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Abstract- Financial-services firms operate under 

compounding pressure from margin compression, 

regulatory scrutiny of pricing conduct, and the rapid 

diffusion of data-driven competitors. Yet cost, pricing, and 

margin decisions are frequently made in organizational 

silos, using inconsistent data and weakly governed 

heuristics, which produces value leakage and reputational 

risk. This paper proposes a conceptual framework that 

fuses the Define-Measure-Analyze-Improve-Control 

(DMAIC) cycle of Lean Six Sigma with contemporary 

business analytics to deliver disciplined, auditable, and 

continuously improving cost, pricing, and margin 

management. We name the framework the DMAIC-

Analytics Margin Engine (DAME). For each DMAIC 

phase we map a set of analytics techniques, ranging from 

cost-to-serve decomposition and process capability analysis 

to price-elasticity estimation, machine-learning propensity 

models, and statistical process control, to specific 

commercial levers across the cost, pricing, and margin 

dimensions. The framework is presented through a 

described architecture figure and a phase-by-technique-

by-lever mapping table, and is illustrated with a stylized 

application to a retail-and-commercial bank optimizing the 

pricing and cost-to-serve of a lending portfolio. We argue 

that embedding analytics inside a DMAIC control scaffold 

addresses three chronic weaknesses of analytics-only 

pricing initiatives: the absence of a defined problem and 

baseline, the tendency toward one-off models that decay, 

and the lack of governance over deployed decisions. We 

discuss benefits, limitations, and governance 

requirements, including model risk management and fair-

pricing obligations, and outline a research agenda 

spanning causal inference, reinforcement learning, and 

responsible-analytics governance. The contribution is a 

coherent, practitioner-oriented synthesis rather than an 

empirical test. 
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I. INTRODUCTION 

 

Cost, pricing, and margin are the three levers through 

which financial-services firms convert operational 

capability into profitability. In principle they form a 

single system: the cost of originating and servicing a 

product sets a floor, the price a customer will bear sets 

a ceiling, and the margin is the disciplined 

management of the space between them. In practice, 

the three are governed by different functions, 

operations and procurement own cost, product and 

commercial teams own price, and finance owns 

margin reporting, each with distinct incentives, data 

sources, and cadences. The result is well documented 

in the pricing literature: prices that drift from 

underlying cost and value, discretionary discounting 

that erodes realized margin, and cost bases that are 

allocated by convention rather than measured by 

activity [1], [2]. 

Two forces make this fragmentation increasingly 

costly. First, structural margin compression (driven by 

low-rate environments, fee transparency, fintech 

entrants, and comparison platforms) means that small, 

systematic pricing and cost errors now consume a 

material share of profit. Second, regulators in many 

jurisdictions have moved from scrutinizing solvency 

and disclosure alone to scrutinizing conduct, including 

whether pricing is fair, explicable, and free from 

unlawful discrimination [3]. Firms therefore need 

pricing and cost decisions that are not merely 

optimized but also measured, controlled, and 

auditable. 

The arithmetic of margin compression deserves to be 

made explicit, because it explains why disciplined 

pricing has moved from a refinement to a survival 

concern. When a business operates at a wide spread, a 

percentage point of price leakage is absorbed 

comfortably within the buffer; the incentive to hunt 
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down small, systematic errors is weak, and heuristic 

pricing survives because it is good enough. As spreads 

narrow, the same absolute leakage consumes a far 

larger fraction of the residual profit, and the point is 

eventually reached where the aggregate of many 

individually trivial concessions is the difference 

between a portfolio that creates value and one that 

destroys it. In this regime the marginal return to 

pricing discipline rises sharply even as the discipline 

itself becomes harder, because the errors that matter 

are no longer gross mispricings visible to any observer 

but distributed, low-magnitude leakages that only 

transaction-level measurement can surface. 

Fragmented ownership is especially corrosive here, 

because no single function sees the cumulative effect: 

operations sees its cost line, the commercial team sees 

its win rates, and finance sees an aggregate margin 

whose erosion it can report but not diagnose. 

The conduct dimension compounds the commercial 

one and changes the character of the problem. It is no 

longer sufficient for a price to be profitable; it must 

also be explicable and defensible. A firm that cannot 

articulate why a particular customer was charged a 

particular price, or that cannot demonstrate that its 

pricing does not produce disparate outcomes for 

protected groups at equivalent risk, faces regulatory 

and reputational exposure that can dwarf the margin at 

stake. This raises the bar for any pricing method in a 

way that pure optimization does not naturally meet: 

the objective is not simply to find the profit-

maximizing price but to find a defensible price that a 

firm can measure, justify, monitor, and, if challenged, 

reconstruct after the fact. It is precisely this dual 

demand, optimize and be able to prove the 

optimization was disciplined and fair, that a bare 

analytics program struggles to satisfy and that a 

control-oriented methodology is well suited to meet. 

Business analytics is often proposed as the answer. 

Machine-learning models can estimate willingness-to-

pay, predict attrition, and personalize offers at scale 

[4], [5]. Yet analytics-led pricing programs frequently 

disappoint for reasons that are organizational rather 

than technical: the problem is never crisply defined, 

the baseline is never measured, models are built as 

one-off artifacts that silently decay, and deployed 

decisions are poorly governed. These are precisely the 

failure modes that structured process-improvement 

methodologies were designed to prevent. 

We therefore argue for a fusion. The Define-Measure-

Analyze-Improve-Control (DMAIC) cycle of Six 

Sigma provides a rigorous, phase-gated scaffold for 

improvement projects, with strong emphasis on 

measurement, root-cause analysis, and sustained 

control [6], [7]. Analytics provides the estimation 

power that classical Six Sigma tools, largely 

developed for manufacturing variation, lack when 

applied to demand, elasticity, and heterogeneous 

customer behavior. Our contribution is a conceptual 

framework, the DMAIC-Analytics Margin Engine 

(DAME), that maps each DMAIC phase to specific 

analytics techniques and specific cost, pricing, and 

margin levers, and that embeds analytical models 

inside a control-and-governance loop appropriate to 

regulated financial services. 

The intuition behind the fusion can be stated simply. 

Analytics is powerful at estimation, inferring how 

customers respond to price, which costs attach to 

which activities, and which accounts are likely to 

defect, but it is agnostic about the process within 

which those estimates are used, and it is this process-

agnosticism that lets good models be deployed against 

ill-defined problems, validated against no baseline, 

and left to decay unmonitored. DMAIC, conversely, is 

powerful at process, it insists on a defined problem, a 

measured baseline, root-cause analysis, piloted 

intervention, and sustained control, but its native 

analytical toolkit, forged in manufacturing, is thin 

where the object of study is human demand rather than 

machined tolerance. Each tradition is strong exactly 

where the other is weak, which is why their 

combination is more than additive: the process 

scaffold disciplines the analytics, and the analytics 

supplies the estimation power the scaffold otherwise 

lacks. Neither, deployed alone in a pricing context, 

reliably produces decisions that are simultaneously 

well-estimated and well-governed; together they can. 

The paper makes three contributions. (1) It articulates 

why the two traditions are complementary and what 

each corrects in the other. (2) It specifies a phase-by-

technique-by-lever mapping, presented as an 

architecture and a structured table, that practitioners 

can adopt directly. (3) It surfaces the governance 

requirements (model risk management, fair-pricing 
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controls, and drift monitoring) needed to operate such 

a framework responsibly. The paper is conceptual and 

framework-building; it does not report an empirical 

evaluation, and the illustrative case is stylized. 

Contributions on an allied portfolio of studies 

spanning trade law and compliance, AI and data 

governance, and semiconductor and edge-computing 

engineering inform the framing adopted here [8]–[31]. 

Cognate work addressing predictive analytics for 

retail, finance, and operations provides 

complementary grounding [32]–[39]. A related stream 

of research on financial-fraud detection, audit 

analytics, and risk analytics reinforces these 

observations [40]–[49]. Studies concerned with the 

foundational and directly cited literature underpinning 

the present study offer supporting evidence and 

methods [1]–[7], [50]–[69]. 

II. BACKGROUND 

2.1 DMAIC and Lean Six Sigma 

Six Sigma originated as a defect-reduction program 

and matured into a general methodology for reducing 

process variation and improving quality [6]. Its 

signature improvement cycle, DMAIC, decomposes a 

project into five phases: Define the problem, customer 

requirements, and scope; Measure the current process 

and establish a baseline with valid data; Analyze to 

identify root causes of variation and 

underperformance; Improve by designing and piloting 

interventions; and Control to sustain gains through 

monitoring and standardization. Linderman et al. [7] 

offered one of the first theory-grounded accounts, 

framing Six Sigma’s efficacy in terms of goal-setting 

and method standardization, while Schroeder, 

Linderman, Liedtke, and Choo [66] characterized it 

organizationally as a structured improvement 

infrastructure with a parallel meso-structure of roles 

and metrics. Lean Six Sigma extends the toolkit by 

combining Lean’s focus on flow and waste elimination 

with Six Sigma’s variation reduction [57], [69]. 

Critically, DMAIC embeds a measurement and control 

philosophy, rooted in statistical process control [63], 

[67], that treats improvement as an ongoing capability 

rather than a one-time event. This control orientation 

is the element most often missing from analytics 

initiatives, and it is the reason DMAIC is an attractive 

host structure for pricing analytics. 

The phase-gated structure also carries an 

underappreciated epistemic virtue: it forces the 

sequencing of questions in the order that avoids the 

most expensive mistakes. By insisting that a problem 

be defined before it is measured, and measured before 

it is analyzed, DMAIC prevents the common 

pathology of leaping to a solution before the problem 

is understood or the baseline established. Each gate is 

an opportunity to halt an initiative that has not earned 

the right to proceed, to reject a poorly defined problem 

before resources are spent measuring it, or to reject an 

intervention that a pilot has failed to validate before it 

is scaled. This gating is what gives the methodology 

its characteristic conservatism, and while that 

conservatism can be a drawback in fast-moving 

settings, it is exactly the property that regulated, high-

stakes pricing benefits from, because the cost of a 

confidently deployed but wrong pricing rule is borne 

by real customers and invites regulatory scrutiny. 

Applications of Six Sigma in services and financial 

services are established, though the transactional and 

behavioral nature of financial processes requires 

adapting tools originally built for physical 

manufacturing [51], [52]. The adaptation we pursue 

here is to substitute or augment classical analytical 

tools with modern statistical and machine-learning 

methods where the object of study is demand and 

customer behavior rather than dimensional tolerance. 

The translation from manufacturing to pricing is not 

merely a matter of swapping tools; it changes the 

meaning of several core Six Sigma concepts. In 

manufacturing, “variation” is unambiguously 

undesirable: a process that produces parts of 

inconsistent dimension is a defective process, and the 

goal is to shrink dispersion toward a target. In pricing, 

dispersion is more ambiguous, because some price 

variation is legitimate (it reflects genuine differences 

in customer value, risk, and competitive context) while 

other variation is pure leakage, reflecting inconsistent 

discretion rather than any underlying difference. A 

naive application of variance reduction would 

suppress both, flattening prices toward a uniform level 

and destroying the value that intelligent price 

discrimination captures. The correct adaptation is 

subtler: the target is not zero dispersion but explained 
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dispersion, in which every departure from a reference 

price is attributable to a defensible driver, and the 

“defect” to be eliminated is unexplained dispersion, 

price differences that no legitimate factor accounts for. 

This reframing preserves the Six Sigma instinct to 

hunt down and eliminate unwanted variation while 

respecting the economic reality that in pricing, unlike 

in machining, some variation is the point. 

A parallel reinterpretation applies to the notion of a 

specification limit. In manufacturing, specification 

limits are engineering tolerances set by physical fit or 

function. In pricing, the analogue is a governed price 

corridor: a band, defined by risk grade and segment, 

within which a price is considered in-specification and 

beyond which it requires justification or approval. 

Reconceiving specification limits as pricing corridors 

lets the whole apparatus of process-capability analysis 

and control charting carry over, one can ask how 

capable the current pricing process is of keeping 

realized prices within corridor, and one can monitor 

for out-of-corridor drift over time, while grounding 

those limits in commercial and risk logic rather than 

physical tolerance. These reinterpretations are what 

make DMAIC a natural rather than a forced host for 

pricing work. 

2.2 Pricing and margin management 

The strategic pricing literature distinguishes three 

logics of price setting: cost-based, competition-based, 

and value-based, and argues for value-based pricing 

anchored in the differential economic value a product 

delivers to a segment [1], [59]. Realized margin, 

however, depends less on list price than on the “pocket 

price waterfall”, the cascade of discounts, rebates, and 

terms that separate invoice price from the value 

actually captured [2]. Managing this waterfall requires 

visibility into transaction-level price realization, an 

inherently data-intensive task. 

On the demand side, price optimization and revenue 

management provide formal machinery for setting 

prices under capacity, competition, and heterogeneous 

willingness-to-pay, including the estimation of 

demand and elasticity and the optimization of 

expected contribution [64], [68]. Price elasticity, the 

responsiveness of quantity demanded to price, is the 

central behavioral parameter, and its estimation is a 

classic problem of causal inference given that 

observed prices are rarely randomly assigned [54]. In 

financial services specifically, price also interacts with 

risk: the “cost” of a loan includes expected credit loss 

and capital, so margin optimization must be joint with 

risk-based pricing. 

The distinctive feature of financial-services pricing is 

that “cost” is not a fixed, knowable number but is itself 

a probabilistic, forward-looking estimate. For a 

physical product, the cost of goods sold is largely 

determined at the point of sale; for a loan, the 

dominant cost, expected credit loss, is a projection 

over the life of the exposure, contingent on the 

borrower’s future behavior, macroeconomic 

conditions, and the value of any collateral. To this 

must be added the cost of the capital the exposure 

consumes, itself a function of regulatory rules and the 

firm’s own funding structure. The consequence is that 

risk-based pricing is not an optional refinement but a 

structural necessity: a price that looks profitable 

against origination and servicing cost alone can be 

deeply value-destroying once expected loss and 

capital are charged, and two loans at an identical 

headline rate can have opposite economics if their risk 

profiles differ. Any framework for margin 

optimization in financial services must therefore treat 

expected loss and capital as first-class cost 

components on par with operational cost-to-serve, and 

must recognize that these components carry model 

uncertainty that propagates into every margin estimate 

built upon them. 

On the cost side, activity-based and cost-to-serve 

analysis attributes cost to products, channels, and 

customers according to the activities they consume, 

revealing the true profitability distribution that 

average allocations obscure [56], [61]. The classical 

cost-of-quality framing further links defects and 

rework to margin erosion [60]. Together these 

establish that margin is a system-level outcome of 

cost, price realization, and risk, precisely the kind of 

cross-functional system that DMAIC is designed to 

improve. A recurring finding of activity-based 

analysis in services is the profitability “whale curve,” 

in which a minority of customers or products generate 

more than the whole of reported profit while a long tail 

quietly destroys value, the two offsetting to yield an 

unremarkable average. Average-cost allocation hides 

this structure entirely; only activity-level attribution 
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reveals it, and only once it is revealed can pricing and 

cost interventions be targeted at the segments that 

actually leak value rather than spread indiscriminately 

across a portfolio. 

2.3 Business analytics 

Business analytics spans descriptive, predictive, and 

prescriptive layers [4]. For cost, pricing, and margin 

work the relevant methods include: regression and its 

regularized and hierarchical variants for elasticity and 

cost-driver estimation; classification and propensity 

models (e.g., gradient boosting, logistic regression) for 

attrition, acceptance, and cross-sell likelihood [58]; 

causal-inference methods (instrumental variables, 

difference-in-differences, and experimental A/B 

testing) for isolating the effect of price on demand 

[50], [62]; and optimization methods for choosing 

prices and offers subject to constraints. Interpretability 

and fairness methods are increasingly essential where 

decisions affect consumers and fall under regulatory 

scrutiny [53], [65]. A recurring lesson of the analytics 

literature is that value is realized not by model 

accuracy alone but by embedding models in decision 

processes with feedback and governance [5], which 

returns us to the case for a DMAIC scaffold. 

A distinction that is central to this paper, and that is 

frequently blurred in analytics practice, is the 

difference between prediction and causal inference. A 

predictive model answers the question “what is likely 

to happen given what I observe?”, a question well 

suited to forecasting attrition or estimating the 

probability that an offer is accepted. A causal model 

answers the fundamentally different question “what 

would happen if I intervened?”, for instance, “how 

would acceptance change if I raised this price?” 

Pricing is an intervention: setting a price is an act upon 

the world, not a passive observation of it, and the 

parameter that governs the outcome of that act is a 

causal quantity, the elasticity of demand with respect 

to price. The danger is that a purely predictive model, 

fitted to historical data in which prices were set by past 

commercial judgment, can learn spurious associations 

that reverse under intervention. If high prices were 

historically offered to the least price-sensitive 

customers, a naive predictive model may conclude that 

higher prices are associated with higher acceptance, an 

association that is real in the data but catastrophic if 

acted upon. This is why the framework insists on 

causal estimation in its Analyze phase rather than 

treating any well-fitting predictive model as adequate 

for a pricing decision; the distinction is not academic 

pedantry but the difference between a price change 

that helps and one that harms. 

The prescriptive layer, optimization, inherits the 

quality of the causal estimates it consumes and adds its 

own hazards. An optimizer will faithfully drive prices 

toward whatever the estimated elasticity implies is 

optimal, which means that any error in elasticity is not 

merely reflected but amplified in the recommended 

price, and an optimizer given a misestimated 

parameter will confidently recommend a harmful 

action. Constraints are therefore not incidental garnish 

on the optimization but essential guardrails: 

acceptance-probability floors that protect volume, 

corridor bounds that cap how far a price may move, 

and fairness constraints that forbid disparate outcomes 

are what keep an optimizer’s confidence from 

becoming a liability. This interplay, powerful 

estimation, powerful optimization, and the constant 

risk that both are wrong in ways that only disciplined 

baselining and controlled experimentation can catch, 

is exactly the terrain on which a process scaffold earns 

its keep. 

Contributions on semiconductor, RF/MEMS and 

microelectronic systems engineering and biomedical 

imaging inform the framing adopted here [70]. 

Cognate work addressing marketing analytics and AI-

driven automation in regulated service environments 

provides complementary grounding [71]–[89]. A 

related stream of research on internal audit, risk 

governance, and financial-sector controls reinforces 

these observations [90]–[98]. 

III. THE PROPOSED FRAMEWORK: THE 

DMAIC-ANALYTICS MARGIN ENGINE 

(DAME) 

3.1 Design principles 

DAME rests on four principles. First, define before 

you model: every analytical intervention is scoped to 

a defined margin problem, a customer/segment, and a 

measurable target, avoiding the “model in search of a 

problem” failure. Second, measure the true baseline: 

cost-to-serve, price realization, and risk-adjusted 

margin are quantified at transaction granularity before 
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any change is made, so improvement is provable. 

Third, analyze causally, not just predictively: because 

pricing decisions intervene on the world, the 

framework privileges causal estimation of elasticity 

and treatment effects over purely correlational 

prediction. Fourth, control and govern continuously: 

deployed pricing and cost models are monitored with 

statistical process control and subjected to model-risk 

and fair-pricing governance, so gains are sustained and 

decisions remain auditable. 

