mobile health (mHealth) applications also play an 

emerging role in substance abuse management. These 

tools offer interactive self-management support, 

appointment reminders, educational content, and 

digital therapy options [27], [28], [29]. For 

underserved populations, mHealth platforms can 

bridge access gaps by providing culturally and 

linguistically appropriate interventions that do not 

require physical proximity to care centers [30], [31]. 

2.4 Barriers to HIS Utilization in Underserved Areas 

Despite the potential benefits, several systemic 

challenges hinder the effective use of HIS in 

addressing substance abuse among underserved 

populations. Technological barriers include 

inadequate broadband connectivity, outdated 

hardware, and software incompatibilities [32], [33], 

[34]. Organizational barriers often stem from limited 

training, resistance to change, and insufficient funding 

for HIS implementation and maintenance [35], [36]. 

Data fragmentation remains a persistent issue, where 

patient information is siloed across multiple systems 

and providers, undermining holistic care coordination 

[37], [38]. Privacy and security concerns also limit 
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data sharing, especially among populations with 

historical mistrust of governmental or healthcare 

institutions [39], [40], [41]. Furthermore, standardized 

data collection practices are often lacking, resulting in 

inconsistent metrics and difficulties in comparing 

outcomes across sites [42]. 

2.5 Case Studies and Global Perspectives 

Several case studies demonstrate the successful 

application of HIS in substance abuse interventions. In 

Massachusetts, the Prescription Drug Monitoring 

Program (PDMP) integrated with EHRs led to a 

significant reduction in opioid prescribing and 

improved provider awareness  [43]. In rural Kentucky, 

the use of telehealth services for substance abuse 

counseling expanded access and reduced travel 

barriers for patients [44]. Internationally, countries 

like Canada and Australia have developed 

interoperable health data systems that enable 

population-level analytics to inform substance abuse 

policy and planning [45], [46], [47]. 

In sub-Saharan Africa, mobile health initiatives such 

as SMS-based adherence programs have shown 

promise in supporting mental health and addiction 

treatment, although scalability and sustainability 

remain concerns [48], [49]. Lessons from these 

interventions highlight the importance of stakeholder 

engagement, contextual adaptation, and capacity-

building in achieving long-term impact [50]. 

2.6 Theoretical Frameworks and Policy 

Considerations 

Health behavior theories such as the Health Belief 

Model (HBM) and the Theory of Planned Behavior 

(TPB) provide useful frameworks for designing HIS-

based interventions targeting substance abuse [51]. 

These models emphasize the role of individual 

perceptions, social norms, and behavioral intentions, 

which can be addressed through tailored digital 

messaging and risk communication strategies [52]. 

Policy initiatives like the Affordable Care Act (ACA) 

and the 21st Century Cures Act in the U.S. promote 

HIS interoperability and behavioral health integration, 

setting a regulatory foundation for coordinated 

substance abuse care [53], [54], [55]. Globally, the 

WHO’s Global Strategy on Digital Health encourages 

the development of inclusive, equitable digital health 

systems to support vulnerable populations [56], [57]. 

2.7 Summary 

The literature reviewed demonstrates the multifaceted 

role of HIS in addressing substance abuse among 

underserved populations. While significant progress 

has been made, persistent gaps in infrastructure, 

governance, and capacity limit the scalability of HIS-

based interventions. An integrative framework that 

aligns technological capabilities with public health 

priorities, community needs, and policy incentives is 

essential for optimizing HIS impact in this domain. 

The following sections will propose such a framework 

based on these findings. 

III. METHODOLOGY 

This study employs a qualitative, interpretive 

methodology grounded in systematic literature review 

(SLR) and thematic synthesis to develop a 

comprehensive framework for leveraging Health 

Information Systems (HIS) in addressing substance 

abuse among underserved populations. The 

methodology is designed to align with the study's 

conceptual objectives, ensuring academic rigor and 

policy relevance without relying on primary data 

collection. 

3.1 Research Design 

Given the complex interplay between health 

informatics, behavioral health, public policy, and 

social determinants of health, a qualitative SLR was 

selected as the most appropriate research design. The 

aim is to integrate findings from diverse disciplinary 

perspectives and real-world case studies to extract 

recurring themes, implementation gaps, and best 

practices. The SLR is guided by the PRISMA 

(Preferred Reporting Items for Systematic Reviews 

and Meta-Analyses) framework to ensure 

transparency and replicability [1]. 