These four principles are not independent virtues to be 

pursued in isolation; they are sequenced so that each 

guards against a specific, well-attested failure mode of 

analytics-led pricing. The first principle guards against 

the “solution looking for a problem,” in which a 

capable data-science team builds a technically 

impressive model whose business value no one can 

articulate because no defined margin problem 

preceded it. The second guards against the un-

baselined intervention, the single most common 

reason pricing initiatives cannot demonstrate value: 

without a measured starting point, any subsequent 

movement in margin is confounded with market drift, 

seasonality, and mix shifts, and the initiative’s 

advocates and skeptics argue indefinitely because 

neither can prove their case. The third guards against 

the intervention that reverses under action, the causal-

versus-predictive hazard discussed above. The fourth 

guards against decay and drift, the silent erosion of a 

once-good model as the world moves away from the 

data it was trained on, and against the governance 

vacuum in which a deployed pricing model is no one’s 

responsibility to validate or monitor. Read together, 

the principles encode a simple discipline: know the 

problem before modeling it, know where you stand 

before you move, estimate the effect of moving rather 

than merely the correlates of the status quo, and never 

treat deployment as the end of the work. 

A further design commitment, implicit in the 

principles and made explicit in the architecture, is that 

the framework treats the three levers (cost, price, and 

margin) as a single coupled system rather than three 

separable optimizations. This matters because local 

optimization of any one lever routinely degrades the 

whole: a commercial team optimizing price without 

visibility into cost-to-serve may win volume that is 

unprofitable to serve; an operations team optimizing 

cost without visibility into price realization may strip 

service levels that were sustaining a premium; a 

finance function optimizing reported margin without 

visibility into either may impose blunt repricing that 

sheds the most valuable customers first. The shared 

data spine is the mechanism that makes joint 

optimization possible, because it ensures that every 

phase reasons from one governed representation of 

cost, price, and risk rather than from function-specific 

artifacts that disagree with one another. 

3.2 Architecture (described figure) 

Figure 1 (described) depicts DAME as a closed loop 

wrapped around a shared data-and-decision spine. 

Reading left to right, the five DMAIC phases form a 

horizontal band. Beneath each phase sits a stacked 

“analytics layer” (the technique employed) and a 

“lever layer” (the cost, pricing, or margin lever acted 

upon). Above the phase band runs a persistent 

governance rail (model risk management, fair-pricing 

controls, and data governance) that touches every 

phase rather than sitting at the end. A feedback arrow 

returns from Control back to Define, so that control-

chart signals and drift alerts re-open the cycle. At the 

center, a shared data spine (transaction-level cost, 

price-realization, risk, and behavioral data) feeds 

every phase, ensuring that Measure, Analyze, 

Improve, and Control all draw on one governed source 

of truth rather than function-specific spreadsheets. The 

visual message is that analytics is not a bolt-on to a late 

phase but is distributed across the whole cycle, and 

that governance is a rail, not a gate. 

3.3 Phase-by-phase mapping 

Define. The team frames a specific margin problem 

(for example, “unexplained margin dispersion across 

otherwise similar commercial-lending customers”) 

and translates it into Critical-to-Quality (CTQ) 

requirements: target risk-adjusted margin, acceptable 

price dispersion, and fair-pricing constraints. 

Analytics support at this phase is largely descriptive 

and diagnostic: profitability decomposition, Pareto 

analysis of margin leakage, and stakeholder/customer 

segmentation to bound scope. The lever engaged is 

primarily margin (defining the target) but the phase 

also identifies which of the cost and price levers are 

candidate root causes. 
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Measure. The team establishes a trustworthy baseline. 

On cost, this is activity-based cost-to-serve at 

product/channel/customer granularity [61]. On price, 

it is the reconstructed pocket-price waterfall and 

realized-price distribution [2]. On margin, it is risk-

adjusted margin incorporating expected loss and 

capital cost. Measurement-system analysis, an 

established Six Sigma practice, is adapted to check 

data lineage and definitional consistency across 

systems, and process-capability indices quantify how 

far current price realization sits from target. The lever 

engaged is measurement of all three dimensions; no 

change is yet made. 

Analyze. The team identifies root causes of margin 

leakage. Here analytics is heaviest: price-elasticity 

estimation using causal methods (instrumental 

variables or exploiting historical price variation), 

driver analysis of cost-to-serve via regression, 

propensity models for discount escalation and 

attrition, and segmentation of price sensitivity. 

Classical tools (fishbone, hypothesis testing) organize 

hypotheses, while machine-learning models quantify 

effect sizes. The output is a ranked set of causal drivers 

linking specific levers to margin loss. 

Improve. The team designs and pilots interventions: 

value-based price corridors by segment, risk-based 

pricing rules, discount-authority redesign, and cost-to-

serve interventions (channel migration, straight-

through processing). Prescriptive analytics, 

constrained price optimization maximizing expected 

risk-adjusted contribution subject to fairness and 

volume constraints [64], [68], recommends offers, and 

controlled experiments (A/B tests or geographically 

staggered rollouts) validate impact before scaling [62]. 

All three levers can be acted upon; changes are piloted, 

not deployed wholesale. 

Control. Improvements are institutionalized. 

Statistical process control charts monitor realized 

price, margin, and cost-to-serve for out-of-control 

signals [63]. Model-monitoring dashboards track 

elasticity- and propensity-model drift, calibration, and 

disparate-impact metrics. Standard operating 

procedures, price-governance committees, and 

automated guardrails hold gains. A control-plan 

review escalates persistent signals back to Define, 

closing the loop. The lever engaged is sustainment of 

margin, with continuous monitoring of the cost and 

price mechanisms that produce it. 

The Control phase is where DAME departs most 

sharply from analytics-only practice and where its 

most durable value lies, so it warrants elaboration. The 

central insight imported from statistical process 

control is the distinction between common-cause and 

special-cause variation. Realized margin will always 

fluctuate; the question the control chart answers is 

whether a given fluctuation lies within the range of 

ordinary, expected noise, common cause, or signals 

that something has genuinely changed, special cause, 

warranting investigation. Without this discipline, 

organizations oscillate between two errors: over-

reacting to random noise by re-tuning prices in 

response to fluctuations that mean nothing, thereby 

injecting instability; and under-reacting to genuine 

drift because a slow erosion never crosses an intuitive 

threshold. A properly constructed control chart, with 

limits derived from the measured baseline, 

distinguishes the two and tells the organization when, 

and only when, to act. Applied to a deployed pricing 

model, the same logic monitors not just the business 

outcome but the model itself: a drift in the calibration 

of the elasticity model, or a divergence between 

predicted and realized acceptance, is a special-cause 

signal that the model has aged and that the cycle 

should return to Analyze. 

3.4 Why the loop matters 

The feedback arrow from Control back to Define is the 

feature that converts DAME from a one-off 

improvement project into a standing capability. 

Analytics-only pricing initiatives characteristically 

produce a burst of value at deployment followed by a 

slow decay, because the model is a static artifact fitted 

to a world that then moves on: competitors reprice, 

customer preferences shift, the macroeconomic 

backdrop changes, and the elasticity that was 

accurately estimated last year no longer holds. 

Nothing in an analytics-only program is designed to 

detect this decay or to trigger renewal; the model 

simply becomes quietly wrong. By routing control-

chart signals and drift alerts back into a fresh Define 

phase, DAME institutionalizes renewal, treating the 

erosion of a model’s accuracy not as a failure but as an 

expected, monitored, and automatically escalated 

event. This is the concrete sense in which the 
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framework delivers “continuous improvement” rather 

than a single improvement: the loop, not any 

individual model, is the asset. 

3.4 Mapping table 

Table 1. DAME phase-by-technique-by-lever mapping.

 

DMAIC 

phase 

Primary analytics techniques Cost lever Pricing lever Margin lever 

Define Profitability decomposition; 

Pareto/margin-leakage 

analysis; segmentation; CTQ 

definition 

Identify high cost-to-serve 

segments as scope 

Identify price-

dispersion 

hotspots 

Set risk-adjusted 

margin target and 

fairness 

constraints 

Measure Activity-based cost-to-serve; 

pocket-price waterfall 

reconstruction; measurement-

system analysis; process-

capability indices 

Baseline cost-to-serve by 

product/channel/customer 

Baseline 

realized-price 

distribution 

Baseline risk-

adjusted margin 

incl. expected loss 

and capital 

Analyze Causal elasticity estimation 

(IV/DiD); cost-driver 

regression; 

propensity/attrition models; 

price-sensitivity 

segmentation 

Attribute cost drivers Estimate 

elasticity and 

willingness-to-

pay by segment 

Rank causal 

drivers of margin 

leakage 

Improve Constrained price 

optimization; risk-based 

pricing rules; controlled 

experiments (A/B, staggered 

rollout) 

Channel migration; straight-

through processing 

Value/risk-based 

price corridors; 

discount-

authority 

redesign 

Maximize 

expected risk-

adjusted 

contribution 

Control Statistical process control; 

model-drift and calibration 

monitoring; disparate-impact 

tracking; control plans 

Monitor cost-to-serve 

stability 

Monitor realized 

price vs. corridor 

Sustain margin; 

escalate signals to 

Define 

Governance rail (all phases): model risk management 

(SR 11-7-style validation), fair-pricing and anti-

discrimination controls, data governance and lineage, 

and audit trails. 

Contributions on lean operations and process 

improvement in resource-constrained organizations 

inform the framing adopted here [99]–[107]. Cognate 

work addressing supply-chain management, ESG 

auditing, and sustainable procurement provides 

complementary grounding [108]–[119]. A related 

stream of research on predictive analytics and data-

driven decision-support systems reinforces these 

observations [120]–[129]. 

IV. ILLUSTRATIVE APPLICATION IN A 

FINANCIAL-SERVICES SETTING 

To make DAME concrete we describe a stylized, 

illustrative application, not an empirical study, to a 

mid-sized retail-and-commercial bank optimizing a 

small-business term-lending portfolio. The bank 

suspects that its net interest margin on this portfolio is 

both lower and more dispersed than peer benchmarks 
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suggest it should be, and that discretionary 

relationship-manager discounting is a driver. 

Define. Leadership frames the problem as “excess 

dispersion and downward drift in risk-adjusted margin 

on small-business term loans.” A profitability 

decomposition on the prior year’s originations shows 

that the bottom quartile of loans by margin destroys 

value once expected loss and capital are charged, and 

a Pareto analysis attributes a large share of leakage to 

relationship-manager discretionary rate concessions. 

The CTQ requirements are: raise portfolio risk-

adjusted margin by a target amount, reduce margin 

dispersion, and ensure that any pricing rule is 

defensible under fair-lending review. 

Measure. The team reconstructs each loan’s 

economics: activity-based cost-to-serve (origination, 

underwriting, servicing by channel), the pocket-price 

waterfall (headline rate less concessions, fee waivers, 

and cross-subsidies), and risk-adjusted margin (rate 

less funding cost, expected loss, operating cost-to-

serve, and capital charge). A measurement-system 

review reconciles definitions across the loan-

origination and finance systems, resolving a 

discrepancy in how fee income was attributed. 

Process-capability analysis shows realized spreads 

falling well below the internal target spread for a 

substantial fraction of loans. 

Analyze. Using several years of historical 

originations, the team estimates rate elasticity of 

acceptance by segment. Because offered rates were 

not randomly assigned, they exploit quasi-

experimental variation, periodic changes in internal 

pricing grids that shifted offered rates for otherwise 

similar applicants, as an instrument, and cross-check 

with a difference-in-differences comparison around a 

past grid change. A gradient-boosted propensity model 

predicts the probability that a relationship manager 

escalates a discount, identifying deal and RM 

characteristics associated with unnecessary 

concessions. The analysis concludes that (i) 

acceptance is materially less rate-elastic for well-

collateralized incumbents than assumed, implying 

under-pricing, and (ii) discount escalation is 

concentrated in a subset of RMs and deal types rather 

than driven by genuine competitive pressure. 

Improve. The team designs value-and-risk-based price 

corridors: a target spread by risk grade and segment, 

with a bounded RM discretion band and mandatory 

approval beyond it. A constrained optimization 

recommends corridor midpoints that maximize 

expected risk-adjusted contribution subject to 

acceptance-probability floors (to protect volume) and 

a fairness constraint ensuring corridors do not produce 

disparate outcomes across protected classes for 

equivalent risk. Rather than a full rollout, the bank 

runs a staggered pilot across regions, holding out 

control regions, and validates that realized margin 

rises without acceptance falling below the floor. 

Control. On scale-up, control charts monitor weekly 

realized spread, margin dispersion, and cost-to-serve, 

flagging out-of-control regions for review. A model-

monitoring routine tracks elasticity-model calibration 

and the discount-propensity model’s drift, and a 

disparate-impact dashboard is reviewed by a pricing-

governance committee. Persistent breaches trigger a 

return to Define. The illustrative outcome is a higher 

and tighter risk-adjusted margin distribution achieved 

through disciplined, auditable pricing rather than blunt 

across-the-board repricing, an outcome attributable to 

the fusion of causal analytics with DMAIC control, 

and one whose fairness and rationale can be evidenced 

to regulators. 

Several features of the illustration are worth drawing 

out because they generalize beyond the specific case. 

First, the value did not come from a single dramatic 

insight but from the disciplined sequence itself: the 

measurement phase corrected a fee-attribution 

discrepancy that, left unresolved, would have biased 

every downstream margin estimate; the analysis phase 

overturned an assumed elasticity that had been quietly 

costing the bank money through systematic under-

pricing of its least price-sensitive segment; and the 

control phase ensured the correction did not decay. 

Remove any one phase and the outcome degrades, an 

un-measured baseline would have left the under-

pricing invisible, a purely predictive analysis might 

have reinforced rather than corrected it, and an 

uncontrolled rollout would have let relationship-

manager discretion gradually reassert itself. Second, 

the intervention was surgical rather than blunt: 

because the analysis localized leakage to a subset of 

relationship managers and deal types, the remedy 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 848 

could be a bounded discretion band and targeted 

approval rules rather than an across-the-board rate 

increase that would have shed the bank’s best-priced, 

most valuable customers first. This precision is the 

practical payoff of activity-level measurement and 

causal analysis, and it is exactly what average-based, 

intuition-led repricing cannot achieve. 

Third, and critically for a regulated setting, the fairness 

constraint was not an afterthought applied at the end 

but a design parameter of the optimization and a 

monitored metric in control. The corridors were 

constructed so that equivalent risk produced 

equivalent pricing regardless of protected-class 

membership, and the disparate-impact dashboard 

made any drift toward disparate outcomes a visible, 

escalatable signal rather than a latent liability 

discovered only under regulatory examination. The 

illustration thus shows the governance rail operating 

as intended, as a property built into every phase rather 

than a compliance check bolted on after the 

commercial work is done. It is worth restating that this 

is a stylized narrative offered to make the framework 

concrete, not an empirical result; its purpose is to show 

how the pieces fit and reinforce one another, and the 

quantities it references are illustrative rather than 

measured. 

Contributions on strategic procurement, supplier 

management, and supply-chain analytics inform the 

framing adopted here [130]–[145]. Cognate work 

addressing financial analytics, audit, IT-risk and 

governance across the wider research portfolio 

provides complementary grounding [146]–[283]. A 

related stream of research on enterprise IT systems, 

cloud migration, and service management reinforces 

these observations [284]–[294]. 

V. DISCUSSION 

5.1 Benefits 

The framework’s central benefit is that it corrects the 

complementary weaknesses of its two parents. 

Classical DMAIC brings measurement discipline, 

root-cause rigor, and sustained control, but its default 

toolkit, designed for manufacturing variation, is 

under-powered for estimating demand, elasticity, and 

heterogeneous customer behavior. Modern analytics 

brings that estimation power but is chronically weak 

on problem definition, baselining, and post-

deployment control. Embedding analytics inside 

DMAIC yields pricing and cost decisions that are 

simultaneously well-estimated and well-governed. A 

second benefit is cross-functional integration: because 

cost, price, and risk feed a shared data spine, margin is 

optimized as a system rather than through the local 

optimization of siloed functions that characterizes the 

pocket-price problem [2]. A third benefit is 

auditability: the Define and Control phases produce 

exactly the documentation (defined objectives, 

measured baselines, validated interventions, 

monitored outcomes) that conduct regulators and 

model-risk functions demand [3], [55]. 

A fourth, less obvious benefit is cultural and 

organizational. Pricing decisions in many financial-

services firms are contested terrain, where commercial 

teams, risk functions, and finance hold divergent 

views and where debates are settled by seniority or 

anecdote rather than evidence. By imposing a shared 

vocabulary (defined problem, measured baseline, 

estimated effect, controlled result) and a shared source 

of truth, the framework shifts these debates onto 

empirical ground. A relationship manager’s claim that 

a discount was necessary to win a deal becomes 

testable against the estimated elasticity and the 

discount-propensity model rather than accepted on 

assertion; a finance concern about margin erosion 

becomes a specific control-chart signal rather than a 

generalized anxiety. This depersonalization of pricing 

disputes is valuable in itself, because it converts 

recurring political battles into resolvable empirical 

questions and gives the several functions a common 

frame within which to disagree productively. The 

framework, in other words, does not only improve 

individual decisions; it improves the process by which 

the organization argues about them. 

It is also worth being clear about what the framework 

does not claim. It does not claim that analytics or 

DMAIC is dispensable, each remains essential, nor 

that the fusion guarantees a better outcome in every 

instance. Its claim is narrower and, we think, more 

defensible: that the characteristic failure modes of 

analytics-led pricing are process failures, not 

technique failures, and that a process methodology 

built for exactly these failures is therefore the 

appropriate host for the technique. Where a firm 
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already possesses mature pricing governance and 

disciplined baselining, the marginal contribution of the 

DMAIC scaffold is smaller, and the benefit reduces to 

the estimation power of the analytics alone. The 

framework is most valuable precisely where it is most 

needed: in organizations that have invested in 

analytical capability but have watched that capability 

underdeliver for want of the surrounding discipline. 

5.2 Limitations 

Several limitations temper these claims. First, the 

paper is conceptual; DAME has not been empirically 

validated, and the illustrative case is stylized. Second, 

causal elasticity estimation is genuinely hard: 

instruments are imperfect, historical price variation 

may be confounded, and misestimated elasticity can 

lead the optimizer to harmful prices, an argument for 

the conservative corridors and controlled experiments 

the framework prescribes. Third, DMAIC’s phase-

gated cadence can be slower than the near-real-time 

repricing that some digital markets demand; DAME 

suits deliberate, high-stakes pricing better than high-

frequency algorithmic pricing, though the Control 

loop can host faster automated adjustment within pre-

approved bounds. Fourth, organizational capability is 

a binding constraint: the framework presumes data at 

transaction granularity, analytics talent, and 

functioning governance, none of which can be 

assumed. Fifth, cost-to-serve and risk models carry 

their own uncertainty that propagates into margin 

estimates. 

A sixth limitation is more subtle and concerns the 

interaction between measurement and behavior. Once 

relationship managers, underwriters, or pricing 

analysts know that a particular metric is being 

monitored and that departures from corridor trigger 

review, their behavior adapts, sometimes toward the 

intended discipline, but sometimes toward gaming the 

metric while preserving the underlying practice. A 

discretion band that caps rate concessions may simply 

displace leakage into fee waivers or cross-subsidies 

that the monitored metric does not capture, unless the 

measurement is comprehensive enough to reconstruct 

the full pocket-price waterfall. This is the pricing 

analogue of the well-known hazard that any measure 

adopted as a target degrades as a measure, and it 

implies that the Measure and Control phases must 

anticipate adaptive responses and monitor the whole 

economics of a deal rather than any single lever in 

isolation. Seventh, and finally, the framework’s very 

discipline carries an opportunity cost: the deliberate 

cadence of define, measure, analyze, improve, and 

control consumes time and analyst effort that a firm 

facing a fast-moving competitive threat may not have, 

and there will be circumstances in which a rapid, 

approximate repricing beats a rigorous but slow one. 

Recognizing where the framework’s deliberateness is 

an asset and where it is a liability is part of applying it 

well; DAME is a method for high-stakes, contestable, 

regulated pricing decisions, not a universal substitute 

for commercial judgment under time pressure. 

5.3 Governance 

Because DAME acts on consumer and commercial 

pricing, governance is not optional. Deployed 

elasticity, propensity, and optimization models are 

models in the regulatory sense and should be subject 

to model risk management, independent validation, 

documentation, and ongoing monitoring in the spirit of 

supervisory guidance on model risk [55]. Fair-pricing 

and anti-discrimination controls must ensure that 

optimization does not produce or entrench disparate 

outcomes, which requires disparate-impact testing 

and, ideally, interpretable models or post-hoc 

explanations for contested decisions [53], [65]. Data 

governance (lineage, quality, and access control) 

underpins the shared spine. Positioning governance as 

a rail spanning all phases, rather than a final 

checkpoint, is a deliberate design choice: it makes 

fairness and model risk first-class concerns from 

Define onward. 

Contributions on financial analytics, planning, and 

enterprise decision systems inform the framing 

adopted here [295]–[307]. Cognate work addressing 

cybersecurity, data governance, and IT-risk 

management provides complementary grounding 

[308]–[325]. A related stream of research on 

enterprise IT service delivery and security operations 

reinforces these observations [326]–[331]. 

VI. FUTURE WORK 

Four directions follow. First, empirical validation: 

field studies applying DAME across financial-services 

sub-sectors (lending, insurance, payments, wealth) 

would test whether the fusion outperforms analytics-
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only or Six-Sigma-only baselines on realized margin 

and on governance outcomes. Second, causal and 

experimental depth: integrating modern causal 

machine learning (e.g., causal forests, uplift modeling) 

and continuous experimentation into the Analyze and 

Improve phases could sharpen elasticity estimates and 

personalize interventions while preserving auditability 

[62]. Third, dynamic control via reinforcement 

learning: the Control phase could host constrained 

reinforcement-learning agents that adjust prices within 

governed corridors in response to control-chart 

signals, blending continuous optimization with Six 

Sigma control, subject to strong safety and fairness 

guardrails. Fourth, responsible-analytics governance: 

developing standardized fairness metrics, 

documentation templates, and validation protocols 

specific to pricing models would help operationalize 

the governance rail and align with emerging AI-

governance expectations. Comparative and cross-

jurisdictional studies of how conduct regulation 

shapes feasible pricing analytics would also be 

valuable. 

The reinforcement-learning direction merits a note of 

caution alongside its promise, because it is where the 

framework’s control philosophy is most tested. A 

learning agent that adjusts prices autonomously in 

response to observed outcomes is, in effect, running 

perpetual uncontrolled experiments on live customers, 

and without careful constraint it can wander into 

regions of the price space that are profitable in the 

short run but corrosive of fairness, reputation, or long-

term relationship value. The Six Sigma control 

apparatus is precisely what would make such an agent 

governable: the governed corridors bound where it 

may explore, the control charts detect when its 

behavior drifts out of specification, and the fairness 

constraints forbid outcomes that regulation prohibits. 

The research question is not whether reinforcement 

learning can price, it demonstrably can, but whether it 

can be embedded within a control-and-governance 

scaffold strong enough that its autonomy never 

exceeds what the organization can supervise and 

defend. Framing autonomous pricing as constrained 

optimization within a human-governed control plane, 

rather than as unconstrained learning, is the version of 

this direction that we regard as responsible and 

tractable. 

A fifth direction concerns the measurement 

infrastructure itself. The framework presumes 

transaction-granular cost, price-realization, and risk 

data flowing into a shared spine, yet in many firms this 

data is fragmented, inconsistently defined, and of 

uneven quality, the very condition the Measure phase 

is meant to remedy but which can also block the 

framework’s adoption. Research and practice on data 

governance, lineage, and definitional reconciliation 

specific to margin analytics would lower this barrier, 

and studying how firms bootstrap from fragmented 

data to a governed spine, what sequence of 

investments unlocks the framework at least cost, 

would have direct practical value. Finally, longitudinal 

study of the loop itself would be illuminating: whether 

organizations that institutionalize the Control-to-

Define feedback genuinely sustain margin gains over 

multiple cycles, or whether the discipline decays once 

the initiating project’s sponsors move on, is an 

empirical question about organizational durability that 

only time-series field evidence can answer. 

Contributions on corporate treasury and strategic 

finance inform the framing adopted here [332]–[336]. 

Cognate work addressing enterprise cybersecurity and 

cyber-defense engineering provides complementary 

grounding [337]–[345]. A related stream of research 

on blockchain-enabled cross-border payment systems 

reinforces these observations [346]–[350]. 

VII. CONCLUSION 

Cost, pricing, and margin optimization in financial 

services fails not primarily for want of analytical 

technique but for want of a disciplined, governed 

process in which technique is embedded. This paper 

proposed the DMAIC-Analytics Margin Engine, a 

conceptual framework that maps each DMAIC phase 

to specific analytics methods and specific cost, 

pricing, and margin levers, wraps them in a continuous 

control loop, and threads governance through every 

phase. The framework’s promise is decisions that are 

at once better estimated and better controlled: value-

based, risk-aware prices set on measured baselines, 

validated by experiment, monitored by statistical 

process control, and defensible to regulators. We have 

argued the case conceptually and illustrated it with a 

stylized lending application; the essential next step is 

empirical validation. If the synthesis holds, its broader 

lesson is methodological, that the durable value of 
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analytics in regulated commercial decisions comes 

from marrying estimation power to the measurement-

and-control discipline that process-improvement 

methodologies have long embodied. 

REFERENCES 

 

[1] Nagle, T. T., & Müller, G. (2018). The strategy 

and tactics of pricing: A guide to growing more 

profitably (6th ed.). Routledge. 

https://doi.org/10.4324/9781315099576 

[2] Marn, M. V., & Rosiello, R. L. (1992). 

Managing price, gaining profit. Harvard 

Business Review, 70(5), 84–94. 

[3] Financial Conduct Authority. (2018). Price 

discrimination in the cash savings market 

(Discussion Paper DP18/6). 

https://www.fca.org.uk/publications/discussio

n-papers/dp18-6-price-discrimination-cash-

savings-market 

[4] Davenport, T. H., & Harris, J. G. (2017). 

Competing on analytics: Updated, with a new 

introduction: The new science of winning. 

Harvard Business Review Press. 

[5] Provost, F., & Fawcett, T. (2013). Data science 

for business: What you need to know about 

data mining and data-analytic thinking. 

O’Reilly Media. 

[6] Pyzdek, T., & Keller, P. (2018). The Six Sigma 

handbook (5th ed.). McGraw-Hill Education. 

[7] Linderman, K., Schroeder, R. G., Zaheer, S., & 

Choo, A. S. (2003). Six Sigma: A goal-

theoretic perspective. Journal of Operations 

Management, 21(2), 193–203. 

https://doi.org/10.1016/S0272-

6963(02)00087-6 

[8] Adenuga, O. M. (2022). Smart grid 

architectures and energy distribution for high 

renewable penetration: A comprehensive 

review of technologies, operations, and 

deployment pathways. International Journal of 

Engineering and Modern Technology, 8(5), 

125–155. 

https://doi.org/10.56201/ijemt.v8.no5.2022.pg

125.155 

[9] Atta, S., Onyishi, E. E., Appiah, S. A., & 

Adenuga, O. M. (2024). Theoretical analysis of 

charge transport and recombination losses in 

thin film solar cell architectures. International 

Journal of Engineering and Modern 

Technology, 10(10), 147–170. 

https://doi.org/10.56201/ijemt.v10.no10.2024.

pg147.170 

[10] Jones, B. C., & Ominyi, M. (2020). A review 

of legal barriers to import-export participation 

for Nigerian entrepreneurs. IIARD 

International Journal of Economics and 

Business Management, 6(4), 51–70. 

https://doi.org/10.56201/ijebm.vol.6.no4.2020.

pg51.70 

[11] Jones, B. C., & Ominyi, M. (2021). Developing 

a conceptual framework linking West African 

agricultural value chains to household 

economic stability. International Journal of 

Economics and Financial Management, 6(2), 

89–114. 

https://doi.org/10.56201/ijefm.v6.no2.2021.pg

89.114 

[12] Jones, B. C., & Ominyi, M. (2022a). A 

systematic review of market access outcomes 

from free trade agreements and duty preference 

programs for locally made African goods. 

IIARD International Journal of Economics and 

Business Management, 8(6), 67–95. 

https://doi.org/10.56201/ijebm.v8.no6.2022.pg

67.95 

[13] Jones, B. C., & Ominyi, M. (2022b). Toward a 

conceptual framework for agricultural export 

promotion under the African Continental Free 

Trade Area. IIARD Journal of Business and 

African Economy, 8(1), 88–118. 

https://doi.org/10.56201/jbae.v8.no1.2022.pg8

8.118 

[14] Jones, B. C., & Ominyi, M. (2023). Reviewing 

compliance frameworks for technology 

transfers between developed and emerging 

markets in an era of export controls and 

sanctions. World Journal of Innovation and 

Modern Technology, 7(2), 121–149. 

https://doi.org/10.56201/wjimt.v7.no2.2023.p

g121.149 

[15] Jones, B. C., & Ominyi, M. (2024a). 

Applications of artificial intelligence in 

customs administration and trade facilitation: 

A review. World Journal of Innovation and 

Modern Technology, 8(6), 181–217. 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 852 

https://doi.org/10.56201/wjimt.v8.no6.2024.p

g181.217 

[16] Jones, B. C., & Ominyi, M. (2024b). A 

conceptual framework for harmonizing digital 

trade regulations in cross-border e-commerce 

between the United States and Nigeria. 

International Journal of Economics and 

Financial Management, 9(9), 337–364. 

https://doi.org/10.56201/ijefm.v9.no9.2024.pg

337.364 

[17] Nwakamma, S., Ojukwu, J., & Oyesiji, S. O. 

(2024a). LLM-as-a-judge for automated model 

governance: A review of methods, biases, and 

release-gating practices. World Journal of 

Innovation and Modern Technology, 8(6), 

185–216. 

https://doi.org/10.56201/wjimt.v8.no6.2024.p

g185.216 

[18] Nwakamma, S., Ojukwu, J., & Oyesiji, S. O. 

(2024b). Securing agentic AI enterprise 

workflows against prompt injection, tool 

poisoning, memory manipulation, and 

excessive agency threats. World Journal of 

Innovation and Modern Technology, 8(6), 

217–248. 

https://doi.org/10.56201/wjimt.v8.no6.2024.p

g217.248 

[19] Ojukwu, J., Oyesiji, S. O., & Nwakamma, S. 

(2023). Cyber-physical ransomware defense in 

operational technology using physics-informed 

detection, digital twins, network telemetry, and 

resilient recovery. International Journal of 

Computer Science and Mathematical Theory, 

9(5), 193–228. 

https://doi.org/10.56201/ijcsmt.v9.no5.2023.p

g193.228 

[20] Ominyi, M. (2020). Developing a conceptual 

framework for post-merger compliance 

integration in multi-jurisdictional banking 

transaction. IIARD International Journal of 

Banking and Finance Research, 6(3), 78–95. 

https://doi.org/10.56201/ijbfr.vol.6.no3.2020.p

g78.95 

[21] Ominyi, M. (2021). Toward a conceptual 

framework for embedding privacy by design in 

corporate restructuring and transaction 

structuring. Journal of Accounting and 

Financial Management, 7(5), 152–173. 

https://doi.org/10.56201/jafm.vol.7.no5.2021.

p152.173 

[22] Ominyi, M., & Anichukwueze, C. C. (2020). A 

review of regulatory clearance frameworks for 

cross-border mergers and acquisitions in 

African financial markets. Journal of 

Accounting and Financial Management, 6(4), 

73–99. 

https://doi.org/10.56201/jafm.vol.6.no4.2020.

pg73.99 

[23] Ominyi, M., & Anichukwueze, C. C. (2021). A 

systematic review of anti-money laundering 

and anti-bribery compliance regimes across 

emerging and developed markets. International 

Journal of Economics and Financial 

Management, 6(2), 89–118. 

https://doi.org/10.56201/ijefm.v6.no2.2021.pg

89.118 

[24] Ominyi, M., & Anichukwueze, C. C. (2022a). 

A conceptual framework for harmonizing data 

protection compliance across GDPR, NDPR, 

and United States privacy regimes. 

International Journal of Social Sciences and 

Management Research, 8(5), 148–174. 

https://doi.org/10.56201/ijssmr.v8.no5.2022.p

g148.174 

[25] Ominyi, M., & Anichukwueze, C. C. (2022b). 

Reviewing greenhouse gas disclosure and ESG 

compliance obligations for energy and 

infrastructure enterprises under evolving 

regulatory regimes. International Journal of 

Economics and Financial Management, 7(6), 

94–124. 

https://doi.org/10.56201/ijefm.v7.no6.2022.pg

94.124 

[26] Ominyi, M., & Anichukwueze, C. C. (2023). A 

review of algorithmic accountability and model 

risk management approaches in financial 

services. Journal of Accounting and Financial 

Management, 9(12), 218–238. 

https://doi.org/10.56201/jafm.v9.no12.2023.p

g218.238 

[27] Ominyi, M., & Anichukwueze, C. C. (2024). 

Conceptualizing responsible AI governance 

structures for automated decision systems in 

regulated industries. International Journal of 

Social Sciences and Management Research, 

10(11), 403–430. 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 853 

https://doi.org/10.56201/ijssmr.v10.no11.2024

.pg.403.430 

[28] Ominyi, M., Anichukwueze, C. C., & 

Uzougbo, N. S. (2024a). Developing a 

conceptual framework for AI-assisted 

compliance monitoring and anomaly detection 

in high-volume transaction environments. 

World Journal of Innovation and Modern 

Technology, 8(6), 204–228. 

https://doi.org/10.56201/wjimt.v8.no6.2024.p

g204.228 

[29] Ominyi, M., Anichukwueze, C. C., & 

Uzougbo, N. S. (2024b). A systematic review 

of organizational readiness for the EU 

Artificial Intelligence Act in multinational 

enterprises. World Journal of Innovation and 

Modern Technology, 8(6), 185–203. 

https://doi.org/10.56201/wjimt.v8.no6.2024.p

g185.203 

[30] Oyesiji, S. O., Nwakamma, S., & Ojukwu, J. 

(2023). Parameter-efficient multilingual 

adaptation of on-device language models: A 

survey. International Journal of Engineering 

and Modern Technology, 9(3), 287–320. 

https://doi.org/10.56201/ijcsmt.v9.no3.2023.p

g287.320 

[31] Oyesiji, S. O., Nwakamma, S., & Ojukwu, J. 

(2024). A conceptual framework for context-

aware data curation in fine-tuning pipelines. 

International Journal of Engineering and 

Modern Technology, 10(11), 197–228. 

https://doi.org/10.56201/ijemt.v10.no11.2024.

pg197.228 

[32] Tonoyan, A., Dada, O., & Ayivi-Donkor, S. S. 

(2021a). Advances in demand forecasting: 

Machine learning algorithms for revenue 

projection and financial planning accuracy. 

Gyanshauryam, International Scientific 

Refereed Research Journal, 4(1), 282-317. 

[33] Tonoyan, A., Dada, O., & Ayivi-Donkor, S. S. 

(2021b). Predictive cash flow modeling in 

retail: A review of advanced forecasting and 

working capital optimization. Shodhshauryam, 

International Scientific Refereed Research 

Journal, 4(3), 366-397. 

[34] Tonoyan, A., Dada, O., & Ayivi-Donkor, S. S. 

(2022a). Advances in geospatial analysis: 

Predictive analytics methods for store location 

selection and market entry return on 

investment. International Journal of Marketing 

and Communication Studies, 6(2), 78-105. 

https://doi.org/10.56201/ijmcs.v6.no2.2022.pg

78.105 

[35] Tonoyan, A., Dada, O., & Ayivi-Donkor, S. S. 

(2022b). Algorithmic process optimization and 

cost reduction: A review of simulation 

modeling and financial impact assessment. 

Journal of Accounting and Financial 

Management, 8(8), 139-169. 

https://doi.org/10.56201/jafm.vol.8.no8.2022.

p139.169 

[36] Tonoyan, A., Dada, O., & Ayivi-Donkor, S. S. 

(2022c). Conceptual model for predictive cost 

optimization: Machine learning applications in 

business transformation analysis. International 

Journal of Economics and Business 

Management, 8(6), 68-102. 

https://doi.org/10.56201/ijebm.v8.no6.2022.pg

68.102 

[37] Tonoyan, A., Dada, O., & Ayivi-Donkor, S. S. 

(2023). A conceptual framework for retail asset 

valuation: Integrating quantitative pricing and 

multi-unit financial performance prediction. 

Journal of Accounting and Financial 

Management, 9(12), 218-250. 

https://doi.org/10.56201/jafm.v9.no12.2023.p

g218.250 

[38] Tonoyan, A., Dada, O., & Ayivi-Donkor, S. S. 

(2024a). Advances in supply chain resilience: 

Predictive models for vendor risk assessment 

and procurement cost optimization. 

International Journal of Social Sciences and 

Management Research, 10(11), 525-551. 

https://doi.org/10.56201/ijssmr.v10.no11.2024

.pg.525.551 

[39] Tonoyan, A., Dada, O., & Ayivi-Donkor, S. S. 

(2024b). Real-time KPI tracking systems: A 

review of automated performance monitoring 

and data-driven decision making. World 

Journal of Innovation and Modern Technology, 

8(6), 247-281. 

https://doi.org/10.56201/wjimt.v8.no6.2024.p

g247.281 

[40] Abetoh, N. F., & Atakpa, M. I. (2024). Audit 

analytics in healthcare financial oversight: 

Leveraging data science to strengthen 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 854 

accountability in multilateral grant ecosystems. 

International Journal of Scientific Research in 

Computer Science, Engineering and 

Information Technology, 10(6), 2710-2747. 

https://doi.org/10.32628/CSEIT2410791 

[41] Atakpa, M. I. (2021). A review of predictive 

analytics models for anti-money laundering 

detection in commercial banking systems. 

International Journal of Scientific Research in 

Computer Science, Engineering and 

Information Technology, 7(2), 778-804. 

https://doi.org/10.32628/CSEIT2064813 

[42] Atakpa, M. I., & Abetoh, N. F. (2022). A 

systematic review of machine learning 

advances in financial fraud detection for 

banking systems. International Journal of 

Scientific Research in Computer Science, 

Engineering and Information Technology, 

8(2), 771-801. 

https://doi.org/10.32628/CSEIT23906220 

[43] Atakpa, M. I., & Abolaji, T. O. (2022). A 

privacy-preserving data architecture model for 

regulated industry analytics under GDPR and 

HIPAA compliance. International Journal of 

Scientific Research in Computer Science, 

Engineering and Information Technology, 

8(3), 781-808. 

https://doi.org/10.32628/CSEIT22558 

[44] Atakpa, M. I., & Fobellah, A. N. (2023). 