3.2 Data Sources and Search Strategy 

The literature search was conducted across multiple 

academic databases and grey literature sources, 

including: 

• PubMed 
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• Scopus 

• Web of Science 

• IEEE Xplore 

• Google Scholar 

• WHO and CDC digital libraries 

• Government and NGO reports from organizations 

such as SAMHSA, NIDA, and UNODC 

Search terms combined keywords such as: "substance 

abuse," "health information systems," "underserved 

populations," "digital health," "health IT," 

"telehealth," and "interoperability." Boolean operators 

(AND, OR, NOT) were applied to refine queries. The 

search covered materials published between 2000 and 

2020. 

3.3 Inclusion and Exclusion Criteria 

Studies were included based on the following criteria: 

• Peer-reviewed articles, policy reports, or 

dissertations 

• Focus on HIS and substance abuse 

• Specific reference to underserved or marginalized 

populations 

• English language 

Exclusion criteria: 

• Opinion pieces or blogs 

• Studies focusing solely on pharmacological 

interventions 

• Publications without full-text availability 

3.4 Data Extraction and Coding 

After initial screening and de-duplication, a total of 

245 documents were retained. These were imported 

into NVivo 12 for coding and qualitative synthesis. A 

three-stage thematic coding process was employed: 

1. Open Coding: Identification of recurring concepts 

2. Axial Coding: Grouping concepts into broader 

thematic categories 

3. Selective Coding: Integration of themes to form 

the conceptual framework 

Themes extracted include: 

● HIS accessibility and infrastructure challenges 

● Telehealth adoption and digital divide 

● Integration of Electronic Health Records (EHRs) 

with substance use treatment 

● Data interoperability and governance issues 

● Patient engagement and health literacy 

3.5 Quality Appraisal 

Each study was assessed for methodological rigor 

using the Critical Appraisal Skills Programme (CASP) 

checklist [2]. Only studies scoring above a threshold 

of 7/10 were included in the final synthesis to ensure 

reliability and validity. 

3.6 Limitations 

The study’s reliance on secondary data restricts the 

scope for real-time validation of findings. Moreover, 

publication bias and uneven geographical distribution 

of studies (favoring North America and Europe) may 

limit generalizability. However, triangulation across 

diverse sources mitigates this concern to a degree. 

3.7 Ethical Considerations 

Since this study does not involve human subjects or 

primary data, no ethical clearance was required. All 

reviewed materials are publicly available, and full 

citations are provided in compliance with academic 

norms. 

IV. RESULTS 

This section presents synthesized findings from the 

reviewed literature and conceptual frameworks 

relevant to leveraging Health Information Systems 

(HIS) in addressing substance abuse in underserved 

populations. The results are categorized into five 

major thematic outcomes: (1) enhancement of 

surveillance and early detection; (2) data-driven care 

coordination; (3) improved access and equity; (4) 

policy and resource alignment; and (5) identification 

of implementation gaps and challenges. 
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4.1 Enhancement of Surveillance and Early Detection 

A consistent finding across the reviewed literature is 

the value of HIS in strengthening epidemiological 

surveillance and early detection of substance abuse 

patterns in low-resource settings. Studies report that 

integration of electronic health records (EHRs) with 

public health monitoring systems enables the timely 

identification of emerging trends, such as spikes in 

opioid use or methamphetamine-related 

hospitalizations [18], [58], [59]. For instance, 

syndromic surveillance systems in U.S. community 

health centers have been instrumental in tracking 

overdose patterns and guiding real-time interventions 

[43], [60], [61]. 

Moreover, the integration of Prescription Drug 

Monitoring Programs (PDMPs) with EHRs has 

improved prescriber accountability and allowed for 

automated detection of at-risk patients, thus reducing 

inappropriate opioid prescriptions [62], [63]. In 

LMICs (low- and middle-income countries), mobile-

based reporting platforms have helped health workers 

in remote areas document and transmit substance 

abuse data to central databases, though limited 

coverage and data accuracy remain concerns [64], 

[65]. 