Anomaly detection in financial time-series 

data: A conceptual model for healthcare and 

banking applications. International Journal of 

Scientific Research in Computer Science, 

Engineering and Information Technology, 

9(2), 967-997. 

https://doi.org/10.32628/CSEIT2342441 

[45] Atakpa, M. I., Abetoh, N. F., & Akeju, B. 

(2024a). Advances in artificial intelligence for 

healthcare payment fraud detection: A review 

of NHS applications. International Journal of 

Scientific Research in Computer Science, 

Engineering and Information Technology, 

10(4), 1161-1194. 

https://doi.org/10.32628/CSEIT26123240 

[46] Atakpa, M. I., Abolaji, T. O., & Abetoh, N. F. 

(2024b). Statistical time-series models for 

long-range public health trend forecasting: A 

review and conceptual framework. 

International Journal of Scientific Research in 

Computer Science, Engineering and 

Information Technology, 10(6), 2748-2780. 

https://doi.org/10.32628/CSEIT2410792 

[47] Atakpa, M. I., Abolaji, T. O., & Akeju, B. 

(2023). A review of natural language 

processing for social media-based public health 

surveillance and analytics. International 

Journal of Scientific Research in Computer 

Science, Engineering and Information 

Technology, 9(6), 1030-1060. 

https://doi.org/10.32628/CSEIT23906783 

[48] Eboh, E. E., & Aliliele, C. (2023). Portfolio risk 

optimization models for venture capital 

investment strategy and fraud exposure 

analysis. Iconic Research and Engineering 

Journals, 7(4), 759-792. 

https://doi.org/10.64388/IREV7I4-1715305 

[49] Eboh, E. E., & Aliliele, C. (2024). AI-driven 

data analytics framework for risk assessment 

and detection of venture capital and private 

equity investment fraud in U.S. capital markets. 

International Journal of Scientific Research in 

Computer Science, Engineering and 

Information Technology, 10(6), 2624-2665. 

https://doi.org/10.32628/CSEIT2410787 

[50] Angrist, J. D., & Pischke, J.-S. (2009). Mostly 

harmless econometrics: An empiricist’s 

companion. Princeton University Press. 

https://doi.org/10.1515/9781400829828 

[51] Antony, J. (2006). Six Sigma for service 

processes. Business Process Management 

Journal, 12(2), 234–248. 

https://doi.org/10.1108/14637150610657558 

[52] Antony, J., Kumar, M., & Madu, C. N. (2005). 

Six Sigma in small- and medium-sized UK 

manufacturing enterprises: Some empirical 

observations. International Journal of Quality 

& Reliability Management, 22(8), 860–874. 

https://doi.org/10.1108/02656710510617265 

[53] Barocas, S., Hardt, M., & Narayanan, A. 

(2023). Fairness and machine learning: 

Limitations and opportunities. MIT Press. 

https://fairmlbook.org 

[54] Bijmolt, T. H. A., van Heerde, H. J., & Pieters, 

R. G. M. (2005). New empirical 

generalizations on the determinants of price 

elasticity. Journal of Marketing Research, 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 855 

42(2), 141–156. 

https://doi.org/10.1509/jmkr.42.2.141.62296 

[55] Board of Governors of the Federal Reserve 

System. (2011). Supervisory guidance on 

model risk management (SR Letter 11-7). 

https://www.federalreserve.gov/supervisionre

g/srletters/sr1107.htm 

[56] Cooper, R., & Kaplan, R. S. (1991). Profit 

priorities from activity-based costing. Harvard 

Business Review, 69(3), 130–135. 

[57] George, M. L. (2002). Lean Six Sigma: 

Combining Six Sigma quality with Lean speed. 

McGraw-Hill. 

[58] Hastie, T., Tibshirani, R., & Friedman, J. 

(2009). The elements of statistical learning: 

Data mining, inference, and prediction (2nd 

ed.). Springer. https://doi.org/10.1007/978-0-

387-84858-7 

[59] Hinterhuber, A. (2004). Towards value-based 

pricing: An integrative framework for decision 

making. Industrial Marketing Management, 

33(8), 765–778. 

https://doi.org/10.1016/j.indmarman.2003.10.

006 

[60] Juran, J. M., & Godfrey, A. B. (1999). Juran’s 

quality handbook (5th ed.). McGraw-Hill. 

[61] Kaplan, R. S., & Cooper, R. (1998). Cost & 

effect: Using integrated cost systems to drive 

profitability and performance. Harvard 

Business School Press. 

[62] Kohavi, R., Tang, D., & Xu, Y. (2020). 

Trustworthy online controlled experiments: A 

practical guide to A/B testing. Cambridge 

University Press. 

https://doi.org/10.1017/9781108653985 

[63] Montgomery, D. C. (2019). Introduction to 

statistical quality control (8th ed.). Wiley. 

[64] Phillips, R. L. (2005). Pricing and revenue 

optimization. Stanford University Press. 

https://doi.org/10.1515/9781503624238 

[65] Rudin, C. (2019). Stop explaining black box 

machine learning models for high stakes 

decisions and use interpretable models instead. 

Nature Machine Intelligence, 1(5), 206–215. 

https://doi.org/10.1038/s42256-019-0048-x 

[66] Schroeder, R. G., Linderman, K., Liedtke, C., 

& Choo, A. S. (2008). Six Sigma: Definition 

and underlying theory. Journal of Operations 

Management, 26(4), 536–554. 

https://doi.org/10.1016/j.jom.2007.06.007 

[67] Shewhart, W. A. (1931). Economic control of 

quality of manufactured product. D. Van 

Nostrand Company. 

[68] Talluri, K. T., & van Ryzin, G. J. (2004). The 

theory and practice of revenue management. 

Springer. https://doi.org/10.1007/b139000 

[69] Womack, J. P., & Jones, D. T. (2003). Lean 

thinking: Banish waste and create wealth in 

your corporation (Rev. ed.). Free Press. 

[70] Ejofodomi, O. A., Gideon, E. N., Oladipo, G. 

O., & Oshomah, E. R. (2014). Automated 

detection of architectural detection in 

mammograms using template matching. 

International Journal of Biomedical Science 

and Engineering, 2(1), 1–6. 

[71] Atima, M. E., Sanni, J. O., & Attah, A. (2022). 

Predictive audience segmentation models 

resolving targeting inefficiencies in regulated 

professional service enterprises. 

Shodhshauryam, International Scientific 

Refereed Research Journal, 5(1), 271-303. 

https://doi.org/10.32628/SHISRRJ247134 

[72] Ogundairo, K. M., & Ayivi-Donkor, S. S. 

(2023a). Machine learning approaches to 

customer acquisition and retention: A 

framework for predictive lifecycle 

management. IIARD International Journal of 

Economics and Business Management, 9(10), 

210-246. 

https://doi.org/10.56201/ijebm.v9.no10.2023.p

g210.246 

[73] Ogundairo, K. M., & Ayivi-Donkor, S. S. 

(2023b). Telemetry-driven value realization: 

Infusing economic evaluation algorithms 

directly into enterprise data pipelines. 

International Journal of Economics and 

Financial Management, 8(8), 195-232. 

https://doi.org/10.56201/ijefm.v8.no8.2023.pg

195.232 

[74] Ogundairo, K. M., & Ayivi-Donkor, S. S. 

(2024a). Bridging the adoption gap: Why 

supply chain AI fails without product 

marketing principles. International Journal of 

Marketing and Communication Studies, 8(5), 

169-205. 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 856 

https://doi.org/10.56201/ijmcs.v8.no5.2024.pg

169.205 

[75] Ogundairo, K. M., & Ayivi-Donkor, S. S. 

(2024b). The vanishing interface: Why the 

coming era of autonomous agents demands a 

paradigm shift in product marketing 

architecture. IIARD International Journal of 

Economics and Business Management, 10(11), 

350-385. 

https://doi.org/10.56201/ijebm.v10.no11.2024.

pg350.385 

[76] Sanni, J. O., & Atima, M. E. (2021a). Analytics 

driven go to market frameworks addressing 

compliance sustainability complexity. 

International Journal of Multidisciplinary 

Research and Growth Evaluation, 2(6), 647-

660. 

[77] Sanni, J. O., & Atima, M. E. (2021b). Business 

intelligence dashboard frameworks resolving 

executive visibility gaps in strategic marketing 

governance. International Journal of 

Multidisciplinary Research and Growth 

Evaluation, 2(6), 633-646. 

https://doi.org/10.54660/IJMRGE.2021.2.6.63

3-646 

[78] Sanni, J. O., & Attah, A. (2023a). A 

comprehensive framework for digital 

transformation in capital markets: Solving 

operational challenges and enhancing 

stakeholder engagement. Gyanshauryam, 

International Scientific Refereed Research 

Journal, 6(6), 275-302. 

https://doi.org/10.32628/GISRRJ236640 

[79] Sanni, J. O., & Attah, A. (2023b). Artificial 

intelligence assisted content optimization 

models resolving digital conversion 

performance bottlenecks issues. 

Gyanshauryam, International Scientific 

Refereed Research Journal, 6(6), 303-336. 

https://doi.org/10.32628/GISRRJ236641 

[80] Sanni, J. O., & Attah, A. (2023c). Market 

research frameworks addressing entry barriers 

within highly regulated industrial service 

sectors. International Journal of Scientific 

Research in Computer Science, Engineering 

and Information Technology, 10(2), 904-930. 

https://doi.org/10.32628/CSEIT2342439 

[81] Sanni, J. O., & Wedraogo, L. (2024). Data-

centric funnel optimization frameworks 

resolving revenue leakage in high-value 

services. International Journal of Advanced 

Multidisciplinary Research and Studies, 4(6), 

2859-2874. 

https://doi.org/10.62225/2583049X.2024.4.6.5

641 

[82] Sanni, J. O., Ajiga, D., & Atima, M. E. (2020a). 

Analytical models addressing measurement 

challenges of marketing return on investment 

in regulated services. International Journal of 

Multidisciplinary Research and Growth 

Evaluation, 1(5), 636-648. 

https://doi.org/10.54660/IJMRGE.2020.1.5.63

6-648 

[83] Sanni, J. O., Ajiga, D., & Atima, M. E. (2020b). 

Data driven brand positioning frameworks 

resolving differentiation challenges in 

regulated professional markets. International 

Journal of Multidisciplinary Research and 

Growth Evaluation, 1(5), 649-660. 

https://doi.org/10.54660/IJMRGE.2020.1.5.64

9-660 

[84] Sanni, J. O., Ajiga, D., & Atima, M. E. (2020c). 

Systematic review of product management 

strategies in mobile network rollouts across 

emerging markets. International Journal of 

Multidisciplinary Research and Growth 

Evaluation, 1(5), 661-673. 

https://doi.org/10.54660/IJMRGE.2020.1.5.66

1-673 

[85] Sanni, J. O., Atima, M. E., & Attah, A. (2022a). 

Systematic review of attribution modeling 

methods resolving bias in multi-touch 

journeys. Shodhshauryam, International 

Scientific Refereed Research Journal, 5(1), 

304-334. 

https://doi.org/10.32628/SHISRRJ247135 

[86] Sanni, J. O., Iwuanyanwu, U. A., Essien, M. A., 

& Attah, A. (2023). Lifecycle-aware marketing 

automation using federated learning for secure 

cross-organizational data management. 

Gyanshauryam, International Scientific 

Refereed Research Journal, 6(6), 337-364. 

https://doi.org/10.32628/GISRRJ236642 

[87] Sanni, J. O., Iwuanyanwu, U. A., Essien, M. A., 

& Wedraogo, L. (2024). Integrating 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 857 

blockchain-enabled smart contracts for 

transparent and verifiable marketing 

workflows. International Journal of Advanced 

Multidisciplinary Research and Studies, 4(6), 

2891-2906. 

https://doi.org/10.62225/2583049X.2024.4.6.5

646 

[88] Sanni, J. O., Iwuanyanwu, U. A., Essien, M. A., 

Atima, M. E., & Attah, A. (2022b). Adaptive 

control models for AI-driven marketing 

automation in financial compliance 

environments. Shodhshauryam, International 

Scientific Refereed Research Journal, 5(1), 

243-270. 

https://doi.org/10.32628/SHISRRJ247133 

[89] Wedraogo, L., & Sanni, J. O. (2024). Machine 

learning models addressing uncertainty in 

cross-channel campaign performance 

forecasting accuracy. International Journal of 

Advanced Multidisciplinary Research and 

Studies, 4(6), 2875-2890. 

https://doi.org/10.62225/2583049X.2024.4.6.5

648 

[90] Agu, M. U., Akomolafe, O., & Bello, A. 

(2023a). A comparative review of SOX 

compliance frameworks in cross-border 

financial auditing. International Journal of 

Advanced Multidisciplinary Research and 

Studies, 3(6), 2297-2306. 

https://doi.org/10.62225/2583049X.2023.3.6.5

362 

[91] Agu, M. U., Akomolafe, O., & Bello, A. 

(2023b). A review of integrated data 

management systems for enhancing financial 

forecasting accuracy. International Journal of 

Advanced Multidisciplinary Research and 

Studies, 3(6), 2335-2344. 

[92] Akomolafe, O., & Agu, M. U. (2018). A 

conceptual model for enhancing internal audit 

quality through technology-enabled risk 

assessment frameworks. Iconic Research and 

Engineering Journals, 1(9), 458-475. 

[93] Akomolafe, O., & Agu, M. U. (2019a). A 

conceptual framework for developing risk-

based internal control models in the insurance 

and banking sectors. Iconic Research and 

Engineering Journals, 2(8), 335-354. 

[94] Akomolafe, O., & Agu, M. U. (2019b). A 

review of data-driven risk evaluation models 

for emerging market financial institutions. 

Iconic Research and Engineering Journals, 

3(6), 433-448. 

[95] Akomolafe, O., & Agu, M. U. (2019c). 

Advances in financial resilience through 

integrated governance and compliance 

strategies. Iconic Research and Engineering 

Journals, 2(10), 607-620. 

[96] Akomolafe, O., Agu, M. U., & Bello, A. 

(2023a). A conceptual model for implementing 

risk-based auditing in strategic financial 

management. International Journal of 

Advanced Multidisciplinary Research and 

Studies, 3(6), 2274-2286. 

https://doi.org/10.62225/2583049X.2023.3.6.5

359 

[97] Akomolafe, O., Agu, M. U., & Bello, A. 

(2023b). A quantitative conceptual model for 

assessing compliance risk in emerging 

economies. International Journal of Advanced 

Multidisciplinary Research and Studies, 3(6), 

2287-2296. 

https://doi.org/10.62225/2583049X.2023.3.6.5

360 

[98] Bello, A., Akomolafe, O., & Agu, M. U. 

(2023a). A conceptual framework for data-

driven procurement risk management in 

multinational enterprises. International Journal 

of Advanced Multidisciplinary Research and 

Studies, 3(6), 2307-2316. 

https://doi.org/10.62225/2583049X.2023.3.6.5

363 

[99] Ambali, K. B., Eyetsemitan, R. A., Oyeleye, A. 

O., & Fadayomi, O. (2021). Lean Six Sigma for 

small enterprises: A systematic review and 

Lite-DMAIC adaptation framework for 

resource-constrained organizations. Iconic 

Research and Engineering Journals, 5(5), 562-

583. https://doi.org/10.64388/IREV5I5-

1716957 

[100] Eyetsemitan, R. A., Ambali, K. B., Oyeleye, A. 

O., & Fadayomi, O. (2020). Multi-stakeholder 

governance alignment in joint venture 

operations: A conceptual framework for 

coordinating business processes in highly 

regulated environments. Iconic Research and 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 858 

Engineering Journals, 4(4), 418-441. 

https://doi.org/10.64388/IREV4I4-1716955 

[101] Eyetsemitan, R. A., Ambali, K. B., Oyeleye, A. 

O., & Fadayomi, O. (2021). Translating tax and 

regulatory requirements into SME compliance 

workflows: A conceptual framework for 

implementing IAS 12, VAT, PAYE, and 

withholding tax. Iconic Research and 

Engineering Journals, 4(11), 621-641. 

https://doi.org/10.64388/IREV4I11-1716956 

[102] Eyetsemitan, R. A., Ambali, K. B., Oyeleye, A. 

O., & Fadayomi, O. (2023a). Change 

management in small business digital 

transformation: A systematic review and lean 

change adoption framework. Gyanshauryam, 

International Scientific Refereed Research 

Journal, 6(6), 521-550. 

https://doi.org/10.32628/GISRRJ236648 

[103] Eyetsemitan, R. A., Ambali, K. B., Oyeleye, A. 

O., & Fadayomi, O. (2023b). User acceptance 

testing in small business technology 

deployment: A structured validation 

framework for lean operational environments. 

International Journal of Multidisciplinary 

Research and Growth Evaluation, 4(6), 1512-

1531. 

https://doi.org/10.54660/IJMRGE.2023.4.6.15

12-1531 

[104] Eyetsemitan, R. A., Oyeleye, A. O., Ambali, K. 

B., & Fadayomi, O. (2022). Standard operating 

procedures as strategic assets in small business 

operations: A systematic review and 

implementation framework. Gyanshauryam, 

International Scientific Refereed Research 

Journal, 5(2), 438-465. 

https://doi.org/10.32628/GISRRJ225356 

[105] Eyetsemitan, R. A., Oyeleye, A. O., Ambali, K. 

B., & Fadayomi, O. (2024a). CRM and 

workflow automation in small healthcare 

practices: A process efficiency framework for 

scalable patient engagement. International 

Journal of Multidisciplinary Research and 

Growth Evaluation, 5(6), 1931-1949. 

https://doi.org/10.54660/IJMRGE.2024.5.6.19

31-1949 

[106] Eyetsemitan, R. A., Oyeleye, A. O., Ambali, K. 

B., & Fadayomi, O. (2024b). Data-driven 

process optimization in micro-enterprises: A 

conceptual framework for funnel analysis and 

bottleneck identification. International Journal 

of Multidisciplinary Research and Growth 

Evaluation, 5(6), 1950-1968. 

https://doi.org/10.54660/IJMRGE.2024.5.6.19

50-1968 

[107] Oyeleye, A. O., Eyetsemitan, R. A., Ambali, K. 

B., & Fadayomi, O. (2022). Reducing client 

onboarding cycle time in small professional 

services firms: A Lean Six Sigma process 

redesign framework. Gyanshauryam, 

International Scientific Refereed Research 

Journal, 5(2), 467-498. 

https://doi.org/10.32628/GISRRJ225357 

[108] Abioye, R. F., Okojie, J. S., Filani, O. M., Ike, 

P. N., Idu, J. O. O., Nnabueze, S. B., 

Okojokwu-Idu, J. O., & Ihwughwavwe, S. I. 

(2023). Automated ESG reporting in energy 

projects using blockchain-driven smart 

compliance management systems. 

International Journal of Multidisciplinary 

Evolutionary Research, 4(2), 120-129. 

https://doi.org/10.54660/IJMER.2023.4.2.120-

129 

[109] Aifuwa, S. E., Oshoba, T. O., Ogbuefi, E., Ike, 

P. N., Nnabueze, S. B., & Olatunde-Thorpe, J. 

(2020). Predictive analytics models enhancing 

supply chain demand forecasting accuracy and 

reducing inventory management inefficiencies. 

International Journal of Multidisciplinary 

Research and Growth Evaluation, 1(3), 171-

181. 

https://doi.org/10.54660/.IJMRGE.2020.1.3.1

71-181 

[110] Filani, O. M., Nnabueze, S. B., Ike, P. N., & 

Wedraogo, L. (2022). Real-time risk 

assessment dashboards using machine learning 

in hospital supply chain management systems. 

International Journal of Multidisciplinary 

Evolutionary Research, 3(1), 65-76. 

https://doi.org/10.54660/IJMER.2022.3.1.65-

76 

[111] Ike, P. N., Aifuwa, S. E., Nnabueze, S. B., 

Olatunde-Thorpe, J., Ogbuefi, E., Oshoba, T. 

O., & Akokodaripon, D. (2024a). Quantitative 

risk architecture for public-private 

partnerships: A multi-layered model for 

allocating public and private risk. International 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 859 

Journal of Advanced Multidisciplinary 

Research and Studies, 4(6), 2669-2682. 

https://doi.org/10.62225/2583049X.2024.4.6.5

021 

[112] Ike, P. N., Aifuwa, S. E., Nnabueze, S. B., 

Olatunde-Thorpe, J., Ogbuefi, E., Oshoba, T. 

O., & Akokodaripon, D. (2024b). Utilizing 

nanomaterials in healthcare supply chain 

management for improved drug delivery 

systems. International Journal of Advanced 

Multidisciplinary Research and Studies, 4(4), 

1567-1572. 

https://doi.org/10.62225/2583049X.2024.4.4.5

154 

[113] Ike, P. N., Ogbuefi, E., Nnabueze, S. B., 

Olatunde-Thorpe, J., Aifuwa, S. E., Oshoba, T. 

O., & Akokodaripon, D. (2021). Supplier 

relationship management strategies fostering 

innovation, collaboration, and resilience in 

global supply chain ecosystems. International 

Journal of Multidisciplinary Evolutionary 

Research, 2(2), 52-62. 

https://doi.org/10.54660/IJMER.2021.2.2.52-

62 

[114] Ike, P. N., Ogbuefi, E., Nnabueze, S. B., 

Olatunde-Thorpe, J., Aifuwa, S. E., Oshoba, T. 

O., & Akokodaripon, D. (2022). Lean supply 

chain practices improving operational 

efficiency, reducing waste, and enhancing 

organizational competitiveness globally. 

Journal of Frontiers in Multidisciplinary 

Research, 3(2), 182-192. 

https://doi.org/10.54660/.IJFMR.2022.3.2.182

-192 

[115] Nnabueze, S. B., Ike, P. N., Olatunde-Thorpe, 

J., Aifuwa, S. E., Oshoba, T. O., Ogbuefi, E., & 

Akokodaripon, D. (2021). End-to-end visibility 

frameworks improving transparency, 

compliance, and traceability across complex 

global supply chain operations. International 

Journal of Multidisciplinary Futuristic 

Development, 2(2), 50-60. 

https://doi.org/10.54660/IJMFD.2021.2.2.50-

60 

[116] Okojie, J. S., Filani, O. M., Ike, P. N., 

Okojokwu-Idu, J. O., Nnabueze, S. B., & 

Ihwughwavwe, S. I. (2023a). Integrating AI 

with ESG metrics in smart infrastructure 

auditing for high-impact urban development 

projects. International Journal of 

Multidisciplinary Futuristic Development, 

4(1), 32-44. 

https://doi.org/10.54660/IJMFD.2023.4.1.32-

44 

[117] Okojie, J., Ike, P., Idu, J., Nnabueze, S. B., 

Filani, O., & Ihwughwavwe, S. (2023b). 

Predictive analytics models for monitoring 

smart city emissions and infrastructure risk in 

urban ESG planning. International Journal of 

Multidisciplinary Futuristic Development, 

4(1), 45-57. 

https://doi.org/10.54660/IJMFD.2023.4.1.45-

57 

[118] Yeboah, B. K., & Ike, P. N. (2020). 

Programmatic strategy for renewable energy 

integration: Lessons from large-scale solar 

projects. International Journal of 

Multidisciplinary Research and Growth 

Evaluation, 1(3), 306-315. 

https://doi.org/10.54660/.IJMRGE.2020.1.3.3

06-315 

[119] Yeboah, B. K., Enow, O. F., Ike, P. N., & 

Nnabueze, S. B. (2024a). Program design for 

advanced preventive maintenance in renewable 

energy systems. Shodhshauryam, International 

Scientific Refereed Research Journal, 7(2), 

138-156. 

https://doi.org/10.32628/SHISRRJ2472156 

[120] Adelanwa, A., Basnet, A., & Anene, U. N. 

(2022). Advanced AI-based decision support 

systems for healthcare operations and resource 

planning. Gyanshauryam, International 

Scientific Refereed Research Journal, 7(1). 

[121] Adelanwa, A., Basnet, A., & Anene, U. N. 

(2023a). Data driven digital transformation 

models for lifecycle performance management 

in infrastructure delivery. International Journal 

of Advanced Multidisciplinary Research and 

Studies, 3(6), 2646-2662. 

https://doi.org/10.62225/2583049X.2023.3.6.5

968 

[122] Adelanwa, A., Basnet, A., & Anene, U. N. 

(2023b). Predictive analytics models for 

financial risk detection and fraud prevention in 

public systems. International Journal of 

Advanced Multidisciplinary Research and 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 860 

Studies, 3(6). 

https://doi.org/10.62225/2583049X.2023.3.6.5

969 

[123] Adelanwa, A., Basnet, A., & Anene, U. N. 

(2024). Performance intelligence models for 

optimization and outcome measurement in 

large scale public services. Shodhshauryam, 

International Scientific Refereed Research 

Journal, 6(1). 

[124] Anene, U. N., & Clement, T. (2022). A resilient 

logistics framework for humanitarian supply 

chains: Integrating predictive analytics, IoT, 

and localized distribution to strengthen 

emergency response systems. International 

Journal of Scientific Research in Computer 

Science, Engineering and Information 

Technology, 8(5), 398-424. 

[125] Anene, U. N., & Clement, T. (2024). Localized 

supply chain solutions for sustainable 

community development: A strategic model for 

economic revitalization and regional resilience. 

International Journal of Scientific Research in 

Science and Technology, 11(5). 

[126] Basnet, A., Oghenemaiga, E., & Anene, U. N. 

(2021). Audience segmentation and forecasting 

models for enhancing targeted digital 

marketing effectiveness. Shodhshauryam, 

International Scientific Refereed Research 

Journal, 4(5), 279-305. 

[127] Basnet, A., Oghenemaiga, E., & Anene, U. N. 

(2023). Real time analytics and monitoring 

systems for livestream media performance 

using Google platforms. International Journal 

of Scientific Research in Computer Science, 

Engineering and Information Technology, 

10(1). 

[128] Basnet, A., Oghenemaiga, E., & Anene, U. N. 

(2024). Attribution, revenue, and yield 

optimization models using Google Ad 

Manager reporting and forecasting tools. 

International Journal of Advanced 

Multidisciplinary Research and Studies, 4(6). 

https://doi.org/10.62225/2583049X.2024.4.6.5

667 

[129] Oghenemaiga, E., Basnet, A., & Anene, U. N. 

(2024). Predictive analytics applications for 

forecasting traffic patterns across owned and 

operated media platforms. International 

Journal of Advanced Multidisciplinary 

Research and Studies, 4(6). 

https://doi.org/10.62225/2583049X.2024.4.6.5

668 

[130] Akin-Oluyomi, O. T., Atima, M. E., & 

Akinleye, O. K. (2023a). Green procurement 

strategies for balancing cost efficiency with 

long-term environmental responsibility. 

International Journal of Advanced 

Multidisciplinary Research and Studies, 3(6), 

2183-2193. 

[131] Akin-Oluyomi, O. T., Atima, M. E., & 

Akinleye, O. K. (2023b). Regulatory 

compliance and supplier risk assessment 

frameworks in international pharmaceutical 

procurement. International Journal of 

Advanced Multidisciplinary Research and 

Studies, 3(6), 2194-2204. 

[132] Akin-Oluyomi, O. T., Atima, M. E., & 

Akinleye, O. K. (2024). Cross-border supplier 

relationship management frameworks for 

pharmaceutical and global construction 

sectors. International Journal of 

Multidisciplinary Research and Growth 

Evaluation, 5(6), 1709-1718. 

[133] Akin-Oluyomi, O. T., Atima, M. E., Akinleye, 

O. K., & Akokodaripon, D. A. (2020). Using 

Tableau and Excel for comprehensive 

profitability analysis in retail procurement 

operations. International Journal of 

Multidisciplinary Research and Growth 

Evaluation, 1(5), 385-393. 

[134] Akin-Oluyomi, O. T., Atima, M. E., Akinleye, 

O. K., & Okoruwa, P. O. (2023c). Predictive 

analytics approaches for improving demand 

forecasting accuracy in e-commerce 

procurement systems. International Journal of 

Advanced Multidisciplinary Research and 

Studies, 3(6), 2173-2182. 

[135] Akin-Oluyomi, O. T., Okoruwa, P. O., 

Babatope, O. M., & Akokodaripon, D. A. 

(2023d). Evaluating supplier sustainability 

metrics through data-driven procurement and 

supply chain frameworks. International Journal 

of Advanced Multidisciplinary Research and 

Studies, 3(6), 2213-2223. 

[136] Akinleye, O. K., & Adeyoyin, O. (2021). 

Process automation framework for enhancing 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 861 

procurement efficiency and transparency. 

Shodhshauryam, International Scientific 

Refereed Research Journal, 4(4), 356-387. 

[137] Akinleye, O. K., & Adeyoyin, O. (2022a). A 

negotiation optimization model for reducing 

procurement costs in manufacturing firms. 

Shodhshauryam, International Scientific 

Refereed Research Journal, 5(5), 398-435. 

https://doi.org/10.32628/SHISRRJ225891 

[138] Akinleye, O. K., & Adeyoyin, O. (2022b). 

Supplier relationship management framework 

for achieving strategic procurement objectives. 

Gyanshauryam, International Scientific 

Refereed Research Journal, 5(4), 565-598. 

https://doi.org/10.32628/GISRRJ225430 

[139] Akinleye, O. K., Okoruwa, P. O., Babatope, O. 

M., & Akokodaripon, D. A. (2023). Leveraging 

big data and business intelligence for 

optimization of manufacturing sector 

procurement. International Journal of 

Advanced Multidisciplinary Research and 

Studies, 3(6), 2164-2172. 

[140] Babatope, O. M., Akokodaripon, D. A., 

Akinleye, O. K., & Okoruwa, P. O. (2023). The 

role of data visualization in enhancing strategic 

procurement decision-making effectiveness. 

International Journal of Advanced 

Multidisciplinary Research and Studies, 3(6), 

2205-2212. 

[141] Efobi, O. Z., Akinleye, O. K., & Fasawe, O. 

(2021). Framework for data-driven operations 

management and performance improvement in 

educational institutions. Gyanshauryam, 

International Scientific Refereed Research 

Journal, 4(6), 127-158. 

[142] Efobi, O. Z., Akinleye, O. K., & Fasawe, O. 

(2022a). Conceptual framework for sustainable 

procurement practices in local manufacturing 

enterprises in Africa. Gyanshauryam, 

International Scientific Refereed Research 

Journal, 5(6), 248-266. 

[143] Efobi, O. Z., Akinleye, O. K., & Fasawe, O. 

(2022b). Conceptual model for data-driven 

lean supply chain optimization in 

manufacturing and retail operations. 

International Journal of Scientific Research in 

Computer Science, Engineering and 

Information Technology, 8(2), 703-734. 

https://doi.org/10.32628/CSEIT2541335 

[144] Efobi, O. Z., Akinleye, O. K., & Fasawe, O. 

(2023). Conceptual framework for developing 

a resilience index for post-pandemic supply 

chains. Shodhshauryam, International 

Scientific Refereed Research Journal, 6(2), 

421-432. 

[145] Okoruwa, P. O., Babatope, O. M., 

Akokodaripon, D. A., & Akinleye, O. K. 

(2024a). Developing integrated digital 

platforms for enhancing transparency in 

procurement and supply chain management. 

International Journal of Multidisciplinary 

Research and Growth Evaluation, 5(6), 1719-

1729. 

[146] Aliliele, C., Eboh, E. E., & Oluwo, K. (2024a). 

Advances in variance analytics for cost control 

in manufacturing and industrial enterprises. 

International Journal of Advanced 

Multidisciplinary Research and Studies, 4(6), 

3163-3185. 

https://doi.org/10.62225/2583049X.2024.4.6.6

012 

[147] Bola-Sadipe, D., Aliliele, C., & Eboh, E. E. 

(2019). Conceptual model for strategic 

accounting systems strengthening financial 

transparency and regulatory compliance. IRE 

Journals, 3(6), 535-564. 

https://doi.org/10.64388/IREV3I6-1715327 

[148] Bola-Sadipe, D., Aliliele, C., & Odihi, F. 

(2023). Conceptual model for automated 

financial consolidation and transparency in 

multinational corporations. Gyanshauryam, 

International Scientific Refereed Research 

Journal, 6(6), 414-455. 

https://doi.org/10.32628/GISRRJ236645 

[149] Bola-Sadipe, D., Eboh, E. E., & Odihi, F. 

(2022). Advances in data-driven tax 

compliance and financial reporting systems in 

banking institutions. Shodhshauryam, 

International Scientific Refereed Research 

Journal, 5(1), 366-403. 

https://doi.org/10.32628/SHISRRJ247137 

[150] Dada, T., Isiekwu, C. P., & Oluwo, K. (2021a). 

Advances in multinational cash flow 

consolidation and FX risk control using tiered 

treasury architecture. Iconic Research and 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 862 

Engineering Journals, 4(11), 601–620. 

https://doi.org/10.64388/IREV4I11-1714351 

[151] Dada, T., Isiekwu, C. P., & Oluwo, K. (2021b). 

Designing CRM-based sales forecasting 

models for multichannel lending institutions. 

Iconic Research and Engineering Journals, 

5(3), 451–466. 

https://doi.org/10.64388/IREV5I3-1714352 

[152] Oluwo, K., Dada, T., & Isiekwu, C. P. (2022). 

A review of integrated product innovation 

cycles in human capital and financial services. 

Iconic Research and Engineering Journals, 

5(12), 560–586. 

https://doi.org/10.64388/IREV5I12-1714353 

[153] Adesuyi, M. O., Kalu, A., & Walawalkar, G. 

(2023b). Data-led cost governance in 

technology-intensive enterprises. International 

Journal of Scientific Research in Computer 

Science, Engineering and Information 

Technology, 9(3), 877–896. 

https://doi.org/10.32628/IJSRCSEIT 

[154] Adesuyi, M. O., Walawalkar, G., & Kalu, A. 

(2022). Predictive budgeting models using 

operational and market signals. International 

Journal of Scientific Research in Computer 

Science, Engineering and Information 

Technology, 8(5), 818–837. 

https://doi.org/10.32628/IJSRCSEIT 

[155] Akeju, B., Edivri, J., Ogbole, J. I., Okoruwa, P. 

O., Fadayomi, O., & Abolaji, T. O. (2018). 

Conceptual model for insider threat 

classification and risk modeling in complex 

digital systems. Iconic Research and 

Engineering Journals, 1(9), 476–492. 

https://doi.org/10.64388/IREV1I9-1713778 

[156] Fadayomi, O., Abolaji, T. O., Edivri, J., 

Ogbole, J. I., Okoruwa, P. O., & Akeju, B. 

(2019). Risk-based cybersecurity assurance 

and data availability limitations, advances and 

future research opportunities. Iconic Research 

and Engineering Journals, 2(12), 602–617. 

https://doi.org/10.64388/IREV2I12-1713779 

[157] Mayo, W., Ogbole, J. I., Okoruwa, P. O., & 

Babatope, O. M. (2021). Designing an AI-

predictive maintenance model for e-commerce 

systems using machine learning and cloud 

analytics. International Journal of Scientific 

Research in Computer Science, Engineering 

and Information Technology, 7(5), 416–440. 

https://doi.org/10.32628/IJSRCSEIT 

[158] Ogbole, J. I., Okoruwa, P. O., Babatope, O. M., 

& Oyewole, T. (2021a). Developing an 

integrated data visualization model for 

continuous business performance monitoring 

and optimization. International Journal of 

Scientific Research in Computer Science, 

Engineering and Information Technology, 

7(5), 441–467. 

https://doi.org/10.32628/IJSRCSEIT 

[159] Filani, O. M., Nnabueze, S. B., Sakyi, J. K., & 

Okojie, J. S. (2023). Scenario-based financial 

modelling for enhancing strategic decision-

making and organizational long-term planning. 

Journal of Frontiers in Multidisciplinary 

Research, 4(2), 251–265. 

https://doi.org/10.54660/.JFMR.2023.4.2.251-

265 

[160] Nnabueze, S. B., Filani, O. M., Sakyi, J. K., 

Okojie, J. S., & Okereke, M. (2023a). 

Developing sustainable business models for 

large-scale service organizations using 

predictive and strategic insights. International 

Journal of Multidisciplinary Evolutionary 

Research, 4(2), 76–88. 

https://doi.org/10.54660/IJMER.2023.4.2.76-

88 

[161] Nnabueze, S. B., Sakyi, J. K., Filani, O. M., 

Okojie, J. S., Babatope, O. M., & Adanyin, A. 

(2023b). Transforming utility and service 

operations through automation, data-driven 

analytics, and customer-centric innovation. 

International Journal of Multidisciplinary 

Evolutionary Research, 4(2), 40–57. 

https://doi.org/10.54660/IJMER.2023.4.2.40-

57 

[162] Nnabueze, S. B., Sakyi, J. K., Filani, O. M., 

Okojie, J. S., Abioye, R. F., Okereke, M., & 

Enow, O. F. (2024). Revenue optimization in 

energy distribution through integrated financial 

planning and advanced data-driven 

frameworks. International Journal of Advanced 

Multidisciplinary Research and Studies, 4(4), 

1427–1445. 

[163] Okojie, J. S., Filani, O. M., Ihwughwavwe, S. 

I., & Sakyi, J. K. (2020). Sustainable 

procurement practices: ESG-integrated supply 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 863 

chain models for corporate responsibility and 

environmental performance. IRE Journals, 

4(2). 

[164] Sakyi, J. K., Nnabueze, S. B., Filani, O. M., 

Okojie, J. S., & Okereke, M. (2022b). 

Customer service analytics as a strategic driver 

of revenue growth and sustainable business 

competitiveness. Journal of Frontiers in 

Multidisciplinary Research, 3(2), 109–123. 

https://doi.org/10.54660/.IJFMR.2022.3.2.109

-123 

[165] Sakyi, J. K., Eboseremen, B. O., Adebayo, A. 

O., Essien, I. A., Okojie, J. S., & Soneye, O. M. 

(2024a). Designing a sustainable financing 

model for emerging economies: Addressing 

climate goals through green bonds and ESG 

investments. International Journal of 

Multidisciplinary Futuristic Development, 

5(1), 20–33. 

https://doi.org/10.54660/IJMFD.2024.5.1.20-

33 

[166] Sakyi, J. K., Filani, O. M., Nnabueze, S. B., 

Okojie, J. S., & Ogedengbe, A. O. (2022a). 

Developing KPI frameworks to enhance 

accountability and performance across large-

scale commercial organizations. Journal of 

Frontiers in Multidisciplinary Research, 3(2), 

81–93. 

https://doi.org/10.54660/.IJFMR.2022.3.2.81-

93 

[167] Sakyi, J. K., Nnabueze, S. B., Filani, O. M., & 

Okojie, J. S. (2023). Revenue assurance 

strategies leveraging artificial intelligence and 

big data in service-intensive organizations. 