4.2 Data-Driven Care Coordination 

The literature highlights the potential of HIS to 

support care coordination, particularly for individuals 

with co-occurring mental health disorders and 

substance use conditions. Integrated data platforms 

linking primary care, mental health services, and 

social care enable multidisciplinary teams to develop 

holistic care plans [11], [66], [67]. 

One example is the implementation of shared care 

records in behavioral health networks, which reduced 

care fragmentation and allowed providers to monitor 

treatment adherence, relapse risk, and social 

determinants of health (SDoH) [13], [68]. In 

underserved populations, such integration is critical, 

as patients often receive episodic care from 

unconnected facilities. By consolidating data, HIS 

facilitates continuity of care and reduces redundant 

procedures and gaps in follow-up [40], [69], [70]. 

 

4.3 Improved Access and Health Equity 

Several articles emphasize the role of HIS in 

expanding access to prevention, treatment, and harm 

reduction services among marginalized populations. 

For example, telehealth platforms and virtual health 

consultations, especially when linked to substance use 

databases, have proven effective in reaching rural and 

underserved communities [71], [72], [73]. 

HIS-enabled mobile health (mHealth) tools have also 

supported harm reduction programs by providing 

educational content, medication reminders, and digital 

counseling particularly relevant in settings with 

shortages of behavioral health professionals [7], [74], 

[75]. These approaches reduce geographical and 

financial barriers and allow patients to access services 

discreetly, addressing stigma often associated with 

substance abuse [76], [77]. 

4.4 Policy and Resource Alignment 

Evidence also points to HIS being instrumental in 

policy formulation and resource allocation. 

Governments and health agencies use HIS-generated 

data to model substance abuse burdens, evaluate 

intervention outcomes, and inform targeted funding. 

For example, several U.S. states integrated HIS 

dashboards with Medicaid claims data to optimize 

funding for opioid treatment programs in under-

resourced counties [28], [78], [79]. 

Internationally, the WHO's mHealth Assessment and 

Planning for Scale (MAPS) toolkit has been applied in 

LMICs to design national-level HIS strategies tailored 

to substance abuse challenges [31],[80], [81] . These 

approaches enhance transparency and allow for 

proactive public health decision-making. 

4.5 Implementation Gaps and Systemic Barriers 

Despite these benefits, the review also revealed 

significant challenges. Interoperability remains a 

barrier to system integration, with various HIS 

platforms unable to communicate effectively across 

jurisdictions and institutions [6],[82], [83] . Data silos 

and lack of common standards hamper seamless 

exchange, particularly between mental health 

providers and substance abuse treatment centers. 
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Furthermore, digital illiteracy, lack of infrastructure, 

and institutional resistance affect the adoption of HIS 

in underserved settings [12], [84], [85]. Privacy 

concerns, especially related to stigmatized conditions 

like substance abuse, were also flagged as critical 

issues. Many HIS lack robust de-identification 

protocols and consent frameworks, limiting their 

acceptance in sensitive care environments [21],[86], 

[87] . 

Table 1. Summary of Key Results 

Thematic Area Key Findings 

Surveillance and 

Detection 

Improved detection via PDMPs and 

syndromic tools; limited in LMICs 

Care 

Coordination 

HIS supports integrated care, reduces 

fragmentation 

Access and 

Equity 

mHealth and telehealth improve 

reach; reduce stigma 

Policy and 

Resource 

Allocation 

HIS dashboards aid funding and 

program evaluation 

Implementation 

Gaps 

Interoperability, data privacy, and 

infrastructure remain barriers 

 

V. DISCUSSION AND CONCLUSION 

5.1 Discussion 

The findings from the reviewed literature offer strong 

evidence that Health Information Systems (HIS) can 

significantly transform how healthcare systems 

identify, respond to, and manage substance abuse 

among underserved populations. However, the 

actualization of these benefits is dependent on the 

presence of an enabling infrastructure, robust policy 

support, and stakeholder engagement. 

5.1.1 Aligning HIS with Substance Abuse Response 

Goals 

The reviewed studies affirm that HIS tools particularly 

EHRs, PDMPs, mobile health applications, and 

integrated health data platforms enable a proactive 

rather than reactive approach to substance abuse 

intervention. HIS enables healthcare professionals and 

policy makers to track epidemiological trends, monitor 

treatment adherence, and address emerging substance 

use patterns early [11], [15],[88], [89]. When 

effectively deployed, HIS also supports case 

management, especially for patients with dual 

diagnoses, by facilitating multidisciplinary 

information sharing across primary care, behavioral 

health, and social services [38], [40], [90], [91]. 