International Journal of Multidisciplinary 

Evolutionary Research, 4(2), 58–75. 

https://doi.org/10.54660/IJMER.2023.4.2.58-

75 

[168] Sakyi, J. K., Nnabueze, S. B., Filani, O. M., 

Okojie, J. S., & Babatope, O. M. (2024b). 

Digital transformation in service delivery 

leveraging automation and risk reduction for 

long-term commercial efficiency. International 

Journal of Advanced Multidisciplinary 

Research and Studies, 4(4), 1446–1464. 

[169] Michael, O. N., & Ogunsola, O. E. (2021b). 

Assessing the role of digital agriculture tools in 

shaping sustainable and inclusive food 

systems. Gyanshauryam, International 

Scientific Refereed Research Journal, 4(4), 

154-181. 

[170] Michael, O. N., & Ogunsola, O. E. (2022a). 

Examining the socioeconomic barriers to 

technological adoption among smallholder 

farmers in remote rural areas. Shodhshauryam, 

International Scientific Refereed Research 

Journal, 5(6), 484-519. 

[171] Aminu-Ibrahim, A. Y., & Ogbete, J. C. (2023). 

Healthcare infrastructure as a public health 

intervention using evidence from large 

laboratory networks. Shodhshauryam, 

International Scientific Refereed Research 

Journal, 6(1), 256-286. 

https://doi.org/10.32628/SHISRRJ23678 

[172] Aminu-Ibrahim, A. Y., Ogbete, J. C., & 

Ambali, K. B. (2018). Developing sustainable 

diagnostic laboratory infrastructure models for 

emerging and resource constrained health 

systems. Iconic Research and Engineering 

Journals, 1(8), 118-132. 

https://doi.org/10.64388/IREV1I8-1713586 

[173] Aminu-Ibrahim, A. Y., Ogbete, J. C., & 

Ambali, K. B. (2019). Capital project delivery 

models for high risk healthcare infrastructure in 

developing national health systems. Iconic 

Research and Engineering Journals, 2(10), 

626-649. https://doi.org/10.64388/IREV2I10-

1713588 

[174] Aminu-Ibrahim, A. Y., Ogbete, J. C., & 

Ambali, K. B. (2020). Infrastructure driven 

expansion of diagnostic access across 

underserved and rural healthcare regions. 

International Journal of Multidisciplinary 

Research and Growth Evaluation, 1(5), 691-

706. 

https://doi.org/10.54660/IJMRGE.2020.1.5.69

1-706 

[175] Aminu-Ibrahim, A. Y., Ogbete, J. C., & 

Ambali, K. B. (2024). Governance and 

accountability models for public private 

partnerships in healthcare infrastructure 

development. International Journal of 

Advanced Multidisciplinary Research and 

Studies, 4(6), 2943-2960. 

https://doi.org/10.62225/2583049X.2024.4.6.5

699 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 864 

[176] Ogbete, J. C., & Aminu-Ibrahim, A. Y. (2024). 

Translating healthcare infrastructure 

investment into measurable population health 

and diagnostic outcomes. International Journal 

of Scientific Research in Humanities and 

Social Sciences, 1(2), 955-985. 

https://doi.org/10.32628/IJSRSSH242775 

[177] Ogbete, J. C., Aminu-Ibrahim, A. Y., & 

Ambali, K. B. (2018). Optimizing laboratory 

spatial planning strategies to improve 

diagnostic accuracy, safety, and clinical 

throughput. Iconic Research and Engineering 

Journals, 2(1), 87-113. 

https://doi.org/10.64388/IREV1I7-1713587 

[178] Ogbete, J. C., Aminu-Ibrahim, A. Y., & 

Ambali, K. B. (2019). Regulatory compliant 

design systems for molecular and pathology 

laboratories in highly controlled environments. 

Iconic Research and Engineering Journals, 

3(4), 607-631. 

https://doi.org/10.64388/IREV3I4-1713589 

[179] Ogbete, J. C., Aminu-Ibrahim, A. Y., & 

Ambali, K. B. (2020). Sustainable materials 

selection and energy efficiency strategies for 

modern medical laboratory facilities. 

International Journal of Multidisciplinary 

Research and Growth Evaluation, 1(5), 674-

690. 

https://doi.org/10.54660/IJMRGE.2020.1.5.67

4-690 

[180] Ogbete, J. C., Aminu-Ibrahim, A. Y., & 

Ambali, K. B. (2021). Risk managed 

construction strategies for complex and highly 

regulated healthcare facility developments. 

International Journal of Scientific Research in 

Computer Science, Engineering and 

Information Technology, 7(5), 362-392. 

https://doi.org/10.32628/CSEIT217561 

[181] Ogbete, J. C., Aminu-Ibrahim, A. Y., & 

Ambali, K. B. (2022). Design standards and 

operational planning frameworks for scalable 

blood collection networks. Gyanshauryam, 

International Scientific Refereed Research 

Journal, 5(6), 267-300. 

https://doi.org/10.32628/GISRRJ225635 

[182] Ogbete, J. C., Aminu-Ibrahim, A. Y., & 

Ambali, K. B. (2023). Lifecycle performance 

evaluation of purpose built diagnostic 

laboratories supporting long term healthcare 

delivery. International Journal of Advanced 

Multidisciplinary Research and Studies, 3(6), 

2605-2621. 

https://doi.org/10.62225/2583049X.2023.3.6.5

698 

[183] Arumosoye, O. M., & Obriki, O. D. (2018). 

Development of an integrated heat stress risk 

conceptual model for industrial operations in 

extreme environments. Iconic Research and 

Engineering Journals, 1(12), 141-160. 

https://doi.org/10.64388/IREV1I12-1714415 

[184] Arumosoye, O. M., & Obriki, O. D. (2019). 

Systematic review of near-miss and hazard 

observation data utilization in industrial safety 

management. Iconic Research and Engineering 

Journals, 3(2), 981-999. 

https://doi.org/10.64388/IREV3I2-1714417 

[185] Arumosoye, O. M., & Obriki, O. D. (2020). A 

governance-oriented conceptual model for 

contractor safety performance in multi-contract 

industrial projects. International Journal of 

Multidisciplinary Research and Growth 

Evaluation, 1(5), 728-740. 

https://doi.org/10.54660/.IJMRGE.2020.1.5.7

28-740 

[186] Arumosoye, O. M., & Obriki, O. D. (2021). 

Organizational learning-based conceptual 

maturity model for continuous safety 

performance improvement. International 

Journal of Multidisciplinary Research and 

Growth Evaluation, 2(1), 970-980. 

https://doi.org/10.54660/.IJMRGE.2021.2.1.9

70-980 

[187] Arumosoye, O. M., & Obriki, O. D. (2022). 

Conceptual risk pathway model for lifting and 

rigging operations in heavy industrial 

construction. Gyanshauryam, International 

Scientific Refereed Research Journal, 5(5), 

346-369. 

https://doi.org/10.32628/GISRRJ2256237 

[188] Arumosoye, O. M., & Obriki, O. D. (2023). 

Conceptual model for emergency response 

readiness and capability in energy and process 

facilities. International Journal of Scientific 

Research in Computer Science, Engineering 

and Information Technology, 9(3), 897-917. 

https://doi.org/10.32628/CSEIT25112791 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 865 

[189] Arumosoye, O. M., & Obriki, O. D. (2024). 

Conceptual model of safety leadership 

influence in large temporary project 

organizations. International Journal of 

Advanced Multidisciplinary Research and 

Studies, 4(6), 3034-3047. 

https://doi.org/10.62225/2583049X.2024.4.6.5

895 

[190] Obogo, S. F., Arumosoye, O. M., & Obriki, O. 

D. (2020a). Advances in internal QHSE audit 

systems for industrial engineering operations. 

Iconic Research and Engineering Journals, 

4(4), 399-417. 

https://doi.org/10.64388/IREV4I4-1715499 

[191] Obogo, S. F., Arumosoye, O. M., & Obriki, O. 

D. (2020b). Conceptual risk management 

model for heavy lifting and crane installation 

engineering operations. Shodhshauryam, 

International Scientific Refereed Research 

Journal, 3(4), 122-144. 

https://doi.org/10.32628/SHISRRJ214441 

[192] Obogo, S. F., Arumosoye, O. M., & Obriki, O. 

D. (2020c). Critical review of occupational 

safety management systems in oil and gas 

maintenance projects. Shodhshauryam, 

International Scientific Refereed Research 

Journal, 3(4), 145-166. 

https://doi.org/10.32628/SHISRRJ214442 

[193] Obogo, S. F., Arumosoye, O. M., & Obriki, O. 

D. (2021a). Advances in proactive hazard 

recognition and near miss reporting systems. 

International Journal of Multidisciplinary 

Research and Growth Evaluation, 2(6), 835-

846. 

https://doi.org/10.54660/IJMRGE.2021.2.6.83

5-846 

[194] Obogo, S. F., Arumosoye, O. M., & Obriki, O. 

D. (2024a). Review of sustainable 

environmental practices in occupational safety 

management systems. International Journal of 

Scientific Research in Civil Engineering, 8(3), 

164-196. 

https://doi.org/10.32628/IJSRCE248420 

[195] Obogo, S. F., Nwafor, M. I., & Ozobu, C. O. 

(2023). Conceptual leadership model for safety 

culture development in construction and 

engineering projects. International Journal of 

Scientific Research in Civil Engineering, 7(6), 

121-153. 

https://doi.org/10.32628/IJSRCE237554 

[196] Obogo, S. F., Obriki, O. D., & Arumosoye, O. 

M. (2021b). Conceptual model for incident 

prevention in industrial maintenance 

engineering environments. International 

Journal of Multidisciplinary Research and 

Growth Evaluation, 2(6), 847-858. 

https://doi.org/10.54660/IJMRGE.2021.2.6.84

7-858 

[197] Obogo, S. F., Obriki, O. D., & Arumosoye, O. 

M. (2022). Conceptual safety governance 

model for large commercial facility operations. 

Gyanshauryam, International Scientific 

Refereed Research Journal, 5(6), 383-410. 

https://doi.org/10.32628/GISRRJ225639 

[198] Obogo, S. F., Ozobu, C. O., & Nwafor, M. I. 

(2024b). Conceptual environmental safety 

compliance framework for construction and 

infrastructure projects. International Journal of 

Scientific Research in Civil Engineering, 8(3), 

132-163. 

https://doi.org/10.32628/IJSRCE248419 

[199] Obogo, S. F., Ozobu, C. O., & Uduokhai, D. O. 

(2019a). Advances in leadership driven safety 

culture transformation in large construction 

workforces. Iconic Research and Engineering 

Journals, 3(5), 507-523. 

https://doi.org/10.64388/IREV3I5-1715497 

[200] Obogo, S. F., Ozobu, C. O., & Uduokhai, D. O. 

(2019b). Development of a construction safety 

risk governance model for multi contractor 

high rise projects. Iconic Research and 

Engineering Journals, 2(9), 502-522. 

https://doi.org/10.64388/IREV2I9-1715495 

[201] Obogo, S. F., Uduokhai, D. O., & Ozobu, C. O. 

(2019c). Systematic review of hazard 

identification and risk control practices in 

urban construction projects. Iconic Research 

and Engineering Journals, 2(12), 666-681. 

https://doi.org/10.64388/IREV2I12-1715496 

[202] Obogo, S. F., Uduokhai, D. O., & Ozobu, C. O. 

(2021c). Review of contractor safety 

compliance systems in infrastructure 

engineering projects. International Journal of 

Scientific Research in Civil Engineering, 5(4), 

76-100. 

https://doi.org/10.32628/IJSRCE215412 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 866 

[203] Obriki, O. D., & Arumosoye, O. M. (2018). 

Conceptual modeling of data-driven 

occupational safety risk control in large-scale 

energy infrastructure projects. Iconic Research 

and Engineering Journals, 1(7), 169-189. 

https://doi.org/10.64388/IREV1I7-1714414 

[204] Obriki, O. D., & Arumosoye, O. M. (2019). A 

conceptual framework linking management 

safety walkthrough frequency and coverage to 

safety culture outcomes in mega projects. 

Iconic Research and Engineering Journals, 

2(8), 355-374. 

https://doi.org/10.64388/IREV2I8-1714416 

[205] Obriki, O. D., & Arumosoye, O. M. (2020). 

Conceptual framework for human error 

causation in high-risk construction and 

industrial activities. International Journal of 

Multidisciplinary Research and Growth 

Evaluation, 1(5), 715-727. 

https://doi.org/10.54660/.IJMRGE.2020.1.5.7

15-727 

[206] Obriki, O. D., & Arumosoye, O. M. (2021). 

Conceptual model for institutionalizing life-

preserving safety practices across project-

based organizations. International Journal of 

Multidisciplinary Research and Growth 

Evaluation, 2(1), 961-969. 

https://doi.org/10.54660/.IJMRGE.2021.2.1.9

61-969 

[207] Obriki, O. D., & Arumosoye, O. M. (2022). 

Conceptual framework explaining recurrence 

mechanisms of unsafe behaviors in high-hazard 

worksites. Shodhshauryam, International 

Scientific Refereed Research Journal, 5(3), 

380-402. 

https://doi.org/10.32628/SHISRRJ225489 

[208] Obriki, O. D., & Arumosoye, O. M. (2023). 

Conceptual framework for proactive hazard 

identification using digital safety data streams. 

Gyanshauryam, International Scientific 

Refereed Research Journal, 6(3), 457-481. 

https://doi.org/10.32628/GISRRJ236336 

[209] Obriki, O. D., & Arumosoye, O. M. (2024a). 

Conceptual governance framework for 

subcontractor safety performance 

management. International Journal of 

Advanced Multidisciplinary Research and 

Studies, 4(6), 3020-3033. 

https://doi.org/10.62225/2583049X.2024.4.6.5

894 

[210] Obriki, O. D., & Arumosoye, O. M. (2024b). 

Systematic review of incident investigation 

approaches and prevention-oriented learning in 

industrial operations. Shodhshauryam, 

International Scientific Refereed Research 

Journal, 7(4), 239-263. 

https://doi.org/10.32628/SHISRRJ247163 

[211] Obriki, O. D., Arumosoye, O. M., & Obogo, S. 

F. (2023a). Advances in continuous hazard 

monitoring systems for workplace safety. 

International Journal of Advanced 

Multidisciplinary Research and Studies, 3(6), 

2742-2759. 

https://doi.org/10.62225/2583049X.2023.3.6.6

075 

[212] Obriki, O. D., Obogo, S. F., & Arumosoye, O. 

M. (2022a). Advances in workforce safety 

training models for operational risk reduction. 

Gyanshauryam, International Scientific 

Refereed Research Journal, 5(6), 349-382. 

https://doi.org/10.32628/GISRRJ225638 

[213] Obriki, O. D., Obogo, S. F., & Arumosoye, O. 

M. (2022b). Review of emergency 

preparedness and evacuation systems in high 

density commercial buildings. Gyanshauryam, 

International Scientific Refereed Research 

Journal, 5(6), 411-438. 

https://doi.org/10.32628/GISRRJ225640 

[214] Obriki, O. D., Obogo, S. F., & Arumosoye, O. 

M. (2023b). Review of behavioral safety 

programs for risk reduction in large 

workforces. International Journal of Advanced 

Multidisciplinary Research and Studies, 3(6), 

2760-2775. 

https://doi.org/10.62225/2583049X.2023.3.6.6

076 

[215] Dagodzo, D. (2018a). A conceptual framework 

for UAV integration into national power grid 

inspection programs. Iconic Research and 

Engineering Journals, 2(5), 391-412. 

https://doi.org/10.64388/IREV2I5-1716082 

[216] Dagodzo, D. (2018b). A review of UAV 

applications in electrical transmission line 

inspection: Methods, technologies, and 

challenges. Iconic Research and Engineering 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 867 

Journals, 2(6), 234-254. 

https://doi.org/10.64388/IREV2I6-1716083 

[217] Dagodzo, D., & Ahiaeke Patrick, M. C. (2020). 

UAV-based pipeline and corridor monitoring: 

A review of current practices and emerging 

technologies. Iconic Research and Engineering 

Journals, 3(10), 574-597. 

https://doi.org/10.64388/IREV3I10-1716084 

[218] Dagodzo, D., & Ahiaeke Patrick, M. C. 

(2021a). A review of GIS applications in utility 

asset management and infrastructure planning. 

Iconic Research and Engineering Journals, 

5(3), 468-492. 

https://doi.org/10.64388/IREV5I3-1716085 

[219] Dagodzo, D., & Ahiaeke Patrick, M. C. 

(2021b). An integrated framework for UAV, 

LiDAR, and GIS in infrastructure corridor 

management. International Journal of 

Scientific Research in Computer Science, 

Engineering and Information Technology, 

7(5), 497-524. 

https://doi.org/10.32628/CSEIT217566 

[220] Dagodzo, D., & Ahiaeke Patrick, M. C. (2022). 

A review of right-of-way encroachment 

detection methods using geospatial 

technologies. International Journal of 

Scientific Research in Computer Science, 

Engineering and Information Technology, 

8(1), 638-667. 

https://doi.org/10.32628/CSEIT2281226 

[221] Dagodzo, D., & Ahiaeke Patrick, M. C. 

(2023a). A framework for integrating drone 

operations into enterprise GIS systems for 

utility companies. International Journal of 

Scientific Research in Computer Science, 

Engineering and Information Technology, 

9(4), 924-957. 

https://doi.org/10.32628/CSEIT23564536 

[222] Dagodzo, D., & Ahiaeke Patrick, M. C. 

(2023b). A review of UAV regulatory 

frameworks in developing economies: 

Progress, gaps, and recommendations. 

International Journal of Scientific Research in 

Computer Science, Engineering and 

Information Technology, 9(4), 958-994. 

https://doi.org/10.32628/CSEIT23564537 

[223] Dagodzo, D., Ahiaeke Patrick, M. C., & 

Aliliele, C. (2022). AI and deep learning for 

vegetation classification in power corridor 

management: A review. International Journal 

of Scientific Research in Computer Science, 

Engineering and Information Technology, 

8(1), 668-698. 

https://doi.org/10.32628/CSEIT2281227 

[224] Bello, K. A., Oyelaran, O. A., Tawose, O. M., 

Omoyi, C. O., & Yussouff, A. A. (2024). 

Development of a gum production machine 

from Manihot esculenta waste peels. FUOYE 

Journal of Innovation Science and Technology, 

2(1). 

https://www.jist.fuoye.edu.ng/index.php/jist/ar

ticle/view/48 

[225] Bello, K. A., Azeez, T. M., Tawose, O. M., 

Odesanya, K. O., Odumosu, O. A., & Oyelaran, 

O. A. (2023b). Investigating the influence of 

rubber seed oil and used cooking oil on diesel. 

E3S Web of Conferences, 430, Article 01217. 

https://doi.org/10.1051/e3sconf/20234300121

7 

[226] Omoegun, G. O., Sunday, E. A., Essien, M. A., 

& Oluokun, O. A. (2023). Vibration-based 

condition monitoring of rotating machinery 

using LabVIEW. International Journal of 

Scientific Research in Civil Engineering, 7(6), 

82-108. 

[227] Sunday, E. A., & Omoegun, G. O. (2018). 

Integrating solar power solutions in small-scale 

manufacturing industries in Nigeria. 

International Journal of Scientific Research in 

Science, Engineering and Technology, 4(8), 

832-853. 

[228] Sunday, E. A., & Omoegun, G. O. (2019). 

Optimizing electrical load distribution for 

hybrid solar installations in developing 

economies. International Journal of Scientific 

Research in Mechanical and Materials 

Engineering, 3(6), 27-47. 

[229] Sunday, E. A., & Omoegun, G. O. (2022). 

Smart fault detection in HVAC systems using 

sensor-based monitoring. International Journal 

of Scientific Research in Science, Engineering 

and Technology, 7(4), 380-403. 

[230] Sunday, E. A., Omoegun, G. O., Essien, M. A., 

& Oluokun, O. A. (2019). Thermodynamic 

efficiency and control strategies in residential 

air conditioning systems. International Journal 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 868 

of Scientific Research in Civil Engineering, 

3(3), 52-76. 

[231] Sunday, E. A., Omoegun, G. O., Essien, M. A., 

& Oluokun, O. A. (2020). Transitioning from 

reactive to predictive maintenance in 

mechanical systems. International Journal of 

Scientific Research in Computer Science, 

Engineering and Information Technology, 

6(6), 425-447. 

[232] Akanbi, O., & Sunday, E. A. (2024). An 

integrated path-planning and slotting 

optimization model for AMR-enabled high-

density warehousing. International Journal of 

Advanced Multidisciplinary Research and 

Studies, 4(6), 3226-3243. 

https://doi.org/10.62225/2583049X.2024.4.6.6

181 

[233] Boakye, K., Ofori, S. D., Ogbona, C. S., 

Yeboah, T. J., & Bobga, M. A. (2020). 

Integrating ICT and mathematical thinking: 

Exploring the effectiveness of digital tools in 

secondary mathematics instruction. Iconic 

Research and Engineering Journals, 4(4), 372-

398. https://doi.org/10.64388/IREV4I4-

1714179 

[234] Boakye, K., Ofori, S. D., Ogbona, C. S., 

Yeboah, T. J., & Bobga, M. A. (2021). 

Bridging the gap: A comparative study of 

mathematics curriculum reforms in Ghana and 

the United States. Iconic Research and 

Engineering Journals, 5(3), 429-450. 

https://doi.org/10.64388/IREV5I3-1714180 

[235] Bobga, M. A., Boakye, K., Ogbona, C. S., & 

Yeboah, T. J. (2018). Pedagogical strategies for 

teaching students with learning difficulties in 

resource-constrained schools. Iconic Research 

and Engineering Journals, 2(4), 173-194. 

https://doi.org/10.64388/IREV2I4-1714176 

[236] Kpoka, M. I. (2023). Comparative analysis of 

administrative French in Francophone African 

states and its impact on translation practice. 

Journal of Public Administration and Social 

Welfare Research, 8(2), 149-163. 

https://doi.org/10.56201/jpaswr.v8.no2.2023.p

g149.163 

[237] Kpoka, M. I. (2024). Terminological 

challenges in the translation of civil registry 

and administrative documents. International 

Journal of Social Sciences and Management 

Research, 10(11), 552-578. 

https://doi.org/10.56201/ijssmr.v10.no11.2024

.pg.552.578 

[238] Lilian, I. N., Liadi, K. O., & Yeboah, T. J. 

(2024). Multilingual ecofeminism and 

environmental justice: Rethinking gender, 

language, and ecology in global contexts. 

Journal of Humanities and Social Policy, 10(6), 

195-222. 

https://doi.org/10.56201/jhsp.v10.no6.2024.pg

195.222 

[239] Lilian, I. N., Liadi, K. O., Yeboah, T. J., & 

Apelehin, A. A. (2020). Understanding cross-

cultural communication: Identity, diversity, 

and global interaction. Gyanshauryam, 

International Scientific Refereed Research 

Journal, 3(4), 153-176. 

https://doi.org/10.32628/GISRRJ21352 

[240] Ogbona, C. S., Bobga, M. A., Boakye, K., & 

Yeboah, T. J. (2024). Leadership practices 

supporting Black student-athletes’ mental 

health in collegiate sport: A qualitative inquiry. 

International Journal of Multidisciplinary 

Research and Growth Evaluation, 5(5), 1192-

1208. 

https://doi.org/10.54660/.IJMRGE.2024.5.5.1

192-1208 

[241] Ogbona, C. S., Yeboah, T. J., Bobga, M. A., & 

Boakye, K. (2020a). Coaching education and 

career transition pathways: Comparative 

perspectives from Nigeria and the United 

States. Iconic Research and Engineering 

Journals, 4(5), 367-384. 

https://doi.org/10.64388/IREV4I5-1714566 

[242] Ogbona, C. S., Yeboah, T. J., Bobga, M. A., & 

Boakye, K. (2020b). Parental collaboration and 

student progress: Understanding home-school 

partnerships in special education. Iconic 

Research and Engineering Journals, 3(10), 

552-573. https://doi.org/10.64388/IREV3I10-

1714178 

[243] Ogbona, C. S., Yeboah, T. J., Bobga, M. A., & 

Boakye, K. (2023). Comparing behavioral 

intervention approaches for students with 

emotional and learning challenges. Journal of 

Frontiers in Multidisciplinary Research, 4(2), 

349-362. 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 869 

https://doi.org/10.54660/.JFMR.2023.4.2.349-

362 

[244] Oloto, A. M., & Yeboah, T. J. (2022). A 

comprehensive review of IDEA compliance 

frameworks in modern special education 

service delivery systems. Gyanshauryam, 

International Scientific Refereed Research 

Journal, 5(6), 323-348. 

[245] Oloto, A. M., & Yeboah, T. J. (2023). A 

systematic review of behavior intervention plan 

effectiveness in secondary special education 

programs. Gyanshauryam, International 

Scientific Refereed Research Journal, 6(6), 

385. 

[246] Oloto, A. M., & Yeboah, T. J. (2024). A critical 

review of procedural safeguards and regulatory 

compliance in special education programs. 

International Journal of Advanced 

Multidisciplinary Research and Studies, 4(6), 

3125-3137. 

[247] Seun, A., Ajayi, A., Bobga, M. A., Yeboah, T. 

J., Apelehin, A. A., Ofori, S. D., Elumilade, R. 

A., & Abutu, D. E. (2023). PearlAI and 

motivation paths: Advancing student 

engagement through AI-powered 

personalization in basic education. 

International Journal of Scientific Research in 

Science, Engineering and Technology, 10(4), 

391-403. 

https://doi.org/10.32628/IJSRSET232532 

[248] Seun, A., Ajayi, A., Elumilade, R. A., Bobga, 

M. A., Yeboah, T. J., Ofori, S. D., Apelehin, A. 

A., & Abutu, D. E. (2024a). PearlAI: 

Hyperpersonalization and hyperlocalization as 

new AI affordances in basic education. 

International Journal of Scientific Research in 

Computer Science, Engineering and 

Information Technology, 10(6), 2553-2568. 

https://doi.org/10.32628/CSEIT25113574 

[249] Seun, A., Ajayi, A., Yeboah, T. J., Ofori, S. D., 

Elumilade, R. A., Apelehin, A. A., Abutu, D. 

E., & Bobga, M. A. (2024b). The PearlAI 

framework: Leveraging artificial intelligence 

to transform education in Africa. International 

Journal of Scientific Research in Computer 

Science, Engineering and Information 

Technology, 10(3), 1120-1132. 

https://doi.org/10.32628/CSEIT25113581 

[250] Yeboah, T. J., & Oloto, A. M. (2022). 

Advances in data driven IEP development: 

Conceptual models for supporting diverse 

learners. Shodhshauryam, International 

Scientific Refereed Research Journal, 5(1), 

335-365. 

[251] Yeboah, T. J., & Oloto, A. M. (2023). 

Conceptual models for monitoring IEP 

implementation fidelity and educational 

service delivery outcomes. International 

Journal of Scientific Research in Computer 

Science, Engineering and Information 

Technology, 9(3), 944-973. 

[252] Yeboah, T. J., & Oloto, A. M. (2024). Recent 

advances in inclusive instructional frameworks 

for students with diverse learning disabilities. 

International Journal of Scientific Research in 

Humanities and Social Sciences, 1(2), 1111-

1135. 

https://doi.org/10.32628/IJSRSSH242781 

[253] Yeboah, T. J., Bobga, M. A., Boakye, K., & 

Ogbona, C. S. (2019). Professional 

development and teacher competence in 

managing exceptional learners: A Ghanaian 

perspective. Iconic Research and Engineering 

Journals, 2(12), 618-636. 

https://doi.org/10.64388/IREV2I12-1714177 

[254] Yeboah, T. J., Bobga, M. A., Boakye, K., & 

Ogbona, C. S. (2022). Data-driven teaching: 

Using student progress data to personalize 

learning in special education classrooms. 

Journal of Frontiers in Multidisciplinary 

Research, 3(2), 225-240. 

https://doi.org/10.54660/.JFMR.2022.3.2.225-

240 

[255] Yeboah, T. J., Bobga, M. A., Boakye, K., & 

Ogbona, C. S. (2024b). Technology integration 

in special education: Enhancing student 

engagement and accessibility. International 

Journal of Advanced Multidisciplinary 

Research and Studies, 4(6), 2978-2993. 

[256] Adenuga, O. M. (2023). Power electronics and 

energy efficiency in modern power systems: A 

comprehensive review of devices, converter 

topologies, and system-level practice. 

International Journal of Engineering and 

Modern Technology, 9(3), 287-312. 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 870 

https://doi.org/10.56201/ijcsmt.v9.no3.2023.p

g287.312 

[257] Amayo, E. B. (2017). Multi algorithm of loss 

objective function of a single phase induction 

motor. International Journal of Development 

Research, 7(5), 12805-12810. 

[258] Amayo, E. B., & Popoola, T. T. (2017a). Multi 

algorithm of weight objective function of a 

single phase induction motor. International 

Journal of Trend in Research and 

Development, 4(2), 184-188. 

[259] Amayo, E. B., & Popoola, T. T. (2017b). 

Scientific study of telecommunication 

deployment in achieving quality network. 

International Journal of Trend in Research and 

Development, 4(5), 311-314. 

[260] Amayo, E. B., Ubeku, E., & Oshevire, P. 

(2015). Multi algorithm of a single objective 

function of a single phase induction motor. 

Journal of Multidisciplinary Engineering 

Science and Technology, 2(12), 3400-3403. 

[261] Oshevire, P., Eyenubo, O. J., & Amayo, B. 

(2017). Voltage control in the presence of 

distributed generation. ATBU Journal of 

Science, Technology and Education, 5(2), 165-

173. 

[262] Liadi, K. O. (2022a). A policy alignment model 

for Nigeria’s foreign policy and global climate 

diplomacy goals. International Journal of 

Multidisciplinary Research and Growth 

Evaluation, 3(6), 790-801. 

https://doi.org/10.54660/.IJMRGE.2022.3.6.7

90-801 

[263] Liadi, K. O. (2022b). Developing a continental 

peace integration framework: Nigeria’s role in 

African Union foreign policy initiatives. 

International Journal of Multidisciplinary 

Research and Growth Evaluation, 3(6), 778-

789. 

https://doi.org/10.54660/.IJMRGE.2022.3.6.7

78-789 

[264] Liadi, K. O. (2022c). Developing a 

peacebuilding effectiveness framework for 

Nigeria’s foreign policy in West Africa. 

Gyanshauryam, International Scientific 

Refereed Research Journal, 5(1), 388-412. 

https://doi.org/10.32628/GISRRJ203359 

[265] Liadi, K. O. (2023a). A model for linking 

Nigeria’s diplomatic engagement to 

sustainable development outcomes in 

ECOWAS states. Gyanshauryam, International 

Scientific Refereed Research Journal, 6(3), 

392-420. 

[266] Liadi, K. O. (2023b). An economic 

interdependence model of Nigeria-China 

relations and its effects on industrial growth 

and infrastructure. Shodhshauryam, 

International Scientific Refereed Research 

Journal, 6(4), 570-599. 

https://doi.org/10.32628/SHISRRJ236175 

[267] Liadi, K. O. (2023c). Designing an oil 

diplomacy diversification model: Assessing the 

shift from petroleum influence to broader 

economic engagement. Shodhshauryam, 

International Scientific Refereed Research 

Journal, 6(3), 418-447. 

https://doi.org/10.32628/SHISRRJ236925 

[268] Liadi, K. O. (2024a). A soft power projection 

framework: Education, cultural diplomacy, and 

regional development in Nigeria’s foreign 

policy. Gyanshauryam, International Scientific 

Refereed Research Journal, 7(2), 241-268. 

[269] Liadi, K. O. (2024b). Conceptualizing a 

governance reform impact model for Nigeria’s 

peacekeeping missions in post-conflict states. 

International Journal of Advanced 

Multidisciplinary Research and Studies, 4(1), 

1622-1636. 

[270] Liadi, K. O. (2024c). Designing a cross-border 

security cooperation model: Nigeria’s foreign 

policy response to regional terrorism. 

Gyanshauryam, International Scientific 

Refereed Research Journal, 7(3), 311-338. 

https://doi.org/10.32628/GISRRJ247324 

[271] Liadi, K. O. (2024d). Developing a 

humanitarian diplomacy model: Nigeria’s 

foreign policy and post-conflict recovery in the 

Sahel. Shodhshauryam, International Scientific 

Refereed Research Journal, 7(4), 204-233. 

https://doi.org/10.32628/SHISRRJ247161 

[272] Asiedu, C. S. (2022). Drug interaction risk in 

antenatal care: A conceptual framework for 

systematic interaction screening. 

Shodhshauryam, International Scientific 

Refereed Research Journal, 5(3), 465-484. 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 871 

[273] Asiedu, C. S. (2023). Diagnostic integration in 

infectious disease management: A review of 

microbiology, virology, and serology 

workflows. International Journal of Medical 

Evaluation and Physical Report, 7(4), 173-195. 

https://doi.org/10.56201/ijmepr.v7.no4.2023.p

g173.195 

[274] Asiedu, C. S. (2024). Droplet digital PCR for 

HIV viral reservoir quantification: A review of 

diagnostic accuracy and clinical utility. 

International Journal of Medical Evaluation 

and Physical Report, 8(6), 253-273. 

https://doi.org/10.56201/ijmepr.v8.no6.2024.p

g253.273 

[275] Asiedu, C. S., & Asiedu, A. A. (2023a). 

Comparative bioavailability of fresh versus 

dried botanical compounds: A review and cost-

effectiveness modelling framework. Research 

Journal of Pure Science and Technology, 6(3), 

226-244. 

https://doi.org/10.56201/rjpst.v6.no3.2023.pg2

26.244 

[276] Asiedu, C. S., & Asiedu, A. A. (2024a). 

Equitable access to chronic therapies in 

hospital pharmacy settings: A conceptual 

framework for continuity of care. International 

Journal of Medical Evaluation and Physical 

Report, 8(6), 274-298. 

https://doi.org/10.56201/ijmepr.v8.no6.2024.p

g274.298 

[277] Okojie, J. S., & Abioye, R. F. (2020). 

Reconciling chemical safety with circular-

economy targets: A decision framework for 

post-consumer recycled polymers in consumer-

goods packaging balancing REACH 

compliance, lifecycle GHG footprint, and 

regulatory risk. International Journal of 

Multidisciplinary Research and Growth 

Evaluation, 1(5), 992-1006. 

[278] Komi, N. M., & Adeniji, I. O. (2020). Co-

optimizing technical performance and 

community affordability in smart solar 

microgrids for underserved regions. 

International Journal of Engineering and 

Modern Technology, 6(3), 173-212. 

https://doi.org/10.56201/ijemt.vol.6.no3.2020.

pg173.212 

[279] Komi, N. M., & Adeniji, I. O. (2024b). Why 

energy projects survive or fail: Modeling the 

causal link between community trust and 

infrastructure durability. International Journal 

of Advanced Multidisciplinary Research and 

Studies, 4(6), 3263-3296. 

https://doi.org/10.62225/2583049X.2024.4.6.6

459 

[280] Komi, N. M., & Ganiu, O. S. (2022). Grid-

connected battery storage in hot and weak-grid 

regions: Advances, degradation challenges, 

and lifecycle equity. International Journal of 

Multidisciplinary Research and Growth 

Evaluation, 3(6), 1072-1095. 

https://doi.org/10.54660/.IJMRGE.2022.3.6.1

072-1095 

[281] Tackie, S. N., Komi, N. M., & Ozerdem, O. C. 

(2023). 31-level single-phase cascaded inverter 

with minimal component count. International 

Journal on Technical and Physical Problems of 

Engineering, 15(1), 271-282. 

[282] Adeyelu, O. O. (2019). An adaptive safety 

management system implementation model for 

aerodromes in developing economy contexts. 

Iconic Research and Engineering Journals, 

3(4), 628-654. 

https://doi.org/10.64388/IREV3I4-1718479 

[283] Adeyelu, O. O. (2023). A risk-tiered oversight 

model for unmanned aircraft operations in 

shared controlled airspace over Nigerian 

airports. International Journal of Scientific 

Research in Civil Engineering, 7(4), 147-184. 

https://doi.org/10.32628/IJSRCE237419 

[284] Badmus, O., Dosunmu, A. A., Ozowara, D. E., 

& Anunagba, C. O. (2020). A comparative 

framework for Salesforce DevOps tooling: 

Evaluating Copado, Flosum, and Salesforce 

DX across enterprise deployment contexts. 

International Journal of Multidisciplinary 

Research and Growth Evaluation, 1(5), 1021-

1031. 

https://doi.org/10.54660/.IJMRGE.2020.1.5.1

021-1031 

[285] Ladapo, O. O., Dosunmu, A. A., Jooda, D., & 

Abolaji, T. O. (2018). Lessons learned from 

offline assessment of security-critical systems: 

The case of Microsoft Active Directory. Iconic 

Research and Engineering Journals, 2(6), 277-



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 872 

299. https://doi.org/10.64388/IREV2I6-

1717205 

[286] Ladapo, O. O., Dosunmu, A. A., Jooda, D., & 

Abolaji, T. O. (2022a). Human-in-the-loop 

machine learning: A state of the art. Journal of 

Frontiers in Multidisciplinary Research, 3(1), 

656-669. 

https://doi.org/10.54660/.JFMR.2022.3.1.656-

669 

[287] Ladapo, O. O., Dosunmu, A. A., Jooda, D., & 

Abolaji, T. O. (2023a). Active Directory 

attacks steps, types, and signatures. 