5.1.2 Bridging the Gap in Underserved Populations 

Underserved communities often bear a 

disproportionate burden of substance abuse due to 

limited access to quality care, stigma, and systemic 

inequities. The reviewed literature confirms that HIS 

especially telehealth and mHealth platforms can 

bridge this gap by offering accessible and affordable 

care modalities [29], [35], [92], [93]. Additionally, 

HIS tools tailored to low-literacy or mobile-first 

populations are particularly impactful in these 

communities. However, to fully harness these 

advantages, digital infrastructure investments and 

capacity-building programs must be expanded in low-

resource areas [7], [94], [95]. 

5.1.3 Barriers to HIS Adoption and Interoperability 

Despite the advantages, numerous implementation 

challenges persist. Interoperability between HIS 

platforms remains a leading concern. Siloed systems 

across mental health, emergency departments, and 

addiction treatment centers result in fragmented data 

and incomplete patient histories [6], [96], [97]. The 

absence of unified standards across jurisdictions 

exacerbates this issue, particularly for patients who 

seek services from multiple facilities. 

Privacy and confidentiality concern further hinder the 

uptake of HIS, especially in regions with weak 

regulatory frameworks or histories of data misuse 

[21],[98]. The stigmatization of substance use 

disorders amplifies these risks. There is thus a need to 

integrate robust data governance and ethical 

frameworks to maintain patient trust and ensure 

regulatory compliance. 
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5.1.4 Role of Policy and Governance 

Policy support is essential to ensuring the sustainable 

implementation of HIS for-substance abuse response. 

Governments that have embraced data-driven 

decision-making are more likely to develop targeted 

public health interventions, allocate resources 

efficiently, and improve health equity outcomes [28], 

[99], [100]. Strategic partnerships with local clinics, 

NGOs, and community-based organizations can also 

promote culturally appropriate HIS design and rollout. 

Global initiatives like the WHO’s MAPS toolkit and 

digital health strategies in sub-Saharan Africa provide 

blueprints for expanding HIS capacity in LMICs, 

particularly in managing non-communicable 

conditions such as substance use disorders [101], 

[102], [103]. However, these frameworks must be 

contextualized to reflect the sociopolitical and cultural 

dynamics of the populations served. 

5.1.5 Future Directions and Research Gaps 

More research is needed to evaluate the long-term 

impact of HIS on clinical outcomes in substance abuse 

care, especially in underrepresented populations. Most 

existing studies are from high-income countries, 

highlighting a significant evidence gap in LMIC 

contexts. Moreover, few studies address how to scale 

HIS platforms sustainably across rural and urban 

settings or how to design culturally responsive tools 

for Indigenous, immigrant, or minority groups. 

Additionally, there is a growing need to integrate AI 

and machine learning into HIS to predict relapse risk, 

personalize treatment, and analyze social determinants 

of substance use. These technologies, if equitably 

implemented, could further refine HIS capabilities and 

improve public health responses. 

5.2 Conclusion 

Health Information Systems hold transformative 

potential for addressing substance abuse among 

underserved populations. This review has 

demonstrated that HIS enhances surveillance, 

promotes data-driven care coordination, improves 

access to services, and informs policy and resource 

allocation. However, to realize this potential, strategic 

investments must be made to overcome barriers 

related to interoperability, privacy, digital 

infrastructure, and policy integration. 

A comprehensive HIS strategy must be inclusive, 

context-sensitive, and driven by public health 

objectives. Such a framework should emphasize: 

1. Interoperability through common data standards 

and cross-platform communication protocols; 

2. Privacy through secure data-sharing and ethical 

use policies; 

3. Capacity-building in low-resource settings via 

training and infrastructure support; 

4. Policy alignment that ensures HIS is embedded 

within national substance abuse and digital health 

strategies; 

5. Community involvement to ensure that systems 

reflect local needs and mitigate stigma. 

By aligning technology with the social and health 

needs of marginalized groups, HIS can significantly 

improve the quality, equity, and impact of substance 

abuse interventions globally. 
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