International Journal of Advanced 

Multidisciplinary Research and Studies, 3(6), 

2863-2874. 

https://doi.org/10.62225/2583049X.2023.3.6.6

204 

[288] Ladapo, O. O., Dosunmu, A. A., Jooda, D., & 

Abolaji, T. O. (2023b). An IT service 

management literature review: Challenges, 

benefits, opportunities, and implementation 

practices. International Journal of Advanced 

Multidisciplinary Research and Studies, 3(6), 

2875-2889. 

https://doi.org/10.62225/2583049X.2023.3.6.6

205 

[289] Ladapo, O. O., Dosunmu, A. A., Jooda, D., & 

Abolaji, T. O. (2024a). Integrated network and 

security operation center: A systematic 

analysis. International Journal of 

Multidisciplinary Futuristic Development, 

5(1), 65-80. 

https://doi.org/10.54660/IJMFD.2024.5.1.65-

80 

[290] Ladapo, O. O., Jooda, D., Dosunmu, A. A., & 

Abolaji, T. O. (2019). Implementation of 

Active Directory for efficient management of 

enterprise networks. Iconic Research and 

Engineering Journals, 3(4), 608-627. 

https://doi.org/10.64388/IREV3I4-1717206 

[291] Ladapo, O. O., Jooda, D., Dosunmu, A. A., & 

Abolaji, T. O. (2022b). Navigating digital 

transformation: Best practices for cloud 

migration strategies in the enterprise. Journal of 

Frontiers in Multidisciplinary Research, 3(1), 

643-655. 

https://doi.org/10.54660/.JFMR.2022.3.1.643-

655 

[292] Ladapo, O. O., Jooda, D., Dosunmu, A. A., & 

Abolaji, T. O. (2023c). A comprehensive 

survey on ServiceNow for IT service 

management. International Journal of 

Multidisciplinary Research and Growth 

Evaluation, 4(6), 1532-1545. 

https://doi.org/10.54660/.IJMRGE.2023.4.6.1

532-1545 

[293] Ladapo, O. O., Jooda, D., Dosunmu, A. A., & 

Abolaji, T. O. (2023d). Systematic literature 

review on security access control policies and 

techniques based on privacy requirements in a 

BYOD environment. International Journal of 

Advanced Multidisciplinary Research and 

Studies, 3(6), 2890-2904. 

https://doi.org/10.62225/2583049X.2023.3.6.6

206 

[294] Ladapo, O. O., Jooda, D., Dosunmu, A. A., & 

Abolaji, T. O. (2024b). Keeping humans in the 

loop: Human-centered automated annotation 

with generative AI. International Journal of 

Multidisciplinary Futuristic Development, 

5(1), 81-95. 

https://doi.org/10.54660/IJMFD.2024.5.1.81-

95 

[295] Lawal, O. A., & Oduleye, T. E. (2018a). A 

conceptual model for financial analytics driven 

enterprise value creation in technology firms. 

Iconic Research and Engineering Journals, 

2(2). 

[296] Lawal, O. A., & Oduleye, T. E. (2018b). A 

review and conceptual framework for tax 

governance and cross-border compliance 

analytics. Iconic Research and Engineering 

Journals, 2(5). 

[297] Lawal, O. A., & Oduleye, T. E. (2019a). A 

conceptual risk assessment model for transfer 

pricing in multinational corporations. Iconic 

Research and Engineering Journals, 2(12). 

[298] Lawal, O. A., & Oduleye, T. E. (2019b). 

Conceptualizing data driven executive decision 

systems for strategic financial planning. Iconic 

Research and Engineering Journals, 3(3). 

[299] Lawal, O. A., & Oduleye, T. E. (2021a). A 

conceptual decision model for capital 

allocation using financial analytics. 

Gyanshauryam, International Scientific 

Refereed Research Journal, 4(2), 269-295. 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 873 

[300] Lawal, O. A., & Oduleye, T. E. (2021b). 

Aligning financial planning analytics with 

corporate strategy: A conceptual integration 

model. Shodhshauryam, International 

Scientific Refereed Research Journal, 4(3), 

319-346. 

[301] Lawal, O. A., & Oduleye, T. E. (2023a). A 

review of decision analytics models for 

sustainable profitability in technology firms. 

Gyanshauryam, International Scientific 

Refereed Research Journal, 6(6), 455-475. 

[302] Lawal, O. A., & Oduleye, T. E. (2023b). 

Behavioral financial analytics: A conceptual 

model for explaining enterprise performance. 

International Journal of Advanced 

Multidisciplinary Research and Studies, 3(6), 

2590-2604. 

[303] Medon, J. J., & Oduleye, T. E. (2022). A 

comprehensive financial reporting model for 

strengthening compliance and organizational 

accountability systems. International Journal of 

Multidisciplinary Research and Growth 

Evaluation, 3(6), 768-777. 

[304] Medon, J. J., & Oduleye, T. E. (2023). 

Developing a financial planning model for 

sustainable profitability in dynamic business 

environments. Shodhshauryam, International 

Scientific Refereed Research Journal, 6(3), 

418-447. 

https://doi.org/10.32628/SHISRRJ236926 

[305] Medon, J. J., & Oduleye, T. E. (2024). An 

integrated predictive analytics model for 

enhancing strategic financial forecasting and 

decision accuracy. Gyanshauryam, 

International Scientific Refereed Research 

Journal, 7(3), 258-279. 

https://doi.org/10.32628/GISRRJ247322 

[306] Oduleye, T. E., & Medon, J. J. (2023a). A 

predictive model for optimizing cash flow and 

working capital management in corporations. 

Gyanshauryam, International Scientific 

Refereed Research Journal, 6(5), 739-754. 

https://doi.org/10.32628/GISRRJ236537 

[307] Oduleye, T. E., & Medon, J. J. (2023b). A 

quantitative model for measuring the strategic 

impact of financial analysis on enterprise 

growth. International Journal of Advanced 

Multidisciplinary Research and Studies, 3(1), 

1663-1672. 

https://doi.org/10.62225/2583049X.2023.3.1.5

334 

[308] Aliliele, C., Mbonu, I. S., & Iwuanyanwu, U. 

(2023a). A conceptual framework for 

continuous cloud misconfiguration monitoring 

and enterprise risk mitigation strategies. 

International Journal of Scientific Research in 

Computer Science, Engineering and 

Information Technology, 9(10), 373-394. 

https://doi.org/10.32628/CSEIT2361071 

[309] Aliliele, C., Mbonu, I. S., & Iwuanyanwu, U. 

(2023b). A review of API governance and risk 

prioritization frameworks in modern financial 

institutions. International Journal of Scientific 

Research in Computer Science, Engineering 

and Information Technology, 9(10), 395-433. 

https://doi.org/10.32628/CSEIT2361072 

[310] Aliliele, C., Mbonu, I. S., & Iwuanyanwu, U. 

(2023c). Advances in predictive analytics 

models for student retention and institutional 

risk management systems. International 

Journal of Advanced Multidisciplinary 

Research and Studies, 3(6), 2692-2711. 

https://doi.org/10.62225/2583049X.2023.3.6.5

990 

[311] Aliliele, C., Mbonu, I. S., & Iwuanyanwu, U. 

(2024b). A conceptual framework for 

enterprise data sensitivity classification and 

regulatory traceability mechanisms. 

International Journal of Advanced 

Multidisciplinary Research and Studies, 4(6), 

3103-3124. 

https://doi.org/10.62225/2583049X.2024.4.6.5

991 

[312] Aliliele, C., Mbonu, I. S., & Iwuanyanwu, U. 

(2024c). Advances in HIPAA compliant data 

architecture and secure analytics frameworks 

for community healthcare organizations. 

Shodhshauryam, International Scientific 

Refereed Research Journal, 7(2), 277-324. 

https://doi.org/10.32628/SHISRRJ2472163 

[313] Borah, S., Aliliele, K. C., Rakshit, S., & 

Vajjhala, N. R. (2022). Applications of 

artificial intelligence in software testing. In P. 

K. Mallick et al. (Eds.), Cognitive informatics 

and soft computing (Lecture Notes in Networks 

and Systems, Vol. 375, pp. 727-736). Springer. 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 874 

https://doi.org/10.1007/978-981-16-8763-

1_60 

[314] Mbonu, I. S., Aliliele, C., Iwuanyanwu, U., & 

Oluoha, O. M. (2018). A conceptual 

framework for legal and ethical risk modeling 

in enterprise data protection governance 

systems. Iconic Research and Engineering 

Journals, 2(2), 207-226. 

https://doi.org/10.64388/IREV2I2-1714911 

[315] Mbonu, I. S., Aliliele, C., Iwuanyanwu, U., & 

Uzoka, E. (2020a). A review of identity and 

access management integration strategies in 

hybrid and multi cloud environments. 

International Journal of Multidisciplinary 

Research and Growth Evaluation, 1(5), 795-

810. 

https://doi.org/10.54660/.IJMRGE.2020.1.5.7

95-810 

[316] Mbonu, I. S., Aliliele, C., Iwuanyanwu, U., & 

Uzoka, E. (2021a). A conceptual framework 

for risk based business intelligence architecture 

in financial technology platforms. International 

Journal of Multidisciplinary Research and 

Growth Evaluation, 2(6), 731-746. 

https://doi.org/10.54660/.IJMRGE.2021.2.6.7

31-746 

[317] Mbonu, I. S., Aliliele, C., Iwuanyanwu, U., & 

Uzoka, E. (2021b). Advances in artificial 

intelligence techniques for secure software 

testing and automated regression control 

mechanisms. International Journal of Scientific 

Research in Computer Science, Engineering 

and Information Technology, 7(5), 468-496. 

https://doi.org/10.32628/CSEIT217565 

[318] Mbonu, I. S., Aliliele, C., Iwuanyanwu, U., & 

Uzoka, E. (2022a). A conceptual framework 

for AI enabled IT general controls and SOX 

audit automation processes. Gyanshauryam, 

International Scientific Refereed Research 

Journal, 5(5), 384-414. 

https://doi.org/10.32628/GISRRJ2256239 

[319] Mbonu, I. S., Aliliele, C., Uzoka, E., & Oluoha, 

O. M. (2019a). A review of comparative data 

protection regulations and secure cloud 

implementation strategies across jurisdictions. 

Iconic Research and Engineering Journals, 

2(9), 482-501. 

https://doi.org/10.64388/IREV2I9-1714912 

[320] Mbonu, I. S., Iwuanyanwu, U., Aliliele, C., & 

Uzoka, E. (2020b). A conceptual framework 

for agile supply chain digital transformation 

with embedded IT risk and ISO compliance 

controls. Iconic Research and Engineering 

Journals, 3(11), 566-593. 

https://doi.org/10.64388/IREV3I11-1714916 

[321] Mbonu, I. S., Iwuanyanwu, U., Aliliele, C., & 

Uzoka, E. (2020c). Advances in infrastructure 

as code governance for secure terraform based 

enterprise cloud deployments. International 

Journal of Multidisciplinary Research and 

Growth Evaluation, 1(5), 811-828. 

https://doi.org/10.54660/.IJMRGE.2020.1.5.8

11-828 

[322] Mbonu, I. S., Iwuanyanwu, U., Aliliele, C., & 

Uzoka, E. (2021c). A review of VoIP forensic 

analytics models for financial fraud detection 

and regulatory compliance monitoring. 

International Journal of Multidisciplinary 

Research and Growth Evaluation, 2(6), 711-

730. 

https://doi.org/10.54660/.IJMRGE.2021.2.6.7

11-730 

[323] Mbonu, I. S., Iwuanyanwu, U., Aliliele, C., & 

Uzoka, E. (2022b). A review of data protection 

impact assessment models in multi cloud 

financial infrastructure systems. International 

Journal of Scientific Research in Computer 

Science, Engineering and Information 

Technology, 8(1), 589-623. 

https://doi.org/10.32628/CSEIT25442 

[324] Mbonu, I. S., Iwuanyanwu, U., Aliliele, C., & 

Uzoka, E. (2022c). Advances in cloud identity 

and access governance optimization in large 

scale AWS enterprise environments. 

Shodhshauryam, International Scientific 

Refereed Research Journal, 5(3), 403-438. 

https://doi.org/10.32628/SHISRRJ225490 

[325] Mbonu, I. S., Iwuanyanwu, U., Uzoka, E., & 

Oluoha, O. M. (2019b). Advances in enterprise 

log analytics and automated incident response 

architectures using Python and SIEM 

platforms. Iconic Research and Engineering 

Journals, 3(2), 1000-1019. 

https://doi.org/10.64388/IREV3I2-1714915 

[326] Edivri, J., & Oteri, O. (2022). Predictive 

capacity planning and resource utilization 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 875 

forecasting models for multi-program and 

multi-stakeholder IT portfolios. International 

Journal of Scientific Research in Computer 

Science, Engineering and Information 

Technology, 8(4), 826-845. 

[327] Edivri, J., & Oteri, O. (2024). A conceptual 

KPI-driven decision and optimization 

framework for IT service delivery, portfolio 

performance, and adoption. Gyanshauryam, 

International Scientific Refereed Research 

Journal, 7(1), 167-187. 

https://doi.org/10.32628/GISRRJ246643 

[328] Ogbole, J. I., Okoruwa, P. O., Fadayomi, O., 

Abolaji, T. O., Edivri, J., & Akeju, B. (2021b). 

Conceptual model for identity-centric zero trust 

architecture in enterprise security governance. 

International Journal of Scientific Research in 

Computer Science, Engineering and 

Information Technology, 7(5), 393-415. 

https://doi.org/10.32628/IJSRCSEIT217562 

[329] Okoruwa, P. O., Fadayomi, O., Abolaji, T. O., 

Edivri, J., Ogbole, J. I., & Akeju, B. (2024b). 

Enterprise cybersecurity trends and threat 

evolution, advances and emerging research 

directions. Global Multidisciplinary 

Perspectives Journal, 1(6), 194-204. 

https://doi.org/10.54660/GMPJ.2024.1.6.194-

204 

[330] Okoruwa, P. O., Fadayomi, O., Akeju, B., 

Edivri, J., Ogbole, J. I., & Abolaji, T. O. 

(2020). Conceptual model for privacy-centric 

security engineering in digital and cloud 

computing systems. International Journal of 

Scientific Research in Computer Science, 

Engineering and Information Technology, 

7(5), 371-389. 

[331] Oteri, O., & Edivri, J. (2024). Applied 

performance optimization frameworks for 

managing high-demand enterprise technology 

programs and system rollouts. Gyanshauryam, 

International Scientific Refereed Research 

Journal, 7(1), 188-210. 

[332] Dada, T., Isiekwu, C. P., & Oluwo, K. (2021c). 

Advances in multinational cash flow 

consolidation and FX risk control using tiered 

treasury architecture. Iconic Research and 

Engineering Journals, 4(11), 601-620. 

https://doi.org/10.64388/IREV4I11-1714351 

[333] Dada, T., Isiekwu, C. P., & Oluwo, K. (2021d). 

Designing CRM-based sales forecasting 

models for multichannel lending institutions. 

Iconic Research and Engineering Journals, 

5(3), 451-466. 

https://doi.org/10.64388/IREV5I3-1714352 

[334] Dada, T., Isiekwu, C. P., & Oluwo, K. (2024). 

Longitudinal study on the effectiveness of 

entrepreneurial training in emerging 

economies. International Journal of Advanced 

Multidisciplinary Research and Studies, 4(6), 

2994-3007. 

[335] Isiekwu, C. P., Oluwo, K., & Dada, T. (2021). 

A conceptual model for CFO-led strategic 

finance in joint venture and cross-border 

partnerships. Iconic Research and Engineering 

Journals, 4(7), 383-400. 

https://doi.org/10.64388/IREV4I7-1714350 

[336] Oluwo, K., Dada, T., & Isiekwu, C. P. (2024). 

Transforming insurance underwriting with 

machine learning: A review and application 

cases. International Journal of Advanced 

Multidisciplinary Research and Studies, 4(6), 

3008-3019. 

[337] Dosunmu, A. A., & Ogundele, P. O. (2019). 

Security audit and enterprise risk assessment 

frameworks for resilient information systems. 

Iconic Research and Engineering Journals, 

3(5), 434-447. 

https://doi.org/10.64388/IREV3I5-1713225 

[338] Dosunmu, A. A., & Ogundele, P. O. (2020). 

Intrusion detection and prevention models for 

enhancing organizational cyber defense 

effectiveness. Iconic Research and Engineering 

Journals, 4(6), 310-324. 

https://doi.org/10.64388/IREV4I6-1713226 

[339] Dosunmu, A. A., & Ogundele, P. O. (2021). 

Incident response and digital forensics 

strategies for rapid cyber attack containment. 

Gyanshauryam, International Scientific 

Refereed Research Journal, 4(4), 239-258. 

[340] Dosunmu, A. A., & Ogundele, P. O. (2022). 

Threat intelligence integration frameworks 

supporting proactive enterprise cybersecurity 

decision making. Gyanshauryam, International 

Scientific Refereed Research Journal, 5(3), 

397-416. 



© JUN 2024 | IRE Journals | Volume 7 Issue 12 | ISSN: 2456-8880 
DOI: https://doi.org/10.64388/IREV7I12-1722631 

IRE 1722631          ICONIC RESEARCH AND ENGINEERING JOURNALS 876 

[341] Dosunmu, A. A., & Ogundele, P. O. (2023). 

Cyber threat actor analysis models for strategic 

enterprise security planning. Shodhshauryam, 

International Scientific Refereed Research 

Journal, 6(5), 513-531. 

[342] Dosunmu, A. A., & Ogundele, P. O. (2024a). 

Breach and attack simulation frameworks for 

continuous validation of enterprise security 

controls. International Journal of Scientific 

Research in Computer Science, Engineering 

and Information Technology, 10(3), 1100-

1119. 

[343] Dosunmu, A. A., & Ogundele, P. O. (2024b). 

Cyber risk quantification models for 

prioritizing enterprise security investment 

decisions. International Journal of 

Multidisciplinary Research and Growth 

Evaluation, 5(6), 1777-1785. 

https://doi.org/10.54660/.IJMRGE.2024.5.6.1

777-1785 

[344] Dosunmu, A. A., & Ogundele, P. O. (2024c). 

Enterprise scale continuous security validation 

models for regulated digital infrastructures. 

International Journal of Scientific Research in 

Humanities and Social Sciences, 1(2), 929-945. 

[345] Dosunmu, A. A., & Ogundele, P. O. (2024d). 

Threat informed defence engineering models 

for measuring security control effectiveness at 

scale. International Journal of Advanced 

Multidisciplinary Research and Studies, 4(6), 

2847-2858. 

[346] Adesuyi, M. O., Akomolafe, O., Olaogun, B. 

O., Ndukwe, V. U., & Sakyi, J. K. (2023a). 

Global interoperability model for distributed 

ledger-based cross-border payment systems. 

International Journal of Multidisciplinary 

Research and Growth Evaluation, 4(6), 1291-

1300. 

https://doi.org/10.54660/.IJMRGE.2023.4.6.1

291-1300 

[347] Adesuyi, M. O., Akomolafe, O., Olaogun, B. 

O., Ndukwe, V. U., & Sakyi, J. K. (2024). AI-

driven risk scoring model for global cross-

border trade payment transactions. 

International Journal of Advanced 

Multidisciplinary Research and Studies, 4(1), 

1569-1581. 

https://doi.org/10.62225/2583049X.2024.4.1.5

281 

[348] Akomolafe, O., Olaogun, B. O., Adesuyi, M. 

O., Ndukwe, V. U., & Sakyi, J. K. (2022). 

Smart contract automation model for supplier 

payment systems and performance 

benchmarking. International Journal of 

Multidisciplinary Research and Growth 

Evaluation, 3(6), 827-836. 

https://doi.org/10.54660/.IJMRGE.2022.3.6.8

27-836 

[349] Akomolafe, O., Olaogun, B. O., Adesuyi, M. 

O., Ndukwe, V. U., & Sakyi, J. K. (2023c). 

Predictive AI model for remittance liquidity 

optimization in international payment systems. 

International Journal of Multidisciplinary 

Research and Growth Evaluation, 4(6), 1301-

1311. 

https://doi.org/10.54660/.IJMRGE.2023.4.6.1

301-1311 

[350] Akomolafe, O., Olaogun, B. O., Adesuyi, M. 

O., Ndukwe, V. U., & Sakyi, J. K. (2024a). 

Scalable blockchain payment gateway 

architecture model for enterprise-grade 

adoption. International Journal of Advanced 

Multidisciplinary Research and Studies, 4(1), 

1552-1568. 

https://doi.org/10.62225/2583049X.2024.4.1.5

280 